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ABSTRACT

There is an abundance of information sources ofrntieenet that consumers use to plan
and book their travel. This information refledte fact that travel comprises a significant
part of the business conducted through the wems@uers are sometimes faced with a
complex task of making purchasing decisions indyreamic and fast-paced medium of
the Internet. In spite of the importance of traaedl the intricacies of the decision
process, an integrated framework that identifiesvidrious determinants of the online
leisure travel planning decision process and hay thteract, is largely absent in travel
literature. This study aims to make a contributigrextracting from relevant literature
useful elements that could comprise such a framewibralso uses several phases of
gualitative research to refine the framework, drehta quantitative assessment of data
collected from an online questionnaire completed 4¥8 respondents to test specific
components of the framework that deal with onlna&el booking intention.

In the final model building stage, three logistgression models were compared. The
first is a parsimonious one containing key deteants that lead to online travel booking
intention. These determinants emerged from theatdtameworks of the theory of
reasoned action and innovation adoption theorye Sdtond Model used strictly
involvement, motivation, and knowledge variablest hre thought to influence online
booking intention. The third Model included a canation of relevant predictor
variables from the other two Models.

The relationship between various demographics afideotravel booking intention was
investigated yielding some interesting insightsn€&muently, this study recommends
these demographic variables be considered in sdgrgeravelers to find those more
likely to book online.

The determinants of online leisure travel bookiegision processes could be used in
conjunction with demographic variables to more aaly predict leisure travel website
usage.
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1 INTRODUCTION

The Internet and the tourism industry are the cdateithin which this research is based.
A virtual company such as a travel website operaygsroviding access to its travel
products and services through the Internet, ankl tratel websites and travel agents
function within the tourism industry. Thus, théosaquent topics address the impetus of
the research, which aims to discuss the onlineofftide aids used in leisure travel
planning decision processes. Offline aids refecHjally to the assistance provided by
travel agents.

1.1 OVERVIEW OF THE TOURISM INDUSTRY

The two main industries that comprise the actisiteferred to as tourism are the
hospitality and travel industries. These industdaee very interdependent. Hospitality
typically includes hotels and restaurants but alspinstitution that offers shelter, food
or both to people who are away from their homBsavel and tourism represent
approximately 11% of the worldwide GDP, accordiothe World Travel & Tourism
Council. The Council stated that hospitality aodrism together comprise the world’s
largest industry that will generate $9.3 trillionéconomic activity by 2011.

Werthner and Ricci (2004) provided a good synopfkthe various travel suppliers and
how they are connected to each other in a symhielationship. This outline can be
seen in Figure 1 below. It distinguishes betwédensupply and demand sides and the
respective intermediaries. The nodes indicatedlevant types of organizations in the
marketplace, and links mark the most pertinenticeiahips as well as the information
flow.

Werthner and Ricci state, “We designate supplikestotels or restaurants, mostly
SMEs, as “primary.” With respect to a functiondfelientiation, these companies are on
the same level as the big players like airlinesurfaperators can be seen as product
aggregators, and travel agents act as informatiokebs, providing the final consumer
with the relevant information and booking facilgieCRS/GDS (central reservation
systems/global distribution systems), stemming ftbenairline reservation systems
developed in the 1960s, also include products asgiackaged holidays, or other means
of transport. Whereas the intermediaries on thet sgle can be seen as the professional
connection between supply and demand (mainly basede electronic infrastructure
and functionality of CRS/GDS), the left side iserednt for the management, planning,
and branding of a destination. These nationalpregdj and local tourism organizations
are normally publicly funded, act on behalf oflppliers within a destination, and are
not engaged in the booking process. The upstreamdf Figure 1 consists of product
information, whereas the downstream flow reportsnamket behavior, mostly
represented in terms of statistical aggregates Bdbrmation flows create a tourist
information network linking all market participardaad reflecting the economic
relationships between them” (p.103).
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1.1.1 Transformation in the Industry

The entrance of corporate giants into the hospitalarket in the eighties and nineties
transformed it from a mom-and-pop industry intaradustry dominated by chains. The
hotel sector followed a similar trend where acaogdb a report in Lodging Hospitality,
the six largest hotel chains have more than 1.Bomitooms and the next 14 chains hold
around half that many rooms.

The first airlines began to appear after WWI. 978 the United States Congress
instigated a framework for deregulating the airiiméustry. As a result, many new small
airlines that operated with lower costs enterediheketplace and offered low airfares.
These new carriers made consumers price conscidrass/el products and even though
few of those air carriers survived in a deregulaedronment, they spurred established
airlines to develop schemes for retaining customeénse of those innovations that persist
today is the frequent flyer program initiated by @mcan Airlines. AA has pioneered
numerous technological and marketing innovation®tAer such innovation was the
introduction of the SABRE computer reservationgeaysfollowed by the development

of sophisticated customer databases. Today a féinesi dominate the industry including
American, and Continental in the US, JAL in AsiaitiBh Airways and Air France in
Europe. The industry implemented a variety of eskaring agreements (enabling
carriers to book each other's seats). Furthernsoheduling and marketing pacts among
top airlines allow for global competition and gifilens the flexibility they need to cope
with economic downturns.

Tranter, Stuart-Hill & Parker (2009) document f@tlthanges in the industry. As airline
traffic grew the airlines enabled travel agentbdok directly into the computer
reservations system. Since travel agents tookvasens rather than the airlines internal



reservations agents, the airlines benefited frommga in labor costs. Initially computer
programs used cryptic codes only understood bytagerd this ensured that consumers
were dependent on an agent. As the computer eg®srg systems became more
sophisticated, travel agents were able to view raot@e inventories, prices and
availability on numerous flights of various air gars at the same time. Car rental
reservations were added to the reservations systathgavel packages of air and car
rentals emerged. With further advances in techgylbotels companies (Hilton,
Marriott, Sheraton, Holiday Inn) created centralervation offices (CROSs) to take
reservations for all properties within their orgaations. Eventually, the hotel CROs
merged with the reservations systems of the aglared car rental agencies so that a
travel agent could book any of these products tjinaane computerized reservation
system or CRS. The term CRS became the GDS, gliidtabution system as
technology advanced to enable the sale of produntsservices globally.

The travel website Travelocity was spun off fromBFRE to serve the consumer market.
Such online travel websites are referred to ad{party websites and act as
intermediaries between the consumer and the héigppeovider or supplier. The
electronic infrastructure that facilitates purclsasétravel products by consumers is
referred to as the Internet Distribution SysteniDf8. The IDS is comprised of multiple
components, such as merchant model websites, bgzQroprietary sites, eg. Hilton
hotel, retail operator sites, eg. XYZBrick&Mortatavel, opaque sites, eg. Hotwire,
auction sites, eg. Priceline, referral servicesieta engine sites, eg. Kayak, Mobissimo,
special interest or niche site, eg. LasVegasTiclegtd general web portals, eg. Yahoo,
Google.

1.1.2 The Role of Travel Agents

Davidoff and Davidoff (1994) trace the early histoff the travel agency. It begins in the
1840s when Thomas Cook began the travel agencgtirydn England by organizing the
first tour. Even though the human need for trdnad existed throughout history, before
the 1840s most travel was for necessity rather pi@assure since it was an arduous and
precarious activity. Cook negotiated with theraalds to pay him a commission on
tickets he sold for a one-day excursion. He pldrecursions to seaside resorts and
spas along the Irish Sea and English Channel. tEaky destinations included Scotland
and Switzerland. In 1855 he accompanied a grolatss, which ignited an invasion of
British tourists to Europe. His early tours intwoed travel to the middle class. Long-
distance travel was previously affordable onlytte tich before railroads were built. The
reach of Cook’s tours expanded to the Holy Landladé as the British Empire grew.
His innovations include the traveler's check, amdndtrip tickets. Cook is credited with
founding the concept of organized tourism.

One way in which modern hospitality providers caach a geographically diverse
marketplace is through travel agents. Schluz (188dorted in the early nineties that
travel agents booked more than 95% of cruises, @0&#line tickets, 50% of car rentals
and 25% of hotel rooms. Travel agents would eamraissions from these tourism
suppliers. Agents have switched from the use lbfree numbers when contacting



hotels for bookings to CRSs that are now called &DBour wholesalers assemble travel
packages that are usually targeted at the leisarkeh These typically include
transportation and accommodations, but can aldodeaneals, ground transportation,
and entertainment. In developing a package, adperator contracts with airlines and
hotels for specified numbers of seats and roonegjving a quantity discount. Retail
travel agents sell these packages on a commisagia 8lso. Tour operators are
powerful members of the distribution channel esgcin certain markets such as the
Caribbean.

Travel agents could not know every resort and dastin so they rely on brochures or
catalogs provided by tour operators. Global distion systems act as a product catalog
for travel agents and other distributors of hosipyt@roducts. These reservation systems
were originally developed by the airlines to proeséles. Several mergers and alliances
have formed resulting in major systems such as AusdApollo/Galileo, SABRE, and
Worldspan. Ninety-six percent of travel agentdlorth America are connected to at

least one computer reservation system. Hotel careparental car agencies, and other
tourist product suppliers can gain listings in thesservation systems.

Research conducted by Law, Leung and Wong (20@4&pted that respondents regard
travel agencies as being better than travel webgiteerms of providing the human touch
and personal services. However, respondents eediat travel agencies are business-
oriented and so perhaps value business clients tnanenon-business travelers.

1.1.3 Disintermediation and the Internet

The modern tourism and travel industry is char@erby a phenomenon called
disintermediation, which refers to travel supplieypassing retail travel agencies to deal
directly with consumers through the Internet.

Online transactions in the travel and tourism itiduare continuously increasinghis
industry is the leading application in the B2C (haess-to-consumer) arena. According
to theTravel Industry Association of Americaw.tia.org, more than 64 million
Americans searched the Internet in 2003 for infdimmeabout destinations or to check
prices and schedules. Also, forty two million Anoans booked travel via the Internet in
that year. Similar trends of growth are evidenEurope according to the Danish Center
for Regional and Tourism Researehw.crt.dk).

An example of tourism products available to conssnoaline can be seen on the website
ICruise.com which is a searchable database thawsih consumer to customize the
perfect cruise. It can be seen in Appendix A. Aryeto-use search engine allows one to
search through available cruises based on destmdime of year and budget. There are
as many as 85 different parameters for searchmgvthrld’s most expansive database of
cruises. Detailed descriptions, statistics, deekgl cabin diagrams, and photos of 98%
of the world's cruise liners are available onlivgithin a few minutes a consumer can
search the equivalent information of over 120 buwehk from more than 25 different



cruise lines. Consumers can access all of thenrdbon available to travel agents with a
few clicks of a mouse.

1.2 PURPOSE OF THIS RESEARCH

The focus of this research is the assessment afeteegminants of decision processes
consumers undertake when planning and booking lgisure travel online. However, it
is recognized that consumers can use online anefélids in the travel planning process.
An online decision aid (ODA) is sometimes nestethinia travel website so that a
consumer is unaware they are using a sophistitcattd Consumers also consult a travel
agent, that is, an offline aid to assist themavet planning.

This research aspires to provide some insightsomnddvancements in online travel
planning tools compare with the services offeredraglitional travel agents and which
segments of the leisure travel market would baetidd to use online tools as opposed to
offline aids. The study will provide tourism mat&es with some understanding of
leisure travelers and their motivations and behrawidhe travel planning process,
thereby helping marketers design suitable travdlsites, online tools, travel agency
services and marketing strategies. The knowled§eitdeith online tools used in travel
includes a comprehensive framework that explaiagitterminants of online leisure
travel booking intention. Also a model that exptaunderlying motivations for using
online aids, how these differ among travel markefnsents, the interplay of beliefs,
attitudes, prior experience with travel agentsapdsites, social support, knowledge and
involvement and how these determinants contributentine booking.

Insights from focus groups, personal interviewsecstudies, and a survey instrument
that follow, provide a fuller picture of consumassthey plan and purchase leisure travel
products in the new medium and, in some cases,thatlassistance of travel agents. A
Conceptual Framework is formulated using currdatdiure and qualitative research
conducted. Due to time limitations, it is beyohd scope of this study to evaluate all
aspects of the Framework. Consequently, key hygsethfrom the Conceptual
Framework are tested through data collected wghraey instrument. These hypotheses
and components point to online travel booking ititen which is the primary interest of
the sponsor of the research, a travel website néisbverThelslands.com.

Quantitative data analysis helps confirm aspectee®fConceptual Framework and
refines the understanding of the ultimate deterntsaf online leisure travel booking
intention.

This research project began in 2003 and the imgtiglstion was whether intelligent
agents used in travel planning compare with a tragent that is highly knowledgeable
about both the product alternatives available &ecconsumer’s tastes. Since 2003,
technologies have advanced, and the Internet laagnga numerous new travel business
models including travel search engines, onlinedragencies, and travel websites with
varying levels of sophistication and intelligentrastructure. What was once an
advanced intelligent online tool existing initialty artificial intelligent laboratories such
as SmartClient (Pu and Faltings, 2000), Heracleskife, et al., 2002), Hamlet (Etzioni,



Knoblock, Tuchinda &Yates, 2003), Theseus (Bariif,asquo, Knoblock & Minton,
2000), INTRIGUE (Ardissono, 2003), and other OD&spow becoming more
commonly used by consumers. Intelligent toolslmafound embedded in travel
websites such as Farecast’s airfare predictiveyaosikool, which is now incorporated
into Expedia’s website infrastructure. Consumergehbecome more comfortable with
Internet technologies, and these technologies hdvanced so that they offer travelers
more options and assistance in a user-friendlyjtiae and interactive way.

2 LITERATURE REVIEW

In order to guide the reader through this literataiiseries of box and arrow diagrams are
used. The first one appears at the beginningeofiterature and others emerge after
each major section. Figure 2 gives an overaBpeative of the sections to be discussed.

Consumer Profile, (Section 2.4)

Motivation

Environmental Influences (3.3) |

Attitude & Belief

Product Knowledge

Involvement — -
Decision-making Process (2.4.2) |

Tacit Knowledge

Culture
ODA Characteristics, (2.2)
Online Search,
Online Purchase
Medium Characteristics, (2.1, 3.3) | Product/Service Characteristics, (2.1, 2.3, 3.3) |

Internet Product Category
Usefulness & Ease of Services
Use

Travel & Tourism
Self-service

Figure 2. Overview of Literature Discussed



2.1 CONTEXTUALIZING ISSUES

The convergence of communication technologies bas Btudied for more than 30 years
(Ostry, 1994). Such technologies have experieneedrkable change in the past decade
with the onset of the Internet. Since the fieldrafrketing uses communication
processes, the Internet inexorably influence&iazer (1991) presented a framework
showing how the changing information environmefé@t marketing including the
breakdown in distinction between the firm and consy which requires two-way
transaction-based information systems.

John Chambers, Chairman and CEO of Cisco, argudrtternet commerce represents
the beginning of a second Industrial Revolutione Titernet is a catalyst for a paradigm
shift. It is a radically different technology thaill have a radical effect on the economy,
social structure and culture (Strangelove, 19%hen a new form of communication
emerges, it creates a new cultural paradigm. YEr®84) discussed how communication
technology and culture converge to create the fin&dion revolution.”

2.1.1 Hypermedia Computer-Mediated Environment

In computer-mediated environments (CMES) transast@an occur more quickly and
across greater distances than in traditional retailronments. Digital goods can be
discovered, tested, evaluated, purchased, andedetivn just a few minutes (West et
al.,1999). A CME can change rapidly and inexpeglgiin contrast to physical stores.
Normal retail environments cannot arrange theih&sefor each customer in the way
that a CME allows in electronic markets (West etl8P9). A marketer operating in a
CME can monitor not only what a consumer purchaséslso the information that is
examined by the consumer, which prompted the psef@est et al.,1999).

In addition, there are various techniques thatadte! used to engage consumers in
CMEs. One such technique is to facilitate rolastgko enhance the consumer’s online
shopping experience. When consumers enjoy the®elkperience they will become
more involved with the experience and will develayporable attitudes toward the online
company. The role-taking serves as a vicarious foirproduct trial (Edwards, 2003).

The Web makes possible new business methods aodgses that were not practical or
even feasible before. A relevant one to this re$esrways of sorting products and
services interactively by price or size, whichdarpass the display limitations of
physical storefronts. Another example is comparsieopping agents that mediate the
interactions between consumers and suppliers ierdodyield markets that are more
efficient. Such agents are the catalysts for cornenen the Web today (Yuan, 2003). A
retailer can engage software technology to autaaftisearch its competitor’s online
store to document the prices charged for varioadymts (Trifts & Haubl, 2003). Bakos
found that when the cost of searching is reducadsumers should be empowered and
able to search for better products at lower priBedkos, 1997).



Hoffman and Novak (1996) examined marketing in mypedia computer-mediated
environments (CMEs) and found these new environsnenuld require the development
and application of new marketing concepts and nsoddihey report, “hypermedia
CMEs possess unique characteristics including madhteractivity, telepresence,
hypermedia, and network navigation, which differaetthem from traditional media.”
The behavior of consumers in hypermedia suggests th a new paradigm for electronic
commerce Firms communicate with their customers throughagsimedia. By

tradition, these media follow a passive one-to-mamymunication model, where a firm
through its marketing efforts permits only limitems of feedback from the customer
and potential customers. This traditional view d¥ertising and communication media is
being changed considerably through the revolutypnaw CME environment. The
Internet, which hosts this CME environment, haspbiential to fundamentally change
the way firms do business with their customers.

2.1.2 Electronic Commerce

Electronic commerce essentially means shoppingnempart of the Internet called the
World Wide Web. Li (2007) writes, “E-Commerce mnemonly defined as electronic
transactions conducted by business partners, vadaictbe both organizations and
individuals” (p.9). This makes it a subset of E4dbass. Li also reports some statistics
that correspond to the rapid growth rate of E-Coneme Starting from virtually zero in
1995, Internet users grew to 300 million by Mar€@0@, and to over a billion before the
end of 2007. E-Commerce has opened new opporasridr buyers and sellers alike.

Consumers can do things in an on-line environmeattdare simply not possible in face-
to-face transactions. For instance, a major distion channel function of product
customization is made possible through E-Commeheehis distribution channel a
consumer can act as his or her own travel agenbaitdla personalized travel package.
Mass customization and flexible configuration haslded the development of
personalized tourism productustomization describes the process of individuadiz
products or services based on IT-enabled massnirsttion. Configuration refers to the
bundling of different product or service componebotgtegrated offerings. Companies
combine their core products with layers of addiiloservice{Werthner & Ricci, 2004).

The dynamic nature of electronic shopping interfaeeables online retailers to provide
uncensored competitor price information. Such camrave information about their
competitors can be made available in an interactivect, and highly personalized
manner. These cross-vendor comparisons can bevdtinthe aid of a third party
intermediary such as a shopbot (shopping robolle Shopbot searches the marketplace
to find products for a consumer that best suitrthmferences. Shopbots for vendor
comparisons of books and prescription drugs caseba at
http://www.allbookstores.copandhttp://corp.destinationrx.com/

Technology is being employed to manage informatiorthe Web in other ways as well.
Information extraction agents via wrappers arenqgpgiew concerns about who owns
information. A wrapper is a program that underdtatie structure of a particular
website and uses that knowledge to accept querignat site and produce answers to
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those queries in a structured format such as XMabilM agents or third-party predatory
search agents of "aggregators” such as bidders&agécurrently out of business)
created some concern for Ebay when these intetl@gents would enter Ebay’s auction
site, search for items that biddersEdge issuere Weking for and then notify the issuer
about pricing and deadlines. Ebay attempted toguiethird-party sites from collecting
and sharing information found on Ebay by claiming intelligent agents were slowing
down their website as well as potentially reporiimgccurate information (Wagner &
Turban, 2002).

In addition, the new marketing landscape has spdwiteractive word-of-mouth
networks, online ratings of products and serviaes, online intelligent tools that assist
consumers such as Stylehive.com, Crowdstorm.corne \8bm, Smarter.com,
Frucall.com.

All of these characteristics and features of E-Camu@ can have a profound impact on
any business. Given that the Web is becoming prediisable to consumers and
businesses alike, marketers who understand anéggthe unique attributes of
commerce in the new media will establish a comipetddvantage that could help them
succeed in the increasingly crowded marketplacenEhough the essential elements of
commerce have remained the same, such as the aosga@fcy or bartering, the
exchange and communication process, and transat#otivities, the business landscape
has changed dramatically.

2.1.3 Travel and Tourism Industry

In the travel industry there is a trend towardHartspecialization and an unending
deconstruction of the value chain. Tourists playae active role in searching for and
selecting their travel services. Tour operatows tiie boundaries between the individual
and packaged tour through mass-customization amfé configurations. Because
travel agents are experiencing reduced power isdles channel, they are placing more
emphasis on consulting and selling more compleryxts. Internet travel sites are
providing new market functionality and technolofpcusing on personalized intelligent
tools for travelers (Werthner & Ricci, 2004).

An annual survey and opinions on travel trendsipted more direct passenger bookings
through the Internet, more electronic ticketing afettronic transactions, a different role
for the travel agents, as a consultant of a mdognmed customer, and alliances among
airlines and hotel chains for better negotiatidtier{derson, 1997).

The Internet is beginning to change the way holiaag business travel is booked and
paid for. The biggest beneficiaries so far appedre hoteliers, who get free promotion
of their properties on travel websites. The bigdestrs are travel agents, who are being
squeezed out of booking commissions. Ticketlesgetrhas already cut into the business
of travel agents (“The Internet as Travel Agen894).



Guillebaud and Bond (1997) discovered that airliaeslooking to four panaceas to
ensure their survival in a competitive environmenhey are removing intermediaries,
managing the customer, advancing the product asating the “virtual” airline.
“Removing intermediaries” refers to travel agemtd ancludes direct and electronic
distribution, restructuring and consolidation @el agency commissions and electronic
ticketing.

2.1.4 Tourism and the New Medium

In the Internet medium, database marketing hasgadeas a tremendously valuable
marketing tool (Nash, 1993). Leading companiethefmarketing information
revolution will be those that use technology to mé#ike firm a truly customer-driven
organization (Blattberg, Glazer & Little, 1994).rticial intelligence (Al) and case-
based reasoning are systems that can be incorgdoagssist in this process.
INTRIGUE (INteractive TouRist Information GUIdE) & example of the use of Al in
the travel sector developed by Ardissono (200B)TRIGUE is a tourist-information
system providing personalized information aboutisiattractions in a restricted
geographical area. The system integrates a nunilddrtechniques to find
recommendations of items tailored to individuald aser groups, along with
explanations of the recommendations, and suppoegdeanced problem-solving
technigues such as tour scheduling. INTRIGUE dynalhy generates a multilingual
tourist catalog and recommends sightseeing destiisaaind itineraries by taking into
account the preferences of heterogeneous toudapgr The system also offers an
interactive agenda that helps the user to schedtdar complying with their visiting
preferences and with other constraints, such asghleing times of attractions.

Extensible markup language (XML) is becoming tlandard for self-describing data
exchange in the Internet applications. By makiregg\Web accessible to agents such as
online decision aids, and other automated procex3ék will fundamentally transform
the nature of e-commerce (Glushko, Tenenbaum, kl1099).

Hence, reaping rewards on the Internet can be gaesirad in part through the creative
transformation of data into products and servibas @re valuable to consumers, and
finding ways to exchange data with strategic pastne

Tourism marketing in CMEs means adapting to thgqumicharacteristics of this medium
such as machine interactivity. Despite the unjopaperties of a computer-mediated
environment, it cannot offer the opportunity foraditly experiencing a product. This,
however, does not put tourism products purchasedigh a CME at a disadvantage due
to the peculiar nature of the tourism product. Theism product itself is a rather
complex bundle of basic products. Tour operatoesaggregators of these basic
products, and travel agents act as informationdmgkproviding the final consumer with
the relevant information and booking facilitiess8) CRS/GDS include products such as
packaged holidays, or other means of transport.
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Furthermore, tourism is an information-based bissrand when a consumer makes a
decision to purchase a travel package they haweamnébstract idea of the product they
are purchasing. This idea is based on the infoomat consumer has acquired through
multiple channels, such as television, brochuresdvef-mouth, a travel agent or the
Web. Due to the complexity and intangibility oéttravel product, tourism
recommendations pose peculiar requirements. Recaduatiens must refer to a variety
of products, such as locations, attractions, accodations, and flights, in order to
provide a meaningful picture of the proposed trgWrthner & Ricci, 2004).
Information flows among intermediaries, supplierd aonsumers to create a tourist
information network. The Web is forging new wagssatisfy consumer needs, as it
allows for an “informatization” of the entire toam value chain resulting in numerous
value-generating strategi€Sweet, 2001).

2.1.5 Business and Leisure Travel

The terms tourism and travel are often used intarghably. The more important point
to differentiate is between business and leisareetr Through the 1950s, airline
marketing was product-centered. Little was doneetognize the fact that different
people travel for different reasons until the 196By then airline marketers began
looking at the reasons why people traveled. Asnted by Davidoff and Davidoff
(1994), the airlines realized that business trasdiad certain needs such as flexibility,
speed, and last-minute planning capability, wheveastioners had other needs. These
needs are low cost but reliability, and more timesgdvance planning. Business and
leisure travelers are really purchasing differandpcts (Davidoff and Davidoff, 1994).
The motivations for business travel are differamd aven though the decision processes
are similar there are some key differences as viglsiness and leisure travelers, and
those who visited friends purchased more onlina thase who traveled to visit relatives
(Law, Leung & Wong, 2004). Business travelersamecentrated in an age group
between 25 and 44 years old whereas the age afdeis vacation travelers is spread out
more evenly (Davidoff and Davidoff, 1994). Busiadésavelers have significantly more
income (Law et al., 2004).

2.1.6 Internet Travel

The Internet is well accepted as a medium for edb@at commerce and has emerged as a
distribution channel used by almost all on-linevgar providers. Customers can now be
reached at home, at work, and play, when shoppmig, a travel agency with kiosk type
products. The airlines have found a new methodaking their product directly
available to customers through the use of new mébion and communication
technology. Progressive airlines have developenl dwn systems either as a front end
to the GDS or as independent channels to reachahgiomers. Airlines are shifting
their focus toward the direct channel, using tbh&in proprietary technology to extend an
offering that is tailored to their target customefsavel agents who hope to survive in
the industry will link themselves closer to selecégérlines, using their proprietary
systems, and they would pursue strategies suchrtisal integration with tour operators.
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An example of such a vertical integration is evickhin the research conducted by
Hudson et al. (2001). In the UK study, mysterymgyers were used to understand the
influence of travel agency recommendations. Rebeas established from the reports of
mystery shoppers that travel agents have a cordideamount of influence on consumer
decision-making by virtue of their vertical integjoam with large tour operators. Agents
attempted to push the holidays of their parent comgpather than give impartial advice
to consumers. Agents tried to switch-sell consignegen when the consumer had a
particular holiday or destination in mind suggegtafternatives including one offered by
their parent company. When the customer had adiudgnind, the agent recommended
packages of the parent company that fit that budiged, when the consumer desired a
last minute holiday, the agent recommended lastitaiproducts of the parent company.

Alliances in the industry started to form in theeties. In 1996, for example, American
Airlines introduced Travelocity, an Internet andin@ service with a simplified version
of EasySABRE (“American Flying Higher,” 1996). ESABRE, SABRE's first online
booking service and Travelocity, an online traggracy, totaled $95 million in Internet
sales.

Internet travel is clearly evolving. It is becomimore mature as evidenced by the
growing number of online travel agencies, metammgites, merchant model sites,
proprietary sites, etc. Moreover, these onlindriasses have introduced more features
and functionality, and airlines and hotel websktase improved their capabilities as well.
Travelocity and Expedia were founded in 1996, Ririeedebuted in 1998, and Orbitz
launched in 2001. Now comparison-shopping webgitesavel have emerged such as
Kayak, Mobissimo and Sidestep that help consunasityeshop for travel products as
search engines specialized in travel products.eRgg Kayak and Sidestep have merged
to give consumers a larger portfolio of productd aervices and faster search ability.

2.1.7 Travel Agents

Law, Leung and Wong (2004) reported that short-trawvkelers believed online travel
agencies are more flexible and can offer more @soilan travel agents. Information
acquisition and transactions were the fundamentgdgses for using the online channel.
Short-haul travelers also showed more positive siesward the Internet’s ability to
allow customers to conveniently search and purglesseell as the ability of travel
agents to reduce the insecurity of travel. Howgehagrg haul travelers in Hong Kong
were more willing to purchase online from travelbsites than short-haul travelers.
Law, Leung and Wong declared that it is uncleartivietravelers judge travel agencies
to be less valuable due to the presence of tragbbites.

2.2 ONLINE DECISION AIDS AND RECOMMENDATION AGENTS

The Internet evolution is based on all sorts of & open technologies, like the Java

programming language, semantic tagging, distribotgdcts, and the extensible markup
language. According to Ma (1999), just as a sysleeets work through numbers, and a
word processor works through the medium of wordenés work through the medium of
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actions. Furthermore, he writes, “agents are at@woitware entities operating through
autonomous actions on behalf of the user, maclindshumans, without constant human
intervention” (p.79). This definition accommodagdissorts of agent types, including
intelligent, mobile, multiagent systems, and piogl

2.2.1 Human and Electronic Aids

The way a consumer uses an electronic decisiois aimetimes dissimilar to the way
they would use human decision aids. Consumersiaigahuman and electronic aids
differently. Consumers appreciate the effort eecbttiy human aids. However, the way
in which they conceptualize effort from an onlirecsion aid is that even though they
are effort savers to the consumer they are notdedaas effortful tools. Yet, consumers
recognize that if it were not for online decisiodsathey would have to do the work
themselves. Furthermore, the availability of ODeRsbles consumers to use more
information in their decision-making while avoidibging overwhelmed with
information and information processing (Bechwati afia, 2003). Enriched online
experiences are created through information thikestthe right combination of
engagement and effort (Novak, Hoffman and Yung,0200

In a study conducted by Jarvelainen and Puhaka{@604) they explained the
motivations of consumers who seek information anhnd make an offline transaction
with a familiar and reliable company operating botiiine and offline services. They
used a Web survey from 2,500 customers of a passengise company to test
hypotheses. The results suggested that lack sffitrtuhe customers' own online skills
leads to preference of offline channels.

A variety of studies on recommendation agents pendiecision aids, and collaborative
filtering show that such tools could assist consisnme making decisions. Electronic
decision aids are defined by Haubl and Trifts (90@software tools that: a) attempt to
understand a decision maker’s preference functiod,b) make recommendations based
on understanding of that preference structurés dvident that when people’s current
state of knowledge is inadequate they engage amnrdtion searching activity. As a
result, they are not able to identify salient chteastics of information objects. It might
be appropriate then for some part of the infornmasigstem to recommend to information
seekers certain courses of action (Belkin, 2000).

Another insightful comparison is that of interaetidecision aids and passive decision
aids. Researchers found that contrary to expeasta passive aid performed as well as
an interactive one (Olson & Widing, 2002).

Some interesting research has been done companmgrhand electronic aids. This
includes evaluating the motivations of consumend, feow online tools could assist
consumers to make decisions. Any comparisons lofeoand offline aids employed in
the leisure travel sector will add to this research
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2.2.2 Decision-Making Behavior

In terms of a consumer decision-making model, ligixht online agents or tools can
assist consumers in different stages of the decmiocess. Agent technology can be
useful in assisting the consumer in the need-ifleation stage (Guttman, 1999).
Intelligent agents can help consumers search fornmation and evaluate alternatives.
Decision support systems (DSS) such as online idecds help human decision makers
who may be good at selecting relevant variablésendecision process but poor at
integrating and retaining large amounts of sucbrmftion. These tools have the
potential to transform the way in which consumearsh for product information and
make purchase decisions (Haubl & Trifts, 2000).

Bergmann and Cunningham (2002) developed a modet#n help explain how humans
communicate in an online environment and how ortliads can affect the search
process. The model in Figure 3 builds on the Sgiom Model, takes a closer look at the
communication process and incorporates elemers. of
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Figure 3. Model of Communication and Relation to the Virtual Sales Agent,
Bergmann and Cunningham

Artificial Intelligence is used so that the acqtiei of customer’s demands adapts to the
customer rather than making the customer adapietelectronic sales system. After the
virtual agent acquires the requirements of thearnst, it makes them available as input
for the product retrieval stage. The agent searébr products that fulfill the customer’s
requirements. The matching products would be ptegeto a customer or they could
undergo a customization phase, which is the mkaslyliscenario with a complex
configurable product such as travel. The mode al®ws how processing of
information is distributed between the client ardver side.
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Requirements are acquired by asking the customasesrquestions and presenting the
user with an interface that allows them to makdad® Alternatively, the virtual agent
can propose a product and then allow the user k& mdjustments to it. The product
search and retrieval function can influence thermoimcation process with the
consumer. The agent can match a user’s requiresmettt products or it can use a
collaborative approach where a user is matchedowusts based on past behavior. The
aim of product presentation is to show the useréh@&ved product to the user, which
entails transferring product information from tteever side or external source to the
client. If different alternatives are availabliee tcustomer may be given an opportunity to
browse through them, and compare them. The custorag also be provided with
explanations of why the virtual agent selected th@ine cycle between the two
components of product presentation and requirenaaugsisition may be undertaken
several times until a suitable product has beendourhe processing of information
within the two components can be dispersed betwedient and server side. A thin
client approach means that most of the computatooars on the server side whereas a
fat client approach moves most of the computatiortbe client side. Fat client
processing means the user must implement some-atane software or they can run it
as an Applet in a Web browser. The thin clientrapph is characteristic of a low
interaction speed in contrast to the fat client ehateraction speed is faster and the
server load is reduced significantly.

The model is useful in understanding the commumngirocess with a virtual agent.
However, the model does not take into accountfah@decision processes that occurs
regarding travel product selection and the varmmponents of such a process. This is
the deficit in knowledge that further research fithn

There are some key issues regarding the informaganch stage of the decision process
where agents play an important part. Ariely (208mined how consumer control over
the flow of information online affects decision djtia In the case of traditional mass
media such as television, a consumer can contedetrel of information flow by
changing the channel. Other than this limiteddoee, consumers have no control over
the information that is presented, in what ordés firesented, or for how long the
information will be presented. However, with prads, consumers have much more
freedom. With electronic communication, consunterge very high levels of

information control. Another contrast is that walectronic communication channels the
level of control is variable and can be chosenhgyrharketer or information provider but
in traditional communication media there is a fixedel of information control. The
implication of the interactive communication whielectronic media facilitates is that
interactive communications gives consumers comvel the content, order, and duration
of product-relevant information which causes themdlue the information more highly.

Software agents are helping consumers contendinfdhmation overload. Certain
characteristics of customers and various typesafycts are affected more by
recommendation agents when it comes to consumeaiBiaion and choice
(Swaminathan, 2003). Swaminathan studied howantee decision aids influence
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consumer decision-making across different typesoasumers and product categories.
The theoretical basis for this is prior researchndormation overload (Jacoby, 1977).
Consumers gather information as a risk-reducticatesyy. However, managing
information can be a difficult task. Recommendatgents have a greater impact on
decision quality with categories of products thatsumers perceive to involve a greater
amount of risk such as high priced items. Onlirahants who risk overloading
consumers with information should consider incogtiog interactive decision aids into
their websites. Furthermore, in complex categafgzoducts, recommendation agents
should be designed so that they narrow down thefsatributes the consumer needs to
consider based on some pre-defined approach.

Finally, agents can support consumers in the psiobalecision stage of the buying
process. Software agents have been describedsspbzed, continuously running and
semi-autonomous software (Maes, 1994). These cieaistics make them well-suited
for mediating consumer behaviors involving informatfiltering and retrieval, personal
evaluations, and time-based interactions (Maestn@ut, and Moukas, 1999). These
roles correspond to the buying behavior of the EB¢gckwell consumer decision-
making model and the Bettman information-processnoglel. Software agents can
assist consumers by performing tasks such as merbhakering, product brokering, and
negotiation in the buying process. Specificalbemats like MySimon
(http://www.mysimon.comand Kayak.com lower consumers’ search costs tagtiing
consumers through a large product space and fagosithe products that best meet
their needs. Decision aids can operate withinrdime store such as at Amazon.com, but
also across merchants (esgvw.shopper.com Another tool named Tete-a-Tete helps
with merchant brokering, comparing merchants ratiw@n products, and negotiation,
dealing with price or other terms of the transactio

Travel and Tourism certainly can be described aspdex categories of products.
Consumers value any method that can be used tootananage, and process the
information requirements of travel planning. Ferthesearch will extend the knowledge
of how consumers employ online tools, and how thesks compare with human aids.

2.2.3 Preference Construction

Haubl and Trifts (2000) have investigated the aflelectronic recommendation agents
on preference construction. Later studies by Hadhtray and Trifts found that a
recommendation agent may influence the consumesfeence (Haubl, Murray, &

Trifts, 2003). Consumers allow an RA to influeticem in the same way they would
rely on a salesperson in a retail store. HoweRAs do this in different ways by
controlling the choice environment, for instan&®hereas a salesperson can change his
or her recommendation for different customers,laatenic agent can change the entire
online shopping environment for each customer.

Agents can help consumers address their persosf@rences and evaluate alternative

products that meet their needs. Haubl and Mu2893) showed that in this process
agents provide opportunities to impact consumeesepences and, also their purchase
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decisions. For a recommendation agent to be afee¢he user must trust in the
recommendations it produces and the process byhwhase recommendations were
generated. By trusting the agent, consumers dhevagent to influence their preference.
Haubl, Murray, and Trifts (2003), defined recommatinoh agents (RA) as the shopbots
that gather information on a consumer’s persongfiepences in a specific product
category and then make product recommendationsl lmasthis information.

The selective incorporation of product attributgsalrecommendation agent is an
essential facet of an electronic shopping envirartraad it likely plays an important role
in consumers' construction of preference in a digitarketplace. The inclusion of an
attribute makes this attribute more important im tonsumers’ purchase decision-making
process.

Personalized and integrative shopping agents e@n tee interactive power of the Web
for a more accurate understanding of consumergmeces (Yuan, 2003). Yuan
developed and studied a comparison-shopping etigitieonsists of a product/merchant
information collector, a user profile manager, astoner behavior extractor, and an on-
line learning personalized ranking module.

The prior research of Haubl, Murray, and Trifts@3Pprovides a good base for
expanding knowledge of how consumers allow an ertiool such as an RA to influence
them. New research can contribute by showing ho®A can help in travel planning
and whether it will act in the same way as a traggnt in a retail store.

2.2.4 Information Filtering and Collaborative Eiling

Intelligent agents have offered tremendous potemtisupporting well-defined tasks
such as information filtering (IF) and collaboratifiitering (CF). Information filtering is
a process used to derive recommendations for ecplartuser from knowledge of that
user’s past behavior (Schafer, 1999). Collaboediitering or social recommendation
derives recommendations using the behavior an@iEetes of others, especially those
who have displayed similar tastes and interesgsgaaticular user. Goldberg, Nichols,
Oki and Terry founded the research direction teroalhborative filtering (Goldberg,
Nichols, Oki and Terry, 1992).

Intelligent agents perform in similar ways to aesglerson that is highly knowledgeable
about both the product alternatives available &edconsumer’s tastes. The best way for
intelligent agents to base their recommendations ia combination of the approaches of
collaborative filtering and individual agents. Ragschers Ariely, Lynch, and Aparicio
compared these two approaches to find that indatidgents learn more slowly but
perform better in the long run. This occurs beeagents improve the quality of their
recommendations as they learn about consumersalioodtive filtering agents perform
better initially when the agent has little or néormation about the consumer (Ariely,
Lynch, and Aparicio, 2004). Viappiani, Pu and irag$ (2002) also advocated mixing
technigues as a possible way to overcome shortgsahan individual system. For
instance, a recommender could produce knowledgedb@sommendations for a new
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user and change to a collaborative method wheffiaisntly large dataset is available.
In the case of Ariely’s approach, the potentialdaragent to improve the
recommendations it gives is related to the amotitibiee a consumer is willing to spend
providing feedback to the agent and training thenag

Collaborative filtering mimics word-of-mouth recorendations; it predicts a person’s
preferences as a linear weighted composite of qbeple’s preferences. Net
Perceptions and Likeminds are examples of this agktiAnother type of
recommendation system is known as content filtenvigch makes recommendations
based on consumer preferences for product atteblRersonalogic, now owned by

AOL, and Frictionless Commerce, now acquired by S4ded this method of self-
replicated importance ratings and/or attributeddfs to generate their recommendations
(Ansari, Essegaier, and Kohli, 2000).

2.2.5 Trust

An interesting study relating price competition dangt was conducted by Lynch and
Ariely (2000). They extended the ideas suggesyediba et al. (1997) and Bakos
(1997) by examining the long and short-run consege of reduced search costs. Alba
et al. showed how electronic retailing has the mpizdéto increase price competition.
However, Lynch and Ariely argued that improving #ese with which consumers can
compare prices across stores does not necessaeihsify price competition. Competing
stores may sell exclusive (nonoverlapping) merctsgndor instance. Their empirical
results supported this conjecture.

Agents can be used for outcome-based measuressaatvancing decision quality as
well as process measures such as increasing sttisfand developing trust (West et al.,
1999). Trifts and Haubl (2003) determined thabahne retailer could build trust with
consumers by providing access to uncensored caimpptice information. In addition,
shoppers may develop a preference for the onlore groviding cross-vendor
comparisons. Such preference enhancement relireearbjective market position of the
online retailer. Consumers may also infer thatahkne retailer is price competitive.

Also on the issue of trust, previous research byelainen and Puhakainen (2004)
proposed that one of the most important reasonsdbusing an online channel for
purchasing is the lack of trust: that is, consunf@es unfamiliar vendors as well as
insecurity of transactions and personal informatiblowever, secure online purchasing
is already available and customers are learnirayoad risks of the Internet.

2.2.6 Personalization and Customer Loyalty

According to Haubl and Trifts, intelligent agentaypan important role in the
personalization of a customer’s interface withdh&ne merchant. A personalized
shopping environment can potentially increase ecnstdoyalty as it reduces the effort
and time required for the buyer to make a purch@seonline merchant can increase the
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switching cost for the customer through a persaedlenvironment (Haubl & Trifts,
2000).

Personalized customer interfaces are unique usafanes for each shopper structured
around what a website knows, or is able to dedatoeyt an individual customer.
Researchers showed how various forms of persotializaffect buyer behavior. The
presence of personalized product recommendatidPRgPshapes a consumer’s decision
whether or not to continue a search and their 8eteof a most desired product. When
the decline in product utility in the list of recomendations was steeper, shoppers
searched less. PPRs also increased the extehit¢b eonsumers relied on heuristics.
This is likely due to the difficulty in choosing tweeen equally attractive
recommendations provided by the PPR. Controllgeements suggest the method by
which PPRs are produced may sway consumers’ pratioates and long-term
preferences. A specific product feature that ¢duided in the process of generating PPRs
caused that feature to become important in thewsnass purchase decisions (Haubl,
Dellaert, Murray, and Trifts, 2004).

It is quite possible that some basis for segmergorgsumers could be derived from the
attitudes consumers form around the recommendapiavided by an RA. Blom’s
(2003) work described a qualitative study that adsed the factors affecting an
individual's likelihood of using personalized reaoendations. From his study, a theory
of personalization emerged which identified a nunmdddactors that impact an
individual's decision to use the recommendatio@e of the factors is the attitude an
individual has towards the recommendations. Tbigdbe a serious approach or a
playful one. The 'serious' users would have dilsednformation provided in the
recommendation system in their decision-makindieyTwould trust the system if the
predictions turned out to be accurate. 'Plays#rs associated the recommendation
system with an entertainment device. They woathar use the service to test the
system's ability to predict the preferences ofuber. Another category of user includes
those who need to feel in control over the inteoactvith the recommendation system.
A recommendation system should be designed sat thatrows down the possibilities
instead of 'telling' the user what they should &®o0

Questions remain whether intelligent agents usedirel planning can compare with a
travel agent that is highly knowledgeable abouhlibée product alternatives available
and the consumer’s tastes. Another key consiaderadiif consumers can place their
trust in online retailers and whether these rataidan gain the loyalty of customers.

2.2.7 Travel Decisions

With regards to the travel sector, there are a mumabODAs that have been developed
to assist consumers with travel decisions. Amigital. (2002) developed such a system
called Heracles, a hierarchical constraint plaihat aids in interactive itinerary
development by showing how a particular choicec$fether choices. Heracles relies
on Theseus, an information agent platform. Thefaiktates the creation of
information gathering and monitoring agents (BarBiPasquo, Knoblock & Minton,
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2000). The system is a great aid to travelers ndv@ numerous decisions to make while
planning a trip. The monitoring agents help preuwndtification of changes and
cancellations but do not currently communicate [@is to the travel planner such as a
flight cancellation. Ambite et al. plan to incorpte this feature in the next generation of
travel planner.

Travel decisions can be optimized through softveayents that can make predictions
about things such as flight delays. Knoblock (20feloped a predictor that correlates
the historical flight data from online sources sasithe Office of Airline Information in
the US, with historical weather information prowidey the US National Weather
Service. This process requires that informatiamaexed from one website be combined
with other information in order to perform the régd task (Knoblock, 2003). The
system will also check the weather forecast forddwe of the flight at the source and
destination airports. The predictor will providéraveler with the probability of a delay
and the length of that delay.

Another system has been developed to predict whattime ticket prices would decline
or rise. The system, called Hamlet, makes recordaté&ns by learning a predictive
model of airline ticket pricing (Etzioni, KnoblocKuchinda &Yates, 2003). Knoblock et
al. (2008) report hownia simulation using real-world flight data, Hamleas able to
achieve a savings of 61.8% of the optimal possihiengs. This technology was
licensed to a company called Farecastny.farecast.com Farecast now collects data
on routes throughout the United States, and treveln go to this site to see predictions
of when to buy an airline ticket. Expedia has neélyepurchased Farecast and
incorporated its predictive ability into the useteirface for consumers.

Haubl and Dellaert (2004) used controlled experitsém analyze how tourists may
benefit from electronic agents as they choose lmiwmavel alternatives. As a travel
agent would do, tourists were asked about thefepgaces of travel features and the
recommendation agent then used these preferencatetthe attractiveness of travel
options for the individual. The availability andrdiguration of this electronic agent
improved the quality and efficiency of the touhibice process. Tourists engaged in
fewer searches and found options that were closteir stated preference. They spent
more time evaluating alternatives, perhaps becthgsalternatives presented were
equally attractive. It seems from this and othedi&s that consumers expend less effort
to make better decisions (Haubl & Trifts, 2000).

Pu and Faltings (2000) developed SmartClient, guenconstraint programming
technology that uses a thin but intelligent clienprovide personalized travel
information access for its user. It offers excepdil filtering and visualization support
with a wider range of personalization options teaisting tools (Pu & Faltings, 2001).
SmartClient also supports integration of differeibrmation sources in the same
framework, and eliminates the need to personaliaeynsites individually with different
parameters.
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Torrens, Faltings and Pu believed that the nexéggion of intelligent travel

information system should help the user plan ameetrtp according to the user’'s
constraints and preferences. It should have akplicblem-solving capabilities. In this
sense their software goes beyond the typical tasg&sarching and filtering information.
Their system, SmartClient, applies constraint &atigon techniques in different ways
(Torrens, Faltings, Pu, 2001). A travel portallsas Expedia or Travelocity offers
products of an assortment of different companieskamdled products such as packages
that consist of air, hotel and other componentsh$iortals have to allow travelers to
modify trips and interact with the travel site wigbile computing devices. These
features are difficult to implement with an archttee that relies on a central server, but
become easier in the distributed architecture c&diBatient (Pu & Faltings, 2002).

There are many online agents in a product categioly as travel, so how do consumers
determine which one to accept? Consumers evadumatehoose among online agents
based on whether the agent is considered morematore or diagnostic. The more the
agent appears to be diagnostic the more a conswithaccept the agent’s advice. If an
agent has exhibited variance in past opinionstleeed, it would be considered
diagnostic by the consumer (West & Broniarczyk, 8)99%urthermore, consumers give
different weight to all prior instances of agreemeith the agent when considering the
value of the agent’s current advice. Consumerkiat@agreement on extreme opinions
as important criteria. A consumer’s affective teats emerge when their most
important needs, goals, and values are implicatelle decision process (Cohen &
Areni, 1991). Agents that agree with them on erealternatives that involve those
needs, goals and values would be regarded highte $he agent is deemed similar to the
consumer in terms of its preference structure.s Thparticularly the case with hedonic
products and when the agent provides positivelgnadd advice. That is, the advice of
agents is more acceptable or valued by the consiiimés positive extreme agreement
(Gershoff, Mukherjee & Mukhopadhyay, 2003).

One of the distinctive aspects of hospitality aradé¢l consumers is that they rely more
on information from personal sources in choosisgrice provider but in the post-
purchase evaluation process they use their experieith the service. Furthermore,
consumers often use price as an indication of tyuafid when they buy hospitality and
travel products they often perceive some risk @irthurchase.

2.2.8 The Future of Intelligent Agents

Information agent technologies are improving com$ya Tuchinda and Knoblock

(2004) designed an approach that enables usergslavhot have programming skills to
build complex information agents on their own. sTapproach requires the user to
answer a series of questions guided by an Agenai¥izThe resulting information agent
will integrate and monitor information from multgWeb sources that could assist in
travel itineraries.

Knoblock et al. (2008) discuss advancements of fhraivel Elves project that began in
2004, and the lessons learned for updating techredaised in this travel planning
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intelligent tool. They recognized the need to wornk 1) methods for allowing end users
to define their own agents tailored to their indival needs without the need to learn
complex programming languages, 2) integrating, raoditoring new sources of data by
engineering the agents to discover those soureasstiives, and 3) trying to prevent
unnecessary notifications such as frequent prie@gés unless the price change was
significantly greater than the penalty for chandiicgets.

Companies such as DestinationRx could move beyemgjka pioneer in prescription
drug price comparison to industry leadership. Coimig price comparison databases
with proprietary technology, and transaction-suppmols, DestinationRx is in a good
position to develop a sustainable competitive athganfor growing market share and
profits in the healthcare marketplace.

Ultimately, we expect online intelligent agentderome even more intelligent, user-

friendly, and interactive. Some consolidations agthe plethora of shopping portals,
price and product comparison engines, social acahnenendation sites such as those
listed in section 2.1.2 is anticipated as well.

2.3 SERVICES MARKETING

Travel and Tourism are primarily services wher&iserbenefits are delivered through
an interactive experience involving the consun#ithaml, Parasuraman and Berry
(1985) observed that services have in common faetofs: intangibility, inseparability of
production and consumption, heterogeneity, andhatility.

Intangibility differentiates a service from a gootihere is an inseparability of production
and consumption since services are sold first, freduced and consumed at the same
time. Heterogeneity refers to the potential forafaility in the performance of services
and problems with lack of consistency that canmotlominated. And, perishability
exists because services cannot be saved; the uoagadity in services cannot be
claimed, and services cannot be inventoried.

2.3.1 Servuction Model

The Servuction Service Model shows that part ofetkgerience created by the delivery
of a service is visible to the consumer but pait & not. The invisible portions, such as
the kitchen of a restaurant affect the visible pathe organization. The visible part of
the organization is broken into two parts, the imate physical environment where the
service takes place and the contact personnel atinally provide the service. Lastly,
the model suggests that Customer A who is purcgdbmservice will be affected by
Customer B, who is also in contact with the seraganization at the same time.
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Figure 4. Service Operations (system) Conceptual Model

2.3.2 Implications of the Servuction Model

The combined effect of the characteristics of smwiand the dynamics of the Servuction
Model bring about several key implications on sezgi marketing.

Since services cannot be inventoried, in ordeeteive the benefit, the consumer must
be part of the system. Services must be consuirtée aoint of production. Without an
inventory or a separation in production and condionpt is difficult to control the
quality of the product. Without an inventory oseparation in production and marketing
the marketing department needs to be constan#tyaating with the operations
department.

Services are time dependent such that the servise e provided when the customer
asks for it. These customers become part of thesy that is, the customer is in the
factory while they are consuming the service. Bessare place dependent since where
the service experience takes place is largely dég@ron the consumer. Each service
location has to be its own factory so-to-speakjasoften cannot move the factory.
Because consumers are always involved in the fgotdren we change the factory, we
inevitably change consumer behavior. Furthermbme change the benefit concept,
then we have to change the factory. Since eveeyan every thing that comes into
contact with the consumer is delivering the seruisarketers need to understand the
process through which the organization interacth wiistomers. Finally, there is a lack
of ability to control service quality before it idees the customer since service
encounters occur in real time, and consumers aovied in the factory so that mistakes
cannot be corrected as they occur. The only swius to attempt to eliminate mistakes
at the source and to have a good service recotategy since service failures are
inevitable.

The Servuction Model demonstrates well how leistaeelers could receive service

benefits through an interactive experience inv@uime consumer and a service provider
in a brick-and-mortar environment such as a traddi travel agency. Earlier in this
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review, a model by Bergmann and Cunningham (2dQ&yiated the interactive nature
of communication between a consumer through tregsgnal computer and a server of
travel website.

Lovelock (1983) pointed out the characteristicsafvices and how their implications
can offer strategic insights to marketers. Thetevant characteristics to the study of
online and offline travel services are the typeeabditionship the service organization has
with its customers, the amount of latitude the ®erprovider has on customization and
judgment with the travel plans of customers, and tiee service is delivered. Additional
insights will improve the marketing of travel prads and services.

Figure 5 illustrates the literature discussed faus Contributions of this study includes
some motivations of consumers in using online tamsparisons of online and human
aids, an enhanced view from the travel client'® ©iiBergmann and Cunningham's
model, explanations of how an RA can help in trglahning and whether it will act in
the same way as a travel agent in a retail stok]astly, new insights on travel services
marketing concepts.
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Figure 5. Characteristics of Internet Medium, ODA, Travel Product and
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24 CONSUMER BEHAVIOR

The American Marketing Association (1988) definedsumer behavior as “the dynamic
interaction of affect and cognition, behavior, @myironmental events by which human
beings conduct the exchange aspects of their livieisam this definition we recognize
that the behavior of consumers is dynamic as lves the interplay among affect,
cognition, behavior and environmental events, aadsumes there are exchanges
between consumers and businesses. The behawonsdimers in an online environment
can sometimes be different than that within a trawlal offline environment.

2.4.1 Online Behavior

Robyn Greenspan in The Click Z Network reportedititernet is an increasingly
valuable tool for travelers. A larger number ofgmmal travelers are purchasing their trip
needs online compared to business travelers ahthariéase their online purchases.
Michael Pastore on Click Z indicated that only 18#&onsumers who bought airline
tickets online were loyal to Web-based travel age)@and more than 70% of those who
book tickets online use multiple sites to compagte making a purchase.

Some researchers, while trying to understand hewrtternet may influence buyer
behavior, applied the classical buyer decision-mgkirocess to purchases made on the
Internet (McGaughey & Mason, 1998). Other reseznchktudied the implications of the
Internet and online shopping for consumers, retad@d manufacturers by comparing
the Internet to traditional business (Alba et H997).

Okeefe, Massey, et al (2002) discussed culturégreihces in the online behavior of
consumers. The online behaviors of consumersulnttyslifferent in nature from
traditional consumer behavior due to the uniqueattaristics and interplay of
technology and culture.

It has become critical for companies to determingetypes of gratifications that impel
consumer use of tHaternet. A study of Americans shows they likengsihe Web as a
search tool and regard the Internet as a sourncéavmation for learning and research.
People recognize the Internet as a useful commiimmsamedium, and derive personal
gratification from using it as a socialization ven($tafford & Gonier, 2004).

A large percentage of Internet users have a primaay of simplifying their lives and
saving time. Forsyth, Lavoie, and McGuire (2008lJed these consumers simplifiers
and discovered they comprise 29 percent of Intexoesumers and over 50 percent of all
online transactions.

Even though the Internet has given consumers aegraaount of information, online
tools have reduced consumers’ search costs. Tbelseassist consumers in decision-
making, and improve the quality of their decisigHaubl & Trifts, 2000). Humans have
limited resources for information processing desfie assistance of online tools by
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virtue of their limited memory, attention, or maiion, for instance (Payne, Bettman &
Johnson, 1993).

Some retailers may not provide online tools bec#usg do not want to empower
consumers to this extent. Other merchants aretegitito allow consumers to compare
product offerings with other suppliers. Anotheaigen for reluctance could be that
retailers are unsure what effect these tools mag ba the consumer purchase process.

In explaining consumer attitudes about online sirgppand predictors of online behavior,
it was discovered that there are more than dembgrédactors that influence the amount
of money people spend online, or whether or not they there. Bellman, Lohse &
Johnson, (1999) claimed the explanations are whetirsumers like being online and
whether the time they have for buying things elsawhs limited. They also found the
most significant predictor of online buying behaviothe desire to look for product
information. Another predictor is what they calkeavired lifestyle. A wired consumer
has been on the Internet for years, uses it to aeddeceive email messages, likes to be
the first to use the latest communication technegand uses the Internet at work as it
improves their productivity. Because these consamse the Internet for many
activities it is natural to expect them to us@iséarch for product information and to buy
products.

Discretionary time was also reported to influengeeson's decision to shop online. As
the total number of hours worked by members of@shbbold increases consumers have
less time to search for and buy products in aticadil store. This is especially the case
for dual-income households. These consumers magy ised catalogs in the past but
now take advantage of E-commerce sites on the VBeliman, Lohse & Johnson
claimed consumers value the Web’s ability to s&eent time over its cost savings
capability.

It appears the behavior of consumers in an onim&r@ment is different from
traditional consumer behavior. In addition, constsrmay utilize online tools in various
ways and derive diverse forms of gratification.s&arch that focuses on the leisure
travel sector would fill a gap in knowledge regaglthese areas.

2.4.2 Decision-Making

Another consumer decision-making model portrayedctnsumer as having a limited
capacity for processing information (Bettman, 197@Jhen given a choice, the
consumer rarely undertakes very complex analysasaifable alternatives, but rather
will use simple decision heuristics. This allowern to avoid the overly burdensome
task of assessing all the information availableugladl the alternatives in order to arrive
at a choice. The consumer undertakes an exteraaidtsto the extent that information
now available in memory is judged to be inadequatgditional information will be
acquired until the consumer perceives any additiexertion to be too costly in terms of
time or effort.
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Consumers do not enjoy extending a great dealffoftefn decision making. Equity
theory demonstrated that as more effort is spemtearsion-making, consumers’
satisfaction with the decision process diminist@éver & Swan, 1989).

Engel, Blackwell and Miniard developed a
or prolble comprehensive model on consumer decisior)-
making that explains particularly well how
v consumers arrive at brand choices (Engel,
infermation Blackwell and Miniard, 1986). Their model,
» (see Figure 6) features five stages in the
[f’@[h] decision process. The relative amount of

attention given to each stage is a function of

evaluation of how extensive the problem-solving tasks are

alternafives felt to be. In routine problem-solving,
¥ consumers skip stages such as external seafrch
purchase and alternative evaluation, whereas in
extended problem-solving, consumers pass
declsions through all stages. Information from
v marketing and nonmarketing sources are inguts
pest-purchase in the information-processing section of the
evaluation model. A consumer must allocate i_nformatic n-
processing capacity to a message, interpret |t,

and retain the message by transferring the
input to long-term memory.

Figure 6. The Buyer Decision Process, Engel, Blackwell & Miniard

The organization of information can change the obsearching which in turn can affect
decision-making (Bettman, Johnson, & Payne, 19@@hch and Ariely (1998)
manipulated the processing cost of informationiscaler that price sensitivity was
lowest when price was easy to process and qualibymation was easy to process.
Subjects in the experimental online wine store vmeoee satisfied with wines purchased
in the environment with easy access to qualityrmfation.

When buyers determine that the cost of making apgisinting purchase increases, they
seek additional information. For higher pricedrigs the cost of making a disappointing
purchase is higher and as a result, so are thditseinem prepurchase efforts to acquire
information (Laband, 1991). Therefore, rationatlgnsumers’ search should be
increasing when the importance of the purchaseasas. However, search activity for
information itself costs consumers as well. Peegicost of information search is
defined as “the consumer’s subjective assessmenbnétary, time, physical effort, and
psychological sacrifice that he or she expendscheay for information” (Bettman, 1979;
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Schmidt & Spreng, 1996, p. 253). When the outcofitbe search is potentially more
beneficial consumers are likely to spend more &me effort searching.

The cost of information search for consumers i@rfced in part by the accessibility of
information. Accessibility is higher when consusare aware of the availability of
information and it is in a format that is easy talarstand (Schmidt & Spreng, 1996).
The role of online search tools for finding infortiea, and XML in presenting the
information, is therefore important.

For some kinds of preferences, consumers congjugsses about what they prefer.
(Bettman, Luce, Payne, 1998; Payne, Bettman, amasadm, 1993) and these
constructions represent best guesses about whad waximize hedonic pleasure
(Loewenstein & Schkade, 1999). Given that the @dnwithin which these choices are
made can be manipulated, these guesses are likbfydffected in online environments
(West et al., 1999). For instance, Mandel and Sohr§1998) show that the background
of a website called wallpaper can set up the ingpaet of product attributes.

The search for information is clearly one of thegsis of the consumer purchase decision
process and it has been the subject of much erapigsearch (Beatty & Smith, 1987,
Punj & Staelin, 1983; Srinivavsan & Ratchford, 129Consumers stop their information
search efforts short of being perfectly informéifferent factors affect when they stop,
the most common of which are the cost of infornragearch, the level of consumer
product knowledge, the type of purchase, and W& & consumer involvement.

Engel’s buyer decision process, Bettman'’s infororaprocessing models and the
empirical research of others have not been spatiifiapplied to an understanding of
leisure travel planning processes using onlinestbat this study aims to do so.

2.4.3 Consumers’ Product Knowledge and Involvement

Prior product knowledge has been defined eithéenms of what people perceive they
know about a product (subjective knowledge) oemmis of what knowledge the
individual has stored in memory (objective knowlefdBrucks, 1985; Rao and Munroe
1988). Past studies reveal that knowledgeableurness are more likely to search for
new information before making a decision (Dunca®&havsky, 1982; Johnson &
Russo, 1984; Punj & Stalein, 1983). Less knowlabtgEconsumers are more likely to
rely on attributes such as brand name, price (Rdr&ssig, 1981) or opinions of others
(Brucks, 1985; Furse, Punj and Stewart, 1984).

Consumers can combine the three types of produntledlge to form a simple
associative network called a means-end chain (Guitt982). A means-end chain links
consumers’ knowledge about product attributes tigir knowledge about consequences
and values (Young and Feigen, 1975). The meansteaid model proposes that the
meaning of a product attribute is given by its pared consequences (Sunil Mehrotra
and John Palmer, 1985).
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Means-end chains help marketers understand consui@elings of personal relevance
for a product because they clearly show how conssirpeoduct knowledge is related to
their knowledge about self (Walker & Olson, 1980elsi and Olson (1980) determined
that the type of means-end knowledge activateti@rsituation determines the level of
product involvement a consumer experiences duraagstbn-making. Consumers will
feel more involved with the product if they beligmeduct attributes are strongly linked
to important end goals or values. Consumers wipemance little or no involvement
with the product believe the product attributesratassociated with any relevant
consequences.

Involvement refers to consumers’ perceptions ofartgmce or personal relevance for an
object, event, or activity (Krugman, 1965). Invetrent is a motivational state that
energizes and directs consumers’ cognitive anatafee processes and behaviors as they
make decisions (Cohen, 1982). Involvement haslsen referred to as an internal state
variable that indicates the amount of arousaly@ste or drive invoked by a particular
stimulus or situation (Andrews, Durvasula, and Akh1990). Consumers who perceive
that a product has personally relevant consequereesaid to be involved with a
product and have a personal relationship witlCibgnitively, involvement includes the
means and knowledge about important consequencdagad by using the product.
People may express stronger affective responsésasuemotions and strong feelings if
product involvement is high. Highly involved consers constantly collect information
about a product of interest (Bei & Widdows, 1999).

A person's level of involvement is influenced bytsources of self-relevance: intrinsic
and situational. Intrinsic self-relevance is basedonsumers’ means-end knowledge
stored in memory (Block, 1982). As consumers ugsoduct or observe others using it
they learn that certain product attributes haveseqnences that help achieve important
goals and values. Because this means-end knowiedg@red in memory, it is a
potential intrinsic source of involvement. If thisolvement is activated in a decision
situation, the consumer would experience feelirfggeosonal relevance or involvement
with the product. Aspects of the immediate physacal social environment that activate
important consequences and values, determineisitahtelevance thus making products
and brands seem self-relevant.

A key to good marketing management comes from @whaleding a consumer-product
relationship (Reynolds & Gutman, 1984). When magkeunderstand the consumer-
product relationship they are able to segment thkket in terms of consumers’ intrinsic
self-relevance (Lehmann, 1987). Different markg8trategies are necessary to address
the unique types of product knowledge, intrinsi¢-sgevance, and involvement of
consumers in different market segments.

Kassarjain (1981) found that markets could be se¢mdeon the basis of involvement
since consumers’ involvement with purchasing infilces their purchase behavior.
Westbrook and Fornell (1979) also found four didiire styles of information search
among durable goods buyers ranging from the obgsiiopper at one extreme to the
personal advice seeker at the other extreme (Safreshchian, 1985).
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Schmidt and Spreng (1996) reported that shoppittjusrasm and need for cognition
(NFC) are also determinants of motivation to sedmatthey are different to the concept
of purchasing involvement. Shopping enthusiasdefsied as the enjoyment a
consumer feels for the task of collecting and pseo®y information about a product
(Babin, Darden, and Griffin 1994). Need for cogmitis the tendency for individuals to
engage in and enjoy thinking (Cacioppo & Petty, )98

A consumer’s level of involvement and knowledgeadiginfluence all purchasing
decisions. The knowledge deficit regarding thesgors is that none of the studies on
these topics evaluate online travel planning inl¢igure sector. Neither do they
compare the online process with travel planningises provided by a travel agent.

2.4.4 learning and Tacit Knowledge

Learning is defined as the process by which knoggéad acquired; thus, human learning
does not have to occur in formal contexts. Leaytimat takes place in a non-formal
environment is termed implicit learning. Reberd3Pdefined this as “the acquisition of
knowledge independently of conscious attemptsamland in the absence of explicit
knowledge about what was learned.” This is cotgdhwith deliberative learning, which
is typically conducted in a formal context, witme specifically allocated to acquiring
knowledge, and a definitive expectation of the oates of learning.

Eraut (2000) noted Polanyi’s definition of tacitdwledge (TK) as “that which we know
but cannot tell.” TK is knowledge an individualrdees from everyday experiences that
assist them in solving real-world, practical prabse(Hedlund et al., 2003). Various
efforts have been made by researchers to makektamitledge explicit through enabling
the knower to tell or having the researcher tetl Hre respondent seek verification.
Humans use tacit knowledge to acquire informatiooud other people. Eraut declared
that the knowledge of contexts and organizatiommbtained through a process of
socialization by observation, induction, and pgsation. Interestingly, he observed that
many people consider the polar opposite of tamtkadge to be classical decision
theory, which derives mathematical models of denisnaking situations.

Finally, Eraut identified different situations wieeacit knowledge may be either
acquired or used or both may occur simultaneoughe situations relevant to travel
decision planning include knowledge: 1) assembilenhfthe accumulation of episodes in
long-term memory, 2) that permit rapid, intuitiesponse or understanding, 3) involved
in transferring knowledge from one situation to thweo, and 4) rooted in norms,
perceptions and activities that are assumed.

Business travelers can be expected to use the kdgelthey gained while on a business
trip to help plan their vacation. They would leatvout the best modes of travel and
accommodation, favorable destinations and actscitiehey will draw on their memory
and transfer the knowledge derived from travel /bibnducting business for an
employer to a situation when they plan leisuredtavith their family members or
friends. Research in the field of TK has not bapplied in this type of scenario.
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Furthermore, travel agents who are experts hawetaitive grasp of travel scenarios that
are based on their deep tacit understanding. &gehts employ their tacit knowledge to
analytically approach novel situations. Wagner Stetnberg (1985) pointed out that
determining how TK is used in daily tasks and trechanisms through which it is
acquired are topics of future research.

2.4.5 Motivation and Gratification

Motivation is the reason for behavior. There armarous theories of motivation such as
those produced by Maslow and McGuire. McGuire’é@)reated a classification
system that organizes various theories into categioi~our main categories use the
criteria of cognitive or affective modes of motiiat, and motives based on preservation
of the status quo or growth.

Cognitive motives focus on thoughts and beliefs arfueving a sense of meaning. The
mental processes that form the cognitive systeimdecunderstanding, evaluating,
planning, deciding and thinking. A major functiohthe cognitive system is to interpret,
rationalize, and understand significant aspects pérson’s experiences. People can
interpret the meaning of their own cognitions olidfs. Another major function is to
process these interpretations in carrying out dogniasks such as identifying goals,
developing alternative courses of action to meatsgy@hoosing an alternative and
carrying out the behavior.

Affective motives deal with reaching a satisfyimgling and achieving a personal goal,
they focus on emotions, evaluations, moods, andifegpéelings. One characteristic of
the affective system is that people have littledicontrol over their affective responses.
These responses are felt physically in the perdoody. The affective system can
respond to virtually any type of stimulus and mes{ponses are learned through classical
conditioning or by socialization. Cognitive andeative modes of motivation can be
highly interdependent such that affective reacticars influence cognition during
decision-making and vice versa.

McGuire’s classification system identified sixtemibcategories of motives within the
four main categories. There are several key dresare most related to the area of
online and offline travel planning aids. The fissich subcategory is what McGuire
termed a cognitive preservation motive or the neazhtegorize. People have a need to
organize the vast array of information and exp@&esrthey encounter in a meaningful yet
manageable way. In order to accomplish this, #sgblish categories or mental
partitions that allow them to process large queastiof information. Another relevant
subcategory is a cognitive growth motive, whickhis need for stimulation where a
person seeks variety and difference. A differegnitive growth motive is the utilitarian
need, which sees the consumer as a problem soAreaffective preservation motive
includes the need for tension reduction. This weoéixplains why consumers are
attracted to recreational products and servicesaoage tension and stress. A similar
subcategory of motive is the need for reinforcemétgople act in certain ways because
they were rewarded for behaving that way in sinsi&uations in the past; perhaps
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loyalty points are a good example of this. Lastlkey affective growth motive is the
need for affiliation. Affiliation is the need tedelop mutually helpful and satisfying
relationships with others.

Korgaonkar and Wolin (1999) developed a scale dadtified seven motivations and
concerns regarding web use: 1) social escapisnvatimn, 2) transaction-based security
and privacy concerns, 3) information motivationjmtgractive control motivation, 5)
socialization motivation, 6) nontransactional pgya&oncerns, and 7) economic
motivation.

Eighmey and McCord (1998) found that gratificatiovith viewing commercial
Websites bore similarities with other types of naglolit there were two new dimensions
they called personal involvement and continuingtrehship. Personal involvement
referred to the extent to which the consumer regghtde Website as personal and
continuing relationship represented whether orusets desired to visit the website
again.

Uses and gratifications theory explains why peaiske the media and what gratifications
they seek in media use. Ko, Cho & Roberts (20@4¥etbped a model to explain the
effects of motivations and interactivity in estabing consumers’ attitudes and purchase
intentions. Motivations are looked upon as theeatlent conditions and the consequent
conditions are viewed as gratifications. In otwerds, gratifications sought by
consumers (the motivations for media use) andfgrations obtained (the results of
media consumption). Four motivations for usingltiternet were identified in that

study: information, convenience, entertainment, soal interaction.

Joines, Scherer, and Scheufele (2003) explorenhtfuence of demographic variables

and motivational factors on two types of consumebWse, specifically time spent
searching for products and online shopping. Thinddégb and mail surveys they
determined that economic motivations had a positiffaence while concerns about
transactional privacy were negatively related neetspent on product searches and online
shopping. Also, interactive control motivationsfarmation motivations, and

socialization motivations were good predictors wliree shopping.

None of these researchers examined the underlyotiyations for using the Web for the

specific consumer-related activity of searchingtfavel information or planning a
vacation.

2.4.6 Attitudes Beliefs and Behavior

Trafimow & Sheeran (2004) point out two assumptiaheut attitudes that have been
documented over the past century. One is the gagmthat attitudes cause behavior,
and the other is that attitudes have both an affeeind cognitive component. Some
researchers add the additional component of behaviaction (conation). The concept
of attitude is well-established in literature. Ziardo and Ebbesen (1970) describe
attitudes as either mental readiness or impli@t@positions, which influence evaluative
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responses directed toward some object, persoroapgrAttitudes are learned and are
susceptible to change so that techniques, whickreven to increase or decrease
learning, should be able to produce change irudtg. Interestingly, attitudes toward a
technology seem important in influencing behavian&ntions argue Davis, Bagozzi, &
Warshaw (1989).

To assess attitudes, verbal statements or adjediweh as good and bad could measure
the affective component, and some researchers/bdthie cognitive and action
components could be assessed by self-ratings iefer by the amount of knowledge
that a person has about some topic. Assessimgdatsi involves creating clear, concise
and straight-forward statements or adjectivesdahaexpressions of desired behavior,
which measure the present attitude of the subjBoe scale construction should be
designed so that a numerical value is assigneddo ef the possible alternatives. If
seven alternatives are chosen then values of oseven would be used with four
assigned to the undecided position. The one igress$ to one extreme of the attitude
continuum and the seven to the other. There isiderable evidence to support the
reliability and validity of a semantic differentialethod for measuring attitudes
(Fishbein, 1967). Fishbein cites C.E. Osgood’anejue for measuring the meanings
people give to objects or concepts. Ratings @argelnumber of bi-polar scales using
adjectives such as “good-bad”, “strong-weak” hagerbsubjected to factor analysis to
reveal the underlying dimensions of meaning alohgwpeople see various objects as
falling. An evaluative dimension was one of thestnzritical aspects of meaning
discovered by Osgood; this dimension appears ttelermined by the position an object
or concept is seen to occupy on a good-bad or @nocontinuum. Thus, attitude is
equated with the evaluative meaning of an objecoocept so that an individual has a
positive, negative or neutral attitude toward it.

A person’s opinions and attitudes are stronglyuieficed by groups to which he or she
belongs or wishes to belong. Changes in attitsleslld produce changes in behavior if
attitudes are themselves enduring.

In a similar fashion to Osgood’s technique withtattes, Fishbein and Raven (1962)
demonstrated valid and reliable measures of beAefindividual could believe or
disbelieve in the existence of a concept alongoaadrility dimension, and this is treated
as a belief. Fishbein (1962) also considers tsehbbut an object or concept as being
slightly different from beliefs in an object. Befls about a concept involve associating
the object of belief with some other object, cortaapgoal. A probability dimension is
still relevant as it gauges the probability thaaticular relationship exists between the
object of belief and some other object, concedyevar goal. In other words, belief is
defined as a unidimensional concept referring omthe probability that a particular
object (belief in) or a particular relationship lfpEabout) exists. Moreover, if an object
of belief is regarded as a “stimulus” and the obggaoncept related to the object of
belief is viewed as a “response”, then a beligest@nt may be seen as a stimulus-
response association. An individual has many fsetibout any aspect of his or her
world. As Fishbein puts it, “the totality of an indlual’s beliefs about an object can thus
be viewed as a belief system.” The evaluativearses associated with each of the
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beliefs are viewed as summative and it is the sulenavaluative response, i.e., this
attitude that becomes associated with the concEpe. strength of a belief impacts the
amount of evaluative response that is availablesfionmation. Therefore, beliefs about
an object and the attitude toward that object e ¢ontinuous, dynamic relationship.

The relationship between attitudes and beliefeas @ person’s attitude toward any
object is a function of: (1) the strength of hisher beliefs about the object, and (2) the
evaluative aspect of those beliefs or its imporanEven though all of an individual’s
beliefs about an object reflect his or her attittaleard the object, it is only the
individual’s salient beliefs that serve as deteamis of attitude. It is believed that only
six to eleven beliefs are salient for an individatany one time (Fishbein, 1962).

According to Fishbein, beliefs about an object rolagnge in two ways: (1) new beliefs
may be learned, i.e. new concepts may be relatdeetattitude object, or new stimulus-
response associations may be learned, and (2)rérgyth of beliefs already held may
change. An individual’s attitude will change ipeasitive direction every time an
individual learns a new belief that associatesattieude object with some positively
evaluated concept.

Lord (2004) cites modern meta-analyses have estedalia correlation between attitudes
and behavior at 0.40. This rather low correlatonld be considered one problem with
the attitude construct. The other is that peopétain their attitudes but change the
meaning of the attitude object. Solomon Asch (A94Q it this way; “the process a
person engages in involvahange in the object of judgment, rather thathim

judgment of the object{1940, p.458, italics in original). For exampdgder consumers
may consider the Internet safe and reliable whakithg about established websites such
as Ebay and Expedia, but may regard the Interrsgifarand unreliable when considering
unknown websites.

Fishbein (1962) lists another reason for low suscates in predicting overt behavior
from attitudes. It is that attitudes are sometimessured inappropriately. An attitude
that is measured is usually an attitude toward sconeept of “X” while the behavior
predicted is with respect to some object of “X&, i single instance of the general class
of X.

About forty years ago, more research seemed todiable on the relationship between

belief and attitude (cognition and affect), as vealithe relationship between attitude and
behavioral intention (i.e. between affect and cmmgt than on the relationships between
attitude and behavior. Fishbein (1962) reportedcitrrelation between attitude and the

sum of the behavioral intentions was quite staht&l@gh around 0.70.

This researcher believes more recent researcmfisdiince the sixties suggests behavior
toward a given object is a function of many varshlof which attitude toward the object
is only one. Behavior toward an object for insenoay be entirely determined by
situational variables. Accordingly, situationaliadles are included in the Conceptual
Framework of this research study.

34



Figure 7 exhibits literature that discussed thesaamer profile and their decision-making
behavior. Contributions of this study are the vatreof travel consumers in an online
environment, how consumers use online tools inowarivays and derive diverse forms
of gratification, and motivations for using the W&hen searching for travel information
or planning a vacation. Moreover, it enhances Engecision model and also
Bettman’s information processing viewpoint. Thee&ch adds to our understanding of
consumer involvement and knowledge in online l&duavel planning, and the services
provided by a travel agent. Finally, this studypsiders the relevance of situational
variables and so they are included in the Concéptaanework of the study.
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2.5 MARKET SEGMENTATION

Market segmentation has traditionally been accahpli using variables such as
purchase and usage behavior, psychographics, daptogs and geography. Extensive
research has been done on segmentation in traaliticerkets. There are some useful
insights of consumers in these markets that agpllge Internet marketplace.

For example, considering alternative methods analsones of segmentation such as
lifetime value and long-term profitability of theistomer has created multiple views of
the same market (Wyner, 1995).

Segmentation research on the travel industry dpealtif is also useful. Goldsmith and
Litvin (1999) studied Singapore consumers to fimat fight users of travel agents
exhibited differences from heavy users. This vaisagmentation of travelers shows
that heavy users were more innovative and knowlglolge more involved with vacation
travel, and they were more likely to be opiniordiess.

Mo, Howard, and Havitz (1993) segmented travelemnsgian International Tourism Role
(ITR) scale. Cohen's (1972) tourist roles are tasethe degree to which tourists desire
novelty or familiarity in their vacation. Shoeneasl1994) segmented the US travel
market according to benefits realized and propdsatthe best way to understand
consumers' motivations for vacation travel or begesbught from a vacation destination
is to study consumers' past travel behavior.

However, marketers are beginning to consider thguamess of online markets and are
conducting research specific to the new media.tiggar and Ghose (2002) segmented
web shoppers, based on their purchase behavigsaseveral product categories.

They then profiled the segments along the twin disiens of demographics and benefits
sought to show that benefits sought can providesrd@gnostic information than mere
descriptive demographic profiling.

Two distinct profiles of Web travel buyers, rookassd veterans, were discovered
(Forrester Research, 2001) and questions remaun albeether rookies differ from
veterans on personal characteristics. Varioussyy profiles emerge in different
studies. From these, consumers can be categanizedns of those relying primarily on
affective or cognitive systems to evaluate vacatiptions with the use of an Online
Decision Aid (ODA). The cognitive oriented trageprefers a utilitarian approach
designed to save time and money, for instanceaffactive oriented traveler, on the
other hand, could be a value-expressive indiviera will use an ODA to save their
profile information and generate a personalizeditian. Another affective oriented
traveler, the Hedonic type, may find enjoyment gsain ODA for 'vacation shopping'.
Wang and Fesenmaier (2004) studied the needs etio@Ts in online travel
communities, and the driving factors for their gapiation in an online community.
Some of the constructs developed were hedonic neeldsling amusement, fun,
enjoyment, entertainment, and functional needsidich information, efficiency, and
convenience. These needs constructs provedfealassessing travel community
member needs.
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There are numerous ways in which consumers ofltpmeeucts could be segmented.
Any of the above methods could be used or novelagmhes resulting from this study
might be useful. For example, segments could b&irdd from the attitudes consumers
form around the recommendations provided by amertbol. Also, as mentioned
earlier, a marketer could segment the market mgesf consumers’ intrinsic self-
relevance. Alternatively, markets could be segntkntethe basis of consumers’
involvement or knowledge. Ultimately, the best@geh is the one that most accurately
describes consumers and enables a marketer td eifective marketing programs at
heterogeneous groups of consumers.

2.6  SUMMARY OF THE LITERATURE REVIEW

Changes in E-Commerce will influence consumersénttavel sector and marketers are
well advised to monitor emerging technologies amasaer whether these present
opportunities or threats to their business opematio

The knowledge deficit with online tools used invibincludes a comprehensive model
that explains the determinants of online leisuagél booking intention. This includes
factors such as underlying motivations and howeltger among travel market
segments, the interplay of beliefs, attitudes, reigperience with travel agents and
websites, social support, knowledge and involvem@ihiere is not a full understanding
of how closely intelligent online agents used isuee travel compare with travel agents
in ways such as managing and processing informatienability to influence consumers,
and the capability of gaining the trust and loyaltyzonsumers.

Key issues addressed by the review include:

» Demonstrating how services marketing can explanriteractive experience
between a consumer and a service provider.

» Explaining how consumers may utilize online toolvarious ways and derive
diverse forms of gratification.

» Stating how Engel's model is useful in understagdinyer decision processes.

* Understanding consumers’ motivations for usingWheb.

* Discussing various ways of segmenting travelers.

* Describing the travel and tourism industry andrttile of travel agents in it.

* Analyzing a model that explains the communicatiorcpss with a virtual agent.

» Contrastinghe behavior of consumers in an online environmedtreow it differs
from consumer behavior in a traditional offline @owment.

* Outlining relevant elements of consumers’ produxiwledge and involvement.

» Identifying what is known about intelligent onliagents, and how they can be
used to control, manage, and process information.

» Assessing aspects of attitudes, beliefs and behambtheir importance in
understanding intentions.

* Presenting numerous intelligent online aids and tiey work to enhance the
online shopping environment.
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* Showing online aids can influence consumers andeenbnsumers to place their
trust in online retailers and be loyal to them.

Relevant concepts were extracted from the liteeatfoat could assist in the formulation
of a comprehensive Conceptual Framework. Suchradwork will be used to outline
the determinants adnline leisure travel planning decision procestesjnterplay of
these, and how the determinants differ with varimasket segments. This will advance
travel research and make a new contribution tadpe of E-Commerce.

3 PILOT STUDY

3.1 OVERVIEW OF METHODS

Three qualitative techniques were used, namelysfgcaups, semi-structured interviews,
and case studies. Findings emerging from the tqtiak research were used in
conjunction with current literature to generat&deotretical framework. Specific
hypotheses of the framework will be tested throaglirvey instrument in the
guantitative component of this research.

Qualitative data analysis can play an importarg molthe initial discovery and
explanation of consumer behavior and travel bookiegjsion processes that have not
been extensively studied by other researchers. s&uently, one of the main objectives
in the qualitative research is to gain prelimingsights into decision problems that are
specific to leisure travel planning that will hekfine particular hypotheses before
subjecting them to statistical analyses. Anotkason this qualitative research method
was chosen is that it is both economical and timaely thus suitable for the research
project.

The quantitative methods used are outlined ingest.1 and 4.2. Such methods take
the positivistic approach, the purpose of whictoigest hypotheses that come out of the
literature review and qualitative study. Sociaéstists use theories to predict behavior.
An important role of the methodologist is to tryrédine them, to see if they hold true
under all conditions. It is through efforts toabsfirm theories that we extend our
general knowledge of human behavior. One waydbaeheory is to derive predictions
or hypotheses from it and then test those hypothe§berefore, after the result of two
focus groups, over forty semi-structured interviearsd nine case studies is presented, a
Conceptual Framework is proposed in Figure 9 thatrporates the qualitative data and
the review of literature. It is believed this Franork accurately describes the processes
by which leisure travelers plan and purchase trpx@ducts with the assistance of online
and offline aids and a part of this framework Wi used to test selected hypotheses.

The qualitative research relied on the collectibdeiailed amounts of primary data from
relatively small samples of subjects by asking tjaes. The first data came from a
focus group, followed by data from semi-structuirgdrviews, more data from a second
focus group, and finally case studies. These stafjdata collection occurred over a
three-year time frame. A total of 71 subjectsipgrated in the focus groups, interviews,
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and case studies. Multi-phase studies such as #iesa good way to maximize
information gathering and this theoretical samptchnique is well accepted as a sound
research method.

This grounded theory approach is justified sin@vimus researchers have not yet
identified all of the concepts and the relationsramong them pertaining to how
consumers plan and purchase leisure travel proguttighe assistance of online and
offline aids.

Focus group research involves bringing togethenalgyroup of 6-12 people for an
interactive and spontaneous discussion. Guidedfagilitator, an unstructured
discussion lasts for about three hours. The madaolevall encourage group members to
talk in detail about their vacations and how thianped them. Many ideas, attitudes,
feelings, and experiences emerge usually emergadhra session. The overall goal of
the focus group is to give the researcher as mfolnmation as possible about how
people regard traveling and travel planning. Tineesss of focus group research depends
on the group dynamics, the willingness of membesatrticipate in the dialogue, and the
moderator’s ability to keep the discussion on topgibe fundamental idea of focus group
research is that one person’s response will @antments from other members, thus
generating a spontaneous interchange among giktttieipants.

The initiation of the research began about 4 yageswhen a travel website named
DiscoverThelslands.Com acted as a sponsor of #eareh. In order to encourage
people to visit the website the company used atiacgiveaway that required
contestants to submit some basic demographic amdadnformation in a Contest Entry
Form. Over four thousand entries were receivad.chtestants from the city of Seattle
in the State of Washington were selected for tist focus group held in July of 2004.

The planned overall objective of this focus grougswo understand the participants’
perspective on issues, frame of reference, walgioking, typical vocabulary when
dealing with the topic of travel, and to test sajqnestions that could be used for semi-
structured personal interviews that would followAngust of that year. Some interviews
were conducted by telephone, and others were heiga shopping malls. The focus
group consisted of three men and three women imgjugvo couples. The age range of
participants was fairly wide with one young per@nyears of age, and the oldest couple
was in their early fifties. The three-hour sessi@s recorded with audio and video
equipment. The results of this focus group sesaierdiscussed in section 3.2.1.

As a gualitative technique, an interview involvesiaterviewer asking subjects a set of
semi-structured, probing questions usually in @ fi@meface setting. This setting could be
the subject’s home or a centralized interviewingatmn that is convenient for the
subject. Interviews can also be conducted by kelep. In this data collection method
the interviewer uses probing questions to obtairend@ata on the topic from the subject.
Sometimes this means taking the subject’s inigaponse and turning it into a question.
The more a subject talks about a topic, the mé&edylihe or she is to reveal underlying
attitudes, motives, emotions, and behaviors. hterviewer should be able to articulate
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the questions in a direct and clear manner salieagubject understands what he or she
is responding to.

The overall research objective of the interviews waprobe into the assumptions,
motivations, experiences and feelings that undérbeattitudes and opinions expressed
by some focus group participants. Subjects gammigsion to record the interviews

using a tape recorder. In addition, all questioase arranged on a single sheet of paper
with spaces after each question in order to makesmaf interest such as the demeanor of
an interviewee and other noteworthy remarks.

The sponsor, DiscoverThelslands.Com, was interaestegsting the ‘island’ theme of the
Website. Another research goal concerned vacdgstinations, specifically how
consumers search for, organize and select a vadadistination, the types of vacations
they like, and their preferences and needs durdngtions. A third goal revolved around
how consumers would like a travel website organ@estructured and the features, tools
or abilities they would like on a travel websitéhe final objective was to assess
consumers’ feelings and attitudes about ODAs ssdheir likelihood of using one, their
perceived value and benefits of using such a thelanticipated effects of ODAs on
consumer decision-making, customer loyalty ands&atiion. The specific questions
asked of respondents can be seen in Appendix E.

A sample of residents was drawn from approximaded0 people who submitted a
vacation giveaway Contest Entry Form on the traveddsite. Respondents were selected
from contest entrants living in the metro Vancouaeza of British Columbia and the
metro Seattle area of Washington State. In addiacnumber of respondents were
solicited in two shopping malls in British Columlhg a sign that promoted the vacation
giveaway. Appendix C shows an email letter thad sent to the managers of the
shopping malls requesting permission to conduetrvwrews there. Forty-seven interviews
were conducted over a three-week period.

After the interviews, data was transcribed fromtty®e recorder onto large sheets of flip
chart paper. There is a practice of data redu¢hahinevitably takes place during this
process but it is believed the technique capturedkey information for the purposes
identified in this study. The selected data wésrlkeyed into a spreadsheet and then
transposed so that all the responses of intervigweeach question could be viewed at
the same time. This data display makes it easgitivand sift through the material to
identify similar phrases, patterns, themes, refatigps between variables, and distinct
differences between interviewees. Key phrasesiseetc. were not coded ahead of
time but they emerged through a grounded approS&atce this is an area previously
unexplored by others in the ways indicated eaiiievas important to be very open to the
responses of interviewees and therefore this indritgéchnique was used. Thus, the
grounded approach seemed very appropriate.

The spreadsheet data display also made it eadgmify categories of interviewees,
differentiation between categories, and the freqigsnof phrases, themes, etc. Data was
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clustered around the themes, categories, and ghaaskarrived at the syntheses seen in
section 3.2.2.

The questions posed in the focus group conductédrie of 2005 are shown in
Appendix D. The aim was to compare and contrast tespondents view online and
offline aids. A group of 9 people were selectegegitheir experience with both online
and offline travel booking and willingness to shtreir experiences. One of the
respondents was a travel agent two years earltesaishe gave some useful
perspectives. The session was held at a local ecoityrcollege on a Tuesday evening.
This time slot made it more attractive for all papants to be present and the personal
invitation by the moderator was a key factor ad.wel

All focus groups and interviews began with a prel@nibat defined the entire spectrum

of thought on the issues at hand strongly implyheg any and every position was as
acceptable and respectable as any other.

3.2 FOCUS GROUP AND INTERVIEW RESULTS

3.2.1 Focus Group of 2004

Some of the themes that emerged from the sesstuded: the desirability of travel
packages, the suggestion that women preferred tisnigternet for shopping more than
men, and several recommendations for the designabsite.

Participants regarded travel packages as a trdtdsenay to enjoy a vacation. With
packages the traveler pays one amount and all aostsovered; there are no surprises.
The only disadvantage stated was that a packagds terkeep the tourist confined to a
hotel property. Packages are more often purchabked travelers are unfamiliar with the
destination, the language used in the country,f@nithe traveler has a particular budget
in mind. Typically packages are chosen after thedler has decided on the type of
vacation desired and the activities they want joyenSometimes the package would be
selected because a favorite activity was availabsespecific destination.

Participants consult the Internet, travel agemisnéls and relatives for suggested
destinations and then they search for good deatsapty on airfare or hotels. Sometimes
travelers also engage in an extensive researclamnipg process. This seems consistent
with the research direction of others and the nathesed by consumers to facilitate this
consultation process electronically. Goldberg,hdis, Oki and Terry (1992) conceived
the concept called collaborative filtering that masword-of-mouth recommendations
using the behavior and preferences of others. &elsers such as Viappiani, Pu and
Faltings (2002) advocate improving these electromdommendation systems to
overcome any shortcomings.

It was suggested that women spend more time segrte Internet than men. They

compare prices and check details thoroughly anad discuss the travel specifics with
their partner. Men prefer a simple website thaasy to use. They desire a website
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shopping experience to be similar to shoppingretail store; they do not want to spend
a lot of time looking for things and comparing jesc

Participants listed some desirable features aigetrwebsite such as detailed customer
reviews of hotels, a lot of color photos to helpudlize the destination, hotel, culture and
activities. They also would like the option of whiaey called a ‘power user’ mode that
would provide many search options and very ricbnmfation. This mode is similar to
how a sophisticated online decision aid would penfo They would be willing to pay for
the use of such an aid if it clearly demonstrated much it could save them. It is easy
to envisage that online tools will become more pdwend sophisticated in time as
digital goods can be discovered, tested, evalugtedhased, and delivered in just a few
minutes (West et al.,1999). For quick bookingrafél options that do not require
advanced search features however, participantsavauitick booking’ mode.

Participants objected to providing their persorahgand credit card information before
the website demonstrates that it could meet thetda with the type of vacation desired.
Consumers prefer to initiate an information flowgess that entails requesting their
permission to send them information on travel sgiecusing popup windows to display
things of relevance to them, and emailing promaitmnthem. When permission is
granted these interruptions may generate impulsghpses to the travel website without
irritating customers. This understanding of constgrand the control of information
flow is confirmed by Ariely (2000). Consumers \alilne high level of information
control with electronic communication.

Some travelers would like the website to get thenited about doing something or
going somewhere. Blom’s (2003) research pointplayful' users associating a
recommendation system with an entertainment deuiestly, participants indicated their
fondness of loyalty and membership programs. Tikey the idea of receiving rewards
for their continued use of a website. These resvaalild be in the form of travel deals
or rebates on travel bookings. Participants waeldvilling to pay for a membership if it
gave them access to a sophisticated ODA that cavd them more than the cost of the
membership. Haubl and Trifts (2000) suggest iigeetit agents play a role in the
personalization of a customer’s interface withdh&ne merchant so that a personalized
shopping environment can potentially increase enstdoyalty.

3.2.2 Interviews of 2004

A synthesis of the responses from interviews as agelhe semi-structured interview
guestion format can be seen in Appendix E.

Respondents could be placed in essentially fivegs@ccording to the benefits and
effects they experience while using an ODA (questib2 and 13). These groups are
those who say:

1) The ODA will save time & money; convenient, raras hassle.
2) | have the ability to customize my trip; persiread travel, design my
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own package.

3) ODA is accessible, convenient, helpful 24 hauday, 7 days a week as
compared to travel agent.

4) 1 will allow the ODA to influence me, give meeds.

5) ODA intrigues me, makes me curious, sounds tramdl so | will use it.

An insight when comparing these groups with theeeses provided in questions 1 and
4 is that for those who travel on the spur of tlemant, an ODA could provide
worry-free, planning assistance. These travelenst o visualize their vacation and see
what they are getting into. This is consisterthwie findings of Haubl & Trifts, (2000)
who report online tools assist consumers in decigiaking, and improve the quality of
their decisions. Also, respondents will allow DBA to influence them or give them
ideas. This makes sense as they are the tygeopfe who really do not organize their
vacation.

For other categories such as those consumers wjaniae a vacation primarily around
time available off work (time oriented), or aroundestination (destination-oriented), the
ODA is expected to give them the ability to custoena trip through personalized travel,
or to design their own package. Again this is reabte as these consumers are particular
with the way they organize a vacation and ward lt¢ as customized as possible.

For the budget-oriented category of traveler thgyeet the ODA will save them time
and money. This is logical. Forsyth, Lavoie, &dGuire (2000) referred to consumers
who desire to save time as simplifiers and disced¢iney comprise 29 percent of
Internet consumers and over 50 percent of all ertiansactions. The activity-oriented
traveler appreciates saving time & money as wesltj@es the destination-oriented
traveler but time and money saved seems to beimpsttant to the budget-oriented
traveler based on the frequency of keywords meatidy interviewees. Bellman, Lohse
& Johnson (1999) claimed consumers value the Wehis savings ability over its cost
savings capability.

An interesting insight came from those traveler®wlganize a vacation essentially
around a travel agent's recommendations. The\thky see and the expectations they
have for an ODA is for it to perform like a traxaent by making trip planning easier,
providing suggestions, answering any question,ighog one-stop shopping, etc.
Bechwati and Xia (2003) found that the consumesittars an ODA an effort saver since
they recognize if it were not for an ODA they wotlave to do the work themselves.
Moreover, Haubl and Trifts (2000) described onéhefkey functions of electronic
decision aids as that of making recommendatiorige Slynthesized groups from question
6 seem to confirm findings from questions 12, 13rid 4.

And finally, the notion that online intelligent deion tools (machine intelligence) could
simulate human intelligence interests people feargety of reasons. Interview data
indicates respondents believed using an ODA wowdenthem more satisfied with a
vacation choice; they would trust an online toe@ittexhibited intelligence. Respondents
appreciated the intelligence of such tools. Couneantly, respondents would be inclined
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to use the ODA often. ODA’s aroused the curiosityespondents as they were
surprised by how well Al could be engineered toarsthnd them and meet their needs in
planning a vacation. People are surprised witlaadements in science and technology
in general and how technology can empower humathsransform their lives and

society. Many people are captivated by technokdgimovations such as Al

applications of various types and machine inteflgee They recognize, however, that
such tools, applications and machine intelligerreer@ally exhibiting human intelligence
since it is humans who design these alternate fofrirgelligence. Lastly, people
eventually become accustomed to using intelliggstiesns and then the agents are no
longer regarded as intelligent.

The interviews were useful as they suggested soankansegments and how they will
use ODAs in different ways.

3.2.3  Focus Group 2005

A key revelation from this 3-hour session were teapondents believe the commissions
of travel agents have been reduced over the pastdars and so agents’ services have
been curtailed as well. The Financial Post Dai/well as other publications, has
documented the account of reductions in travel syeommissions. Furthermore, travel
agents used to have access to information thaduhkc could not see but that is no
longer the case. Respondents feel empowered hydaakh of travel information on the
Internet and their ability to book their travel imid. The combined effect of the
perception that travel agency services have dimm@tdsand that consumers are now able
to easily book travel products and services hagadnly weakened the image and profile
of travel agents.

However, there is some hesitancy to abandon thefusavel agents altogether. Some
respondents were reluctant to buy an expensiveltpgaeduct such as a cruise online
with a travel website that is unknown to them. rEhis some skepticism about websites
that online merchants have yet to overcome. Fsiairte, respondents point out that
consumers really do not know whom they are dealiitig on the Internet. One
respondent said, “It is harder to set up a brictt-arortar scam than an online one.” A
human contact in a traditional store makes a copsteel as though the consumer
knows whom he or she is dealing with. Law, Leund ®¥ong (2004) reported travel
agencies as being better than travel websitesowiging the human touch. In addition, it
seems some consumers would not solicit an unknogbsite or a brand name they did
not recognize to save a small amount of money liubes more likely to do so if there
was a large cost advantage with the online optlarthat situation, a consumer will
spend a considerable amount of time researchingrilee store before purchasing. This
is especially the case if consumers feel that tidyeturn to the website in the future;
they can then justify spending a lot of time chagkout the online store.

Respondents suggested travel agents could influeeaeravel plans considerably by

demonstrating their experience, such as suggdsisuye travelers book hotels on
weekends since prices are often lower then. larathuations, agents can locate
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information for their customers such as travel bhuwes or catalogs or information from
foreign tourism boards, etc. These efforts aregeized and valued by consumers. This
is one way in which agents can earn the trust ayaltly of customers. Bettman (1979)
and other researchers documented the consumegssassnt of effort expended
searching for information. Notwithstanding thefferés of agents, participants will still
look for information on their own. An example giveras some specific information
about the booking of a cabin on a cruise-ship @ahaarticipant discovered from a friend
who had been on a cruise rather than from theintag@ne respondent described himself
as a ‘research hound’ and it is suspected thisapaly to a surprisingly large number of
consumers. Perhaps this respondent would be fadaisby Bellman, Lohse & Johnson
(1999) as having a wired lifestyle. Respondentisnase that online consumers are not
particularly loyal to websites, but if the siteaigood resource, has a favorable reputation,
and consistently lower prices and superior selactizey will return to that online
merchant.

The amount of time some respondents were willingpend online is dependent on their
discretionary time. For other respondents it &lyehe convenience of online shopping
at any time that attracts them even if they maydpeaore time using the Internet to
research and plan a vacation. Cost is not an ssuneuch for these respondents either.
Another factor that influences the amount of tirperg online is the degree of
involvement in the product being researched. @spandent said she would spend a lot
of time looking for books online but not travel gduets because she has an interest in
books and not in travel as much. Another respondén is an extra large sized
gentleman will search for clothes online since ifficult for him to find extra large
clothes in local retail stores.

Participants feel that a travel website can perfasmvell or better than a travel agent in
learning about a traveler’s expectations and piogidppropriate recommendations.
This is a bit surprising since the former travetatgn the group said it could take hours
of conversation with a client to really know the=al’s preferences and desires. It was
agreed by all participants that a website has rpotential to “lead you by the nose” than
a travel agent because it is a mechanical, steygeem that features a lot of “eye candy”
as one participant put it. However, focus groupners reported they do not mind
being guided along or led because it could sava tmme money. It was noted that
people do not respond well to pressure tacticsiayt expect that from any type of
retailer whether the business is online or offliktudson et al. (2001) while using
mystery shoppers at travel agencies point to soam@pulative practices of agents.

Some members would resort to a website to book slaoit travel, or travel that is
straight forward or inexpensive. Law, Leung andnig/¢2004) also reported travelers’
belief that short-haul trips are better suiteddoline booking. There are some situations
where online options are not the favored choicae €&ample is when there is a special
travel situation that websites cannot deal witthsag a family of 5 that requires a special
arrangement of beds. Travel websites are typicedtyequipped to manage special
scenarios as this.
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The Internet is regarded as a significant resotiraeenlarges the shopping opportunities
for consumers. Participants feel that the levelarftrol they have over the Internet
compares with that of other media such as telavisigrint media. The former travel
agent said that the Internet has become an adedtgesource. With the Internet she
could show her clients a lot more to give them téelpédea of the vacation experience
they could expect. It helped her sell more. Sbaldrefer her clients to it in addition to
providing them with brochures. Brochures help @rifients back to her she said. Some
participants felt that the Internet could not geuatomer excited about a trip like an
agent can. Despite its large size the Internes do¢ compensate for this.

Some of the gratifications that respondents ddriv@ using the Internet include finding
what they want due to the vast amount of infornmgtgnods and services available
online. Also they can make comparisons, enjoyrmfdion and visuals, customize their
purchases, involve family members, and researclyshthemselves. Respondents raised
these points during the focus group session asdeékidback seems consistent with the
information respondents provided through the fonoven in Appendix F.

3.3 CASE STUDIES

The purpose of conducting case studies was to exaaah generalize theories by
answering the primary questions of how and why soress research and book travel
products online versus through a travel agent.o Adsntextual conditions were
examined such as the motivations of responderes, ghor experience and involvement
with travel and the Internet. The case studiegwseful in explaining presumed causal
links between a number of variables that the litemareview, focus groups, and
interviews uncovered. Nine people were includethecase studies with an age range
from 19-59 representing different stages in theilfahfie cycle. Some common
responses among those in a similar demographi@greue noted, as well as differences
in the travel planning decisions between case refgds.

3.3.1 Factors Associated with the Product Categerye as Moderators

It seems when faced with uncertainty or lack ofexignce, respondents generally
attempt to reduce risk by searching for informatiémformation search could be
conducted on the Internet or through a travel agefriends. Some respondents
regarded online sources of information such asl ihet®&ws as being equally reliable to
a travel agent’s opinion. This is consistent wiité findings of Klein (1998), Zeithaml
(1988), Bei, Chen & Widdows (2004).

According to Klein (1998), search products havedpot attributes for which consumers
prior to purchase can acquire full information.aBples of search products are music
CDs or books. Experience products such as trawigoges on the other hand, have
product attributes that cannot be known until pasghand use of the product. It could
also be that information search with experiencepcts is more costly and/or difficult.
When comparing the quality of the product, theimsic attributes of search products are
easy to access, concrete, and more objective aiscctinsumers are not inclined to rely
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much on the recommendations of others. Howeveartder to assess the quality of
experience products consumers utilize extrinsis ¢deithaml, 1988). For example, the
information for selecting a travel package is maistract and experience oriented. As a
result, the recommendations of others would be osa@ for experience products than
search products. Quality assessments requirergaghieformation from independent
sources such as web travel articles, discussidnatiter consumers, seeking opinions
from price and shopping comparison portals and sitkis. Information search is thus
regarded as an alternative to experience. FurthrernKlein (1998) concluded that
because the information of ‘experiencing’ is avalgsand abundant online, interactive
media such as the Internet could possibly transteaditional experience products into
search products.

Bei, Chen & Widdows, (2004) compared the importapicall the Internet information
sources between search and experience productfgamdithat online information
sources from other consumers, namely consumersian@ and consumers’ ratings, were
more important for experience products than searotucts.

Dabholkar and Bobbitt produced testable researapgsitions incorporating important
notions about product category; some of these nadasrare shown in the Conceptual
Framework of this research report (Dabholkar & BtbB0O01).

3.3.2 The Internet is Empowering to some but Oeltming to others

The youngest respondents (18-20 year olds) inquéati, enjoy the independence the
Internet provides. There is a sense of empowerthernnternet gives them and they take
pleasure in being able to do what a professioaaktragent does. Empowerment
includes the ability to take some control overghaation. Dabholkar (1996) found
control as an important determinant of using tetuebased self-service. The Internet
is certainly a self-service option for consumerd @rmffers users a sense of control that
they don’t have to wait to use. These young redpots however, recognize that travel
agents are more knowledgeable and have more erperand so they will engage agents
when necessary. One respondent indicated she wealthe Internet before using the
telephone, and regards herself as quite compteeate.

In contrast, the oldest respondents expressed aoriety, fear and difficulty using the
Internet. Information is difficult to find and tteundance of it seems to overwhelm and
confuse them to some extent. One respondent sdiddhno sense or desire for
empowerment through the web, rather the Internitigsand impersonal”, and that he
does not trust it but he trusts travel agents gmilexiates the effort they put into
planning and booking his travel. Another oldepasent said, “travel agents have an
opinion but travel websites don’t”. He and his sg® seem to enjoy the human
interaction and “human touch” provided by a traagént and that is it more “reassuring”
than using a travel website. Certain customerd t@éteract with service employees
rather than a machine (Dabholkar, 1996).
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Regardless of their apprehensions with the Intethete older respondents still use it but
only for simple travel situations or if they are'y@volved in a product purchase. For
instance, one respondent builds old-fashioned saaoa hobby and they require vacuum
tubes, which he cannot find locally, so he is wdlito purchase electronic parts from E-
Bay vendors and other suppliers he locates omtieenlet. He also believes the Ebay
website is easy to use. Another respondent celiggtars and she is willing to order
guitars online from as far away as South Amerigaahbse it is more convenient than
purchasing at a retail store in South America wbilevacation and having to travel back
home with such a bulky item. She also enjoys gpmoney due to the favorable
exchange rates between Canada where she residdgbeaBouth American countries
from which she imports guitars. Highly involvednsoimers are interested in all kinds of
information about a product and the Internet isiradly a complementary information
channel for them (Bei & Widdows, 1999). Conseqlyemighly involved consumers
could be expected to pay attention to key aspdasa@bsite (Hoffman & Novak 1996).

3.3.3 The Relationship of Knowledge

Less experienced travelers seem to be more depemléravel agents in many ways.
Respondents who were first-time visitors to trdeehtions reported the tendency to use
advice from travel agents and other knowledgeabtle more so than more
experienced respondents. A couple of respondeavslta fair amount for business
purposes. They confirmed that travel knowledgeemirom business trips helps them
plan a vacation. This is consistent with ErauD@Q0and his research in the field of tacit
knowledge.

3.3.4 The Internet is Useful and Easy to use $slaService Technology

Even older respondents will set aside their resEms about using the Internet when
they perceive the Internet to be useful or easysto Respondents said they would
search for information on the Internet hoping mafermation will help them make a
better purchase decision. Consequently, if therhat were perceived to provide
practical value it would be used more readily. ,Ben & Widdows (2004) found
perceived usefulness and ease-of-use of the Intacgeunts for a lot of the frequency of
online information use. They point out these twaaepts are related to the acceptance
of technology systems, of which the Internet isilasgt. Other researchers showed that
perceived usefulness had stronger direct and ictdimuences on behavioral intention,
while perceived ease-of-use had weaker influennesttdude formation (Davis, Bagozzi,
& Warshaw, 1989). Furthermore, ease of use andvine found to be important
contributors to using technology-based self-seryixabholkar, 1996: Davis et al., 1989).
Curran and Meuter also identified these factorsifisencing a customer’s decision to
use available technology (Curran & Meuter, 200B)us, perceived usefulness and ease-
of-use of the Internet seem to be strongly tiethéousages of the Internet by all
consumers, and this study confirms it applies tlzotespondents as well.
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3.3.5 The Impact of Motivation

The self-confidence younger respondents exhibiteteir knowledge and comfort using
the Internet seems to contribute to their enjoyneéitt One respondent said she’s never
had a negative experience with the Internet. Elegionship between confidence and a
fun experience could be expected to encourageregdiuse of the Internet, and this is
borne out by research. Self-efficacy or the assessa consumer has of his or her
ability to perform a task was found to be a magmtdr underlying intrinsic motivation
(Davis, Bagozzi, & Warshaw, 1989). In contrasfsuumers with a high need for
interaction with service employees are expectdddb the intrinsic motivation to use
technology-based self-service.

Numerous researchers including Joines, Scherem&8ele (2003), Korgaonkar and
Wolin (1999) suggest motivations play a greatee inlWeb usage than do
demographics. For instance, respondents frongaliggoups who did not regard the
Internet as providing a venue for social interactitd not participate in travel forums or
chat rooms. Likewise, all respondents who desdrthemselves as being time-starved
were more inclined to contact a travel agent teassh and book a trip. All respondents
with transaction-based security concerns abougusi@ Web are more likely to contact a
travel agent to book travel. Not surprisingly, emic motivations of saving money by
shopping online were common to all respondents.

3.3.6 The Influence of Demographics

Demographics are likely to continue to play an int@at role in predicting online
behavior. Respondents with school aged childranddravel websites often unable to
provide the information needed or allow bookingit@ommodate a family. The
requirement for multiple seats often means fewghfloptions could be found online, for
example. Using bed and breakfast establishmeatdesmirable as they provide a home
atmosphere that is more personal and secure wieslitrg with children than afforded
by typical hotel facilities. As a result, travelemts are consulted to locate B & Bs and
flights when traveling with family members.

3.3.7 Consumer Beliefs and Values

All respondents exhibited beliefs about travel ag@md travel websites and these
influenced their motivations to use one or the ptreboth to research travel options, and
select one primary channel to book travel. Thediefs were formed as a result of prior
experiences with a travel agent or website, proonali messages received from them,
and the opinions of friends and family members.

Respondents more likely to research and plan exegavith online and offline aids are
those with a disdain for novelty and surprise. sTdppears to be the older respondents.
The opposite seems true for younger respondengde’sl (2008) tour planning research
confirms this idea. Hyde’s paper also supportqsitéon that the time tourists spend
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consulting travel guidebooks, friends and relatiasl word-of-mouth advice increases
confidence, encourages the traveler to be morear¥ent of a fixed tour itinerary, and
reduces the need for pre-vacation accommodatiokifgo

Both the qualitative data collected and extracisfthe Literature Review gave insights
for building a Conceptual Framework that can belusenhelp predict consumer behavior
in the marketplace.

Figure 8 exhibits environmental influences on consudecision-making. Contributions

of this study include:

* A comprehensive Conceptual Framework that outliheddeterminants of online
leisure travel planning decision processes, thexpiy of these, and how the
determinants differ with various market segments.

» Market segmentation using socio and psychograptiaria such as social
acceptance, consumers’ involvement, knowledge,vatbin, along with
demographic dimensions.

* Models that can help predict consumer behavionénmarketplace.
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Figure 8. Environmental Influences on Consumer Decision-Making,.
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4 CONCEPTUAL FRAMEWORK AND
METHODOLOGY

The qualitative research and review of literatunesato help identify all of the factors
that affect leisure travel planning decision preess The purpose of the subsequent
guantitative research will be to examine how tHas®rs differ among market segments
and how the factors affect online travel bookinggimion. The reason for this choice is
that the online decision process concerns a tragbsbite the most when it comes to
mapping out a strategy in the competitive markeglawhen a travel website
understands how the various factors contributetsemers’ decisions to use an online
aid for planning and purchasing travel productsilitbe better able to target specific
consumers and meet their needs.

As in the research of Yoh (1999), the theory osoeeed action (TRA) proposed by
Fishbein and Ajzen (1975; Ajzen & Fishbein, 19880 amnovation adoption theory
provided the core structure of the framework shawiigure 9 below, and it is a good
starting point. Some modifications to this framekvaere made to suit the unique
dynamics of the travel product and the buying bedvaxf consumers. This contrasts
with Yoh’s model that is used to evaluate appanepping online. One of the primary
considerations for instance, is the fact that mrastel products are large ticket items
usually requiring much thought, knowledge, and Ilmgment so that consumers become
engaged in a planning or researching process bbigfiag or booking a travel product.
Thus, information search and plans often take phedere purchases. Participants in
focus groups, interviews and case studies oftexedathis topic of the desire to research.
Other researchers such as Hyde (2008) uncoveredlardynamic. Hyde tested a
model of pre-vacation decision-making and demotesdrthree interrelated but unique
stages including information search, plans and lmgsk Tourists search for travel and
destination information, make a plan of the vacatand then book components of the
vacation. Hyde also makes the point that manyigouresearchers use information
search and vacation planning interchangeably lvatyr&as the relationships between the
three stages been explored. Thus, the Conceptaialei?vork incorporates the act of
searching that sometimes precedes purchasing freselicts.

Numerous researchers, Korgaonkar and Wolin (1998)Cho & Roberts (2004), and
others assessed the importance of motivation téheskternet, and Yoh (1999)
acknowledged the value of including the constrdehotivation in future research.
Qualitative research findings in this report alsport the inclusion of motivation.
Consequently, Uses and Gratifications Theory preptise addition of motivation as one
of the determinants in the Conceptual Framework.

The existence of moderators between attitudesrgedtion were considered by

Dabholkar & Bobbitt (2001), and Dabholkar (2008) discussion of the impact of
experience versus search goods was included intdrature Review of this study.
These moderators are shown on the Conceptual FrarkeWwabholkar (2006) also
evaluated propositions concerning the attitude woress have toward self-service
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technology. In addition, situational influencesotigh the Theory of Planned Behavior is
shown to impact on actual online behavior, and Tineory of Reasoned Action is
expected to provide logical explanations of hoveimion to shop through the Internet
will have a direct positive effect on Internet shoyg behavior. These elements are also
shown in the Conceptual Framework.

Lastly, the determinants of knowledge and involvetweere outlined in the Literature
Review and they surfaced as key concepts duringubétative research.

Therefore, the Conceptual Framework in Figure 9rgegfrom analyses of the
gualitative data collected and the current readorgthe many factors that affect online
behavior described in the Literature Review. Trespmptions made from the
Framework are that a consumer can plan their traitblan online aid or with an offline
aid, and a third option is to plan their leisuivgl with the assistance of both an online
and offline aid. In addition, a consumer can pasgha travel product with the guidance
of an online aid or offline aid. The arrows in tiegram illustrate these alternatives.
There are two additional scenarios demonstratégei-ramework. They include the
option of no purchase by the consumer or the choicese neither an online nor an
offline aid. The latter situation could occur wheetraveler will go somewhere without
any needed assistance. For instance, a traveledetwide to visit a relative and will
simply drive to the destination. Furthermore, fiaetors that shape the choice of aid a
consumer uses to plan or purchase a travel prededhe degree of influence an aid has
on the consumer, which is probably related to theunt of trust the consumer places in
the aid, the level of the consumer’s product knolgkeand involvement, the consumer’s
motivations and gratifications, and the consumeesographics.

It is beyond the scope of this study to test gleass of the Conceptual Framework but it
is a useful framework to explain the dynamics afisien processes as they relate to
purchases of travel products.

One of the quantitative analyses that will be useshalyzing data gathered from a
survey instrument is logistic regression. Regmessiethods are important parts of any
data analysis that seeks to describe the relaijphgtween a response variable and one
or more explanatory variables. In the last deckmgstic regression has become a
standard method of analysis when the outcome \arialgiscrete, that is, having two or
more possible values. The goal of any model-bogdechnique is to find the best fitting
and parsimonious, yet reasonable model to desttrébeelationship between the
dependent variable and a set of independent vasaate Hosmer and Lemeshow
(2000). Given the interest is essentially in thteriplay of the main variables that lead to
online booking intention, it was decided to iniydlocus the model building exercise
around seven key research questions. These quesina their related hypotheses are
shown in section 4.1 below. Consequently, key bygges from the parsimonious
component of the Conceptual Framework that pointiane travel booking intention,
which is the primary focus, will be selected fastieg in the logistic regression analysis
that follows later in this study. What resultsrfrohis analysis will be later referred to as
Model 1. These key elements and hypotheses avensind~igure 10 below.
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The Conceptual Framework includes the determinaindsline and offline leisure travel
planning decision processes. After identifying fhetors, the focus is on how certain
determinants combine to make consumers use owlaig as this is of greatest interest to
the sponsor, DiscoverThelslands.com. The Framewankalso be used to test
hypotheses around the use of both online and effiianning and purchasing at a later
date as future research.
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Conceptual Framewaork to explain online
booking behavior for leisure travel products

Beliefs about booking with
travel agent

Figure 9. Conceptual Framework Explaining Purchases of Leisure Travel Products.
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4.1 HYPOTHESES AND RESEARCH QUESTIONS

Figure 10 shows the portion of the framework thiitlve used for generating hypotheses
to be tested through logistic regression featunedadel 1 and illustrated in section 5.10.
Recall, these determinants emerged from theordtmaleworks consisting of the theory
of reasoned action and innovation adoption theory.

Beliefs about online travel
booking

Prior experience with the
Internet

Online travel booking
intention

Beliefs about booking with
travel agent

Normative Beliefs
Social support for online
travel booking

Subjective Norm
Social acceptance of online
travel booking

Figure 10. Parsimonious Model for Logistic Regression Analysis
The research questions and accompanying hypothebestested are as follows:

1b. How do consumers’ beliefs about online travaking influence their attitude
toward online travel booking?

Hlb Consumers who have more positive beliefs aboline travel booking will have
a more positive attitude toward online travel bogkihan consumers who have less
positive beliefs about online travel booking.

1k. How do consumers' attitudes toward online trbeeking affect their intention to
purchase travel products online?

H1lk Consumers with a more positive attitude taz@mline travel booking have
greater intention to purchase travel products enivan consumers who have a less
positive attitude toward online travel booking.

1f. How does a consumer’s beliefs about social stdpr online travel booking impact
acceptance of online travel booking?

H1f. Consumers who have more social support fonerttavel booking will perceive

more social acceptance of online travel booking tt@nsumers who have less social
support.
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1g. How does a consumer’s perceptions of the exbewhich significant referents
approve of Internet use for online travel bookisghjective norm) affect online travel
booking intention?

H1g. A consumer’s perceptions of the extent to Wisignificant referents approve of
Internet use for online travel booking will posgly affect prediction intention to use the
Internet for travel booking.

1h. How do consumers’ prior experience with thednét influence their beliefs about
online travel booking?

H1lh Consumers with more prior experience with titerhet and Internet travel will
have more positive beliefs about online travel iegkhan do consumers who have less
prior experience with the Internet.

1i. How do consumers’ beliefs about travel agemisact their decision processes?

H1li. Consumers who have more positive beliefs abaunrel agents will have lesser
intention to purchase travel online than do consaméo have less positive beliefs
about travel agents.

1j. How do consumers’ prior experience with thesinet influence their online travel
booking intention?

H1j  Consumers who have more prior experience viaghlmternet and Internet travel
will have greater intention to purchase travel malihan do consumers who have less
prior experience with the Internet.

It will also be useful to determine the impact dier factors contributing to the behavior
of consumers. These additional factors emerged the qualitative research, literature
review and include motivation and gratificationahg Therefore, other research
guestions of interest are: 1) Among consumers wihiohase leisure travel online, what
level of product knowledge and involvement do thaye?; 2) How might ODAs
influence consumers in their leisure travel plagrdecision process?; 3) Among
consumers who purchase leisure travel online, whdérlying motivations prompts this
choice of purchase?; 4) How do the gratificatiomg anotivations differ among market
segments of those who purchase online? As a relsi#t consisting of the variables
knowledge, involvement and motivation and how timegact online booking intention
will be analyzed using logistic regression as w&eEsults from this analysis will be later
referred to as Model 2.

And, finally there are some research questionsraraiemographic dimensions. What
significant differences exist in terms of age, gameducation, occupation, or family
income of those consumers who do and do not puedeasire travel online?
Spearman’s Rank Order Correlation and the Kruskaligtest will be employed to help
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answer these questions. If there are significamapraphic predictors of online booking
intention they will be included in a third logistiegression model, Model 3, which will
utilize the most important variables from Modelarid 2.

Hypotheses

H2a Age is negatively related to intention to bar@kvel through the Internet.

H2b Level of education is positively related tceintion to book travel through the
Internet.

H2c Level of household income is positively relatedntention to book travel through
the Internet.

H2d Gender and purchase behavior are independeaicbfother.

4.2 SURVEY INSTRUMENT

An online survey questionnaire shown in Appendiw& used to determine how the
various factors affect travel planning and purchgsiecisions. Respondents were
invited by various businesses that expressed aresttin the research including The
Prestige Hotels & Resorts, Budget Car Rentals,Kétde Valley Steam Railway, The
Fintry Queen boat charters, and DiscoverThelslaods.

Thirty five questions were asked to assess pripeg&nce with computers and the
Internet, purchasing patterns online and offliredidfs and attitudes about travel agents
and travel websites, knowledge of travel and ingotent with it, motivations for using
the Internet, and various demographics. A totdl3fi0 respondents completed surveys.
One hundred and two surveys were deleted, as regspavere not complete. The survey
was pre-tested after about 250 surveys were cetlexs discussed fully in Section 5.0.

Some of the tests that will be used on the dateaed from the survey instrument
include the following:

» Factor analysis, which simplifies the data by reédgc¢he information contained
in a large number of variables into a smaller nunabesubsets or factors. This
helps identify the main factors.

» Pearson chi-square test of independence and logggfiession to determine
which variables are most strongly associated vighimtention to book online.

e Spearman correlation analysis and the Kruskal-&/&kt to assess demographic
data.

» Tests of association such as the Spearman cooreledefficient, measure the
degree of linear association between two variables.

Section 4.2.1 to 4.2.7 below show the elementh@turvey that were based on Yoh's
(1999) model but modified to suit this study’s sadtjof travel.

59



4.2.1 Beliefs about Booking with a Travel AgentdanTravel Website

Five 7-point semantic differential items (safe/yisr credit card use,
convenient/inconvenient, expensive/inexpensivdicdit/easy, enjoyable/unenjoyable,
were used to measure beliefs about booking withwel agent and booking with a travel
website. If necessary, these five key items wallused to create a scale as advocated by
Fishbein and Ajzen (1975). The other three itanefficient/efficient certain/prone to
errors, reliable/unreliable were used to enhanceainderstanding of beliefs. In addition,
to supplement the eight belief-measuring itemsoirtp_ikert scale items measuring
service provided by travel agents, ease of usst, trelative price, and convenience were
added, with endpoints of “definitely agree” (1) adefinitely disagree” (7).

4.2.2 Importance of Beliefs

Importance of each belief (i.e. credit card safetnvenience, price, ease of transactions,
enjoyment was asked in relation to purchasingistite travel products in general with
7-point Likert scales using endpoints “very unintpat” (1) and “very important” (7).

To calculate belief scores as recommended by Fistaoel Ajzen (1975), each
importance weight is multiplied by each belief abbooking with a travel agent to create
a score for beliefs about booking with a travelrageémportance weights could be used
to generate a score for beliefs about booking wittavel website. The means of the
sums of weighted belief scores may be used to gentre research variables: beliefs
about booking with a travel agent, and beliefs albooking with a travel website.

Beliefs such as accuracy of data, travel dealssandce will not be used in the scale
unless it was shown that the statements are diffi@teng, correlated properly with the
five key beliefs, and contributed meaningfully be tscale.

4.2.3 Attitudes about Booking with a Travel Agearid a Travel Website

For a global measure of attitude, four 7-point seteadifferential items
(positive/negative, good/bad, desirable/undesiraldeless/beneficial were used. If
needed, the mean of the four items will be usetth@sariable, attitude toward booking
with a travel agent, and attitude toward bookinthvai travel website.

4.2.4 Social Support for Booking Travel Online

Social influence on Internet travel booking was sugad by two 7-point scales that were
based on Fishbein and Ajzen (1975), with endpduteinitely agree” (1) and “definitely
disagree” (7). In addition, one likely/unlikelypbint scale item asking about the degree
of willingness to comply with salient others wasluded. Once could use this
willingness weight item multiplied by the two megassiof social influence on Internet
travel booking. The mean of the sums of weightemtess could be used to generate the
score social support for booking travel online, ethis a social norm component in the
theory of reasoned action (Fishbein & Ajzen, 1975).
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4.2.5 Social Acceptance of Online Travel Booking

Social acceptance of online travel booking wasrdd@teed by a question asking about the
degree of agreement that some of my friends orlyaoiy travel products online with a
7-point scale from “definitely agree” (1) and “dafely disagree” (7).

4.2.6 Online Travel Researching and Booking Intenti

Two 7-point highly likely/highly unlikely bi-polascales were used to determine travel
researching and booking intention.

4.2.7 Prior Experience with the Internet and Ing¢ifravel

A variety of questions to assess prior experienitie thie Internet, Internet travel and
various travel products purchased and researchezlinguded in the questionnaire.

Other questions in the survey from 4.2.8 to 4.2véPe designed to measure specific
constructs deemed important for travel productsaasgssing the determinants of leisure
travel planning decision processes.

4.2.8 Construct of Involvement

Involvement research by Zaichkowsky (1985) poirgageral items for measuring this
construct, however J. Zaichkowsky (personal en@ailespondence, April 24, 2008)
confirmed the appropriate use of 10 semantic diffeal items as follows:
unimportant/important, valuable/worthless, intaregboring, exciting/unexciting,
unappealing/appealing, involving/not involving, dasating/mundane, needed by me/not
needed, irrelevant/relevant, and means nothingaion@ans a lot.

4.2.9 Construct of Product Knowledge

For a product class knowledge scale, three iteams ffark, Mothersbaugh & Feick
(1994) were used on a 7-point scale ranging frorg familiar to very unfamiliar.
Respondents during the qualitative research usetetms ‘travel products’ and ‘travel
destinations’ interchangeably and so it was thotminépeat the questions by referring to
products and then referring to destinations. Faatalysis will reveal if the underling
factor is the same or not.

1. How much do you feel you know about travel preid?

2. Compared to your friends and acquaintances,maoeh do you feel you know
about travel products?

3. Compared to a travel agent, how much do yolyfae know about travel
products?

1. How much do you feel you know about travel mhegtons?
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2. Compared to your friends and acquaintances,rmaeh do you feel you know
about travel destinations?

3. Compared to a travel agent, how much do yoluyfae know about travel
destinations?

4.2.10 Construct of Motivation

A total of eleven questions asked respondentsdicate to what extent they agreed or
disagreed with the reasons for using the Inteistgsd below.

For the social-interaction motivation scale, thtems were used from Ko, Cho, &
Roberts (2004) on a 7-point disagree to agreetldcale.

1. 1 wonder what other people said
2. To express myself freely
3. To meet people with my interests

The convenience motivation scale used three iteoms Ko et al. on a 7-point disagree to
agree format.

1. It's convenient to use
2. | can get what | want for less effort
3. | can use it anytime, anywhere

The information motivation scale used five iten@nfirKorgaonkar & Wolin (1999).

Because it gives quick and easy access to largened of information
Overall, | learn a lot from using the Web

So | can learn about things happening in the world

Overall, information obtained from the Web is usefu

Because it makes acquiring information inexpensive

arnNE

4.2.11 Demographic Variables

Common demographic questions on occupation, agelegeincome, education, and
family life cycle were included.

4.2.12 Switching Behavior

Some additional questions were designed to assest/hamic of switching behavior
from online to offline travel booking. Severaltst@ents were presented in a 7-point
disagree to agree format suggesting why the regarttkcided to purchase travel offline
when their original intent was to book it online.
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5 DATA ANALYSIS

Many single item measures appear in the surveguimgnt as opposed to multiple-item
scales and the reasons for this follow. Drolet lslogdrison point out that a focus on
reliability or the internal consistency betweemiteof a multiple-item scale could have a
negative impact on the information gathered bysaaecher. For instance, even though a
larger number of scale items will increase theat®lity (coefficient alpha) of a scale, an
increase in the number of scale items could cauntiilbo respondent fatigue, boredom
and inattention to survey questions. Moreovely #rgue, when considering a fixed
number of questions, the use of multiple-item messteduces the number of different
constructs a researcher can investigate. Theyaalddhat the incremental information
from each additional item is extremely small evethwery modest error term
correlations between the items (Drolet & Morrisgf01).

Rossiter (2002) states that if the object can Imeeptualized as concrete and singular
and the attribute can be conceptualized as condretees not require multiple items to
represent it in the measure. The term ‘concretiers to objects and attributes that
nearly all the consumers in a survey describe idalht since the raters agree on the
definition of both the object and attribute of tenstruct. In addition, the term ‘singular’
means the constructs do not have different 'facBdlet and Morrison (2001) show
mathematically how increasing the number of itema measure of a doubly concrete
construct will actually decrease its validity comgzhwith a measure of one or two good
items.

Bergkvist and Rossiter (2007) using the criteribpredictive validity show that single-
item measures of constructs consisting of a coaaiegular object and a concrete
attribute such as attitude toward the ad and d#itoward the brand are equally valid as
multiple-item measures. They also point to Zaiahdiy’s measure of personal
involvement as an example where use of a singte @@ be made for measures in which
multiple items representing the attribute are synoous adjectives.

Pre-testing the questionnaire was important tadeddi the instrument. After about 250
surveys were collected the data was analyzed &sasle survey instrument and
determine whether any changes were needed. Ddlspisgnall proportion of unfinished
surveys referred to below, there were no signifigaps in responses to indicate that
guestions were unclear to respondents or that nelgmds were skipping a particular
guestion. Question items seemed easy to readratetstand, meaningful to participants
and sufficiently detailed. Directions providedtie questionnaire appeared to be helpful
as well.

The time taken by each respondent to do the swesyrecorded. The average time
respondents spent completing the survey was 23tesniburveys that were completed
in five minutes or less (about four percent oftibial) were inspected to see if
respondents rushed through the survey only tovedhe incentive provided by
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merchants. When it appeared a large proportiajuestions were left unanswered the
survey was discarded on the basis that the infeomatovided was untrustworthy.

Some questions had reverse-scale items and resgersdemed to notice these and
answered those questions correctly since theioresgs were logical and consistent
across similar questions. For instance, beliefexgensive’ and ‘difficult’ were

reversed compared to other beliefs of ‘conveniésdfe using credit card’, and
‘enjoyable’. The average value for beliefs of ‘erpive’ booking with a travel agent was
3.34 whereas the average value for beliefs of ‘egpe’ booking with a travel website
was 4.33. A higher value indicates respondentgsHat travel websites are more
inexpensive comparatively speaking since 4 is tltpaint on a 7-point semantic
differential bi-polar scale and a value of 1 iswhan the questionnaire next to the word
‘expensive’ while a value of 7 is the endpoint Xpensive’.

Respondents also selected responses properly whgpacing researching online
through travel websites with researching usingdragencies. For example, one might
expect most respondents would find researching tratrel websites is more convenient
than with travel agencies and response patterrfgeotinis. The average value for
feelings of ‘convenient’ researching with a traggent was 3.93 while the average value
for feelings of ‘convenient’ researching with avieawebsite was 1.89. A lower value
indicates respondents felt that travel websitesraree convenient compared to travel
agents since 4 is the middle value on a 7-poirlesad a value of 1 is the endpoint
‘convenient’ while a value of 7 is shown next taconvenient’ on the semantic
differential scale.

Responses to similar questions presented in diffgrarts of the questionnaire were
unvarying. For example, when asked ‘to what exyentagree or disagree with each of
the following statements’, respondents indicatedserage value of 4.83 on the
statement, ‘it's more convenient to research tra¥ifihe by visiting a travel agent’. A
value of 1 equals ‘definitely agree’, and 7 is émelpoint ‘definitely disagree’, thus an
average value of 4.83 indicates somewhat disagmeenith the statement.

Respondents also appeared to notice the distinictiquestions between researching and
booking. In the questions, ‘How much of your leegpersonal travel have you
researched online in the past 12 months?’ and ‘Bhmeh of your leisure/personal travel
have you purchased online in the past 12 monthg?ptoportion of leisure travel
researched online was greater than the proporfitisure travel purchased online. An
average value for the former was 4.39 and therlaths 3.73. On the survey
guestionnaire a value of 1 represents 0%, 2 =thess25%, 3 = 25% to less than 50%, 4
= 50% to less than 75%, 5 = 75% to less than 1@0#b6 = 100%.

Respondents were not confused with the six questisking their familiarity with travel
products, destinations and travelling in genefidley indicated consistent responses
demonstrating they equate knowledge about trawelymts with knowledge about
destinations. After all the data was collectedtdaanalysis of the construct product
knowledge confirmed this assertion as seen in Apipeh
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Thus, the overall consistent and expected patteresponses seems to be thoughtful,
rational and dependable and so no changes weretm#ue survey. A total of 1300
surveys were submitted. One hundred and two sameye deleted, as responses were
not complete, leaving 1198 completed surveys fta daalysis.

Data analysis was performed using both SPSS 1li7d0Stata 10 software. Statistical
analysis was conducted using Pearson’s chi-sqaatef independence, logistic
regression analysis, Spearman correlation anafgsigyr analysis, and the Kruskal-
Wallis test. A 95% confidence interval was usedetermine the level of statistical
significance for tests.

The data was assessed for normality, linearityreordoscedasticity. Multivariate
normality was not evident with most variables. n&f@rmations of these variables did
not improve normality; furthermore, the data neetdeble simplified in order to make
comparisons easier. Therefore, categories of thesables were merged when needed.

Even though factor analysis is not recommendetbfgistic regression analysis, it was
employed to examine the underlying patterns otimgahips among involvement,
knowledge, and motivation statements of the questioe (see sections 4.2.8, 4.2.9, and
4.2.10 respectively). Appendix J contains grapbiais analysis.

Ten involvement statements established Zaichkovesky985) affective and cognitive
components in the questionnaire. An examinatiothe@fcorrelation matrix revealed the
presence of many coefficients of 0.3 and abovee Ré&iser-Meyer-Oklin value was
0.886 and Bartlett's Test of Sphericity reachetigttaal significance, supporting the
factorability of the correlation matrix. Principgdmponents analysis revealed the
presence of two components with eigenvalues exegediexplaining 50.05%, and
14.77% of the variance respectively. An inspectibthe scree plot shows a clear break
after the second component. This was further supgdy the results of Parallel
Analysis, which showed only two components witheggenvalue exceeding the
corresponding criterion value for a randomly getegtalata matrix of the same size (10
variables x 1198 respondents). The interpretadfdhe two components is consistent
with previous research by Zaichkowsky’s (1985) @iedive and cognitive components.
Affective items loaded on Component 1 and most itivgnitems loaded on Component
2. There was a negative correlation between tlogaators (r = -0.356).

Six product knowledge statements were used indlestgpnnaire. The Kaiser-Meyer-
Oklin value was 0.824 and Batrtlett's Test of Sptigrireached statistical significance,
supporting the factorability of the correlation nvat Principal components analysis
revealed the presence of one component with ameddige exceeding 1, explaining 72%
of the variance. An inspection of the scree phaiveés a clear break after this first
component. This was further supported by the tesilParallel Analysis, which showed
only one component with an eigenvalue exceedingdhesponding criterion value for a
randomly generated data matrix of the same sizari@bles x 1198 respondents). The
interpretation of the one component is consistetit previous research on product
knowledge by Park, Mothersbaugh & Feick (1994)rth@rmore, factor analysis
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establishes that respondents regard travel dastsadnd travel products as one and the
same when asked to state their familiarity witlvéfa

Eleven motivation statements were assessed. Amiaation of the correlation matrix
revealed the presence of many coefficients of d3adbove. The Kaiser-Meyer-OKklin
value was 0.872 and Batrtlett’s Test of Sphericéigched statistical significance,
supporting the factorability of the correlation nvat Principal components analysis
revealed the presence of three components witimeddiges exceeding 1, explaining
41.53%, 14.53%, and 9.72% of the variance, respygti An inspection of the scree plot
shows a clear break after the third component. ifiteepretation of the three
components is similar to the previous study onaenteraction and convenience
motivation conducted by Ko et al. (2004), as wslirdormation motivation by
Korgaonkar & Wolin (1999). Information motivatigiems loaded on Component 1,
social motivation on Component 2, and convenienadéd on Component 3, but also on
Component 1.

Based on the goals of the study, for each hypatsswn in Figure 10 section 4.1, a
chi-square test of independence was firstly usdaivariate logistic regression tests
followed to determine if the independent variabkswgignificantly related to the outcome
variable. A model containing variables that explie response variable of each
hypothesis tested was developed. Therefore, Hrereeven models, one for each H
hypothesis. Lastly, three final models predictomiine travel booking intention were
built using a stepwise method by selecting spevditables for multivariable analysis.

Spearman correlation analysis and the Kruskal-\#/#dst revealed insights on the
demographic data that are useful for segmentatiopgses. Demographic dimensions
could be combined with variables of the final medel target leisure travelers for
marketing purposes.

Table 5.1 shows the demographic distribution ofsdw@ple before merging categories to
accommodate certain statistical tests. Femalesgsepted the largest gender of
respondents. Family income was quite evenly thgted. The dominant age groups
were between 26 and 55 years of age. Almost 90féspiondents had a level of
education beyond high school and the largest cagdgl completed trade school,
college, or a university degree.
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Table 5.1

Frequency Distribution of Demographic Variables

Statistics

Which category best

annual income of all

describes the total combined

In which one of the
following categories

does your current

categories best

Which one of the following

corresponds with your last

Gender |members of your household? age fall? completed year in school?
N Valid 1141 1150 1154 1152
Missing 57 48 44 46
Gender
Cumulative
Frequency Percent Valid Percent Percent
Valid male 425 35.5 37.2 37.2
female 716 59.8 62.8 100.0
Total 1141 95.2 100.0
Missing System 57 4.8
Total 1198 100.0
Which category best describes the total combined an nual income
of all members of your household?
Cumulative
Frequency Percent Valid Percent Percent
Valid under $25,000 50 4.2 4.3 4.3
$25,000 to $49,999 169 14.1 14.7 19.0
$50,000 to $74,999 228 19.0 19.8 38.9
$75,000 to $99,999 186 155 16.2 55.0
$100,000 to $149,999 224 18.7 195 74.5
$150,000 or more 150 12.5 13.0 87.5
Prefer not to answer 143 11.9 12.4 100.0
Total 1150 96.0 100.0
Missing System 48 4.0
Total 1198 100.0

67




Table 5.1continued, Frequency Distribution of Demographicislles

In which one of the following categories does your

current age fall?

Frequency Percent Valid Percent Cumulative Percent

Valid under 18 1 A A A
18to 25 137 114 11.9 12.0
26to 35 298 24.9 25.8 37.8
36 to 45 307 25.6 26.6 64.4
46 to 55 271 22.6 23.5 87.9
56 to 65 120 10.0 10.4 98.3
66 to 70 12 1.0 1.0 99.3
over 70 8 7 7 100.0
Total 1154 96.3 100.0

Missing System 44 3.7

Total 1198 100.0

Which one of the following categories best correspo

nds with your last completed year in school?

Cumulative
Frequency | Percent | Valid Percent Percent
Valid some grammar school (1-8 grade) 2 2 2 2
completed grammar school 3 3 3 A4
some high school (9-12 grade) 22 1.8 1.9 2.3
completed high school 105 8.8 9.1 11.5
some trade school, college, or 267 22.3 23.2 34.6]
university
completed trade school, college, or 552 46.1 47.9 82.6)
university degree
graduate studies or degree 150 125 13.0 95.6]
(masters)
post graduate studies or advanced 51 4.3 4.4 100.0
degree (PhD)
Total 1152 96.2 100.0
Missing System 46 3.8
Total 1198 100.0
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5.1 STATISTICAL CALCULATIONS

5.1.1 Logistic Regression

The logistic regression approach starts with an@ason study, followed by univariate
analysis, and ends with stepwise logistic regressialtivariable model building.
Appendix L contains details on the approach usdtke process will be employed firstly
to test H hypotheses shown in Figure 10 and the resultdlas&rated in individual
models for each hypothesis.

5.1.2 Final Model Building

Logistic regression is also utilized in the finabdel building stage where Models 1, 2
and 3 are developed and compared to determineeitditting model for predicting
online booking intention, which is the ultimate fotthis research study. The final
model building process involves determining whiehiables best predict online travel
booking intention. The first model developed, Miotewill use the variables from each
relevant hypothesis test that contributes dirdctlgnline travel booking intention shown
earlier in Figure 10. These variables come fromoafiyeses ki, Hij, Hyj and He. Model

2 contains variables of product knowledge, involeatrand motivation that are not
shown in Figure 10 but are known to influence omlimoking intention as revealed by
gualitative research and through the literaturéengv The development of Model 2
follows the same statistical procedure outlinedvaboviodel 3 utilizes the most
statistically significant variables from ModelsAda2. The three models will be
compared to find the one that best explains detexnts affecting the outcome variable,
online travel booking intention. Thus, a totatlmfee final models are built using logistic
regression. All three models, exhibited in SecalD, use relevant variables or
determinants that contribute to online bookingntiten.

5.1.3 Spearman correlation analysis and KruskaligVal

Spearman correlation analysis and the Kruskal-\&/gdist will be employed to evaluate
demographic variables. Relationships betweenedjgation level, household income,
gender and key variables are examined in sectibh 5.

5.2 HYPOTHESIS TESTS

Hypotheses in the parsimonious component of thec€utmal Framework (Figure 10 of
section 4.1) were tested using logistic regresskeor. each hypothesis featured below,
Pearson chi-square test of independence was fus#yg to assess if there was
independence between each predictor and corresppresponse variable. After each
association test was conducted, a summary talireeahdependence tests is provided to
indicate which variables were kept and which omegped. This is followed by
univariate logistic regression tests to determihetier the independent variable in the
model is significantly related to the outcome vialéa A summary table of the univariate
fits is provided. Finally, a model was built faah hypothesis by selecting variables for
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the multivariable analysis using a stepwise metbagkplain the predictors for the
response variable of each hypothesis. A summattysomodel building is shown.

Seven hypotheses in the parsimonious componehedEbnceptual Framework were
tested. They are listed below.

Hlb Consumers who have more positive beliefs aboline travel booking will have
more positive attitude toward online travel bookihgn consumers who have less
positive beliefs about online travel booking.

H1lk Consumers with a more positive attitude tas@mline travel booking have
greater intention to purchase travel products eriran consumers who have a less
positive attitude toward online travel booking.

H1f. Consumers who have more social support fonertravel booking will perceive
more social acceptance of online travel booking tt@nsumers who have less social
support.

H1g. A consumer’s perceptions of the extent to Wisignificant referents approve of
Internet use for online travel booking will posgly affect prediction intention to use the
Internet for travel booking.

H1lh Consumers with more prior experience with titerhet and Internet travel will
have more positive beliefs about online travel bgkhan do consumers who have less
prior experience with the Internet.

H1li. Consumers who have more positive beliefs abranel agents will have lesser
intention to purchase travel online than do consemdo have less positive beliefs
about travel agents.

H1j  Consumers who have more prior experience vighlnternet and Internet travel
will have greater intention to purchase travel malihan do consumers who have less
prior experience with the Internet.

As stated earlier, predictor variables retainediftesting hypotheses, i Hi;, Hy; and
Hix will comprise the elements used in the first fileddel 1 to be developed using
logistic regression. Other variables of interastxplaining online travel booking
intention deal with product knowledge, involvemant motivation. Consequently,
logistic regression examines these in Model 2.

Research questions of a demographic nature inelhdé significant differences exist in
terms of age, gender, education, occupation, olyantome of those consumers who
do and do not purchase leisure travel online?

Hypotheses to be tested in section 5.11 are thmafiolg:
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H2a Age is negatively related to intention to béwkel through the Internet.

H2b Level of education is positively related tceimtion to book travel through the
Internet.

H2c Level of household income is positively relatedntention to book travel through
the Internet.

H2d Gender and purchase behavior are independeaicbfother.

5.3 BELIEFS AFFECTING ATTITUDES

HypothesidH1b - Consumers who have more positive beliefs abounherttiavel booking
will have a more positive attitude toward onlineviel booking than consumers who have
less positive beliefs about online travel booking.

5.3.1 Association (Correlation) Study

The response variable is attitude (desirable - lmgpwith a travel website) and consists
of four categories (1=very desirable, 2=2, 3=3u#desirable) after merging three of
them.

Predictor variables are beliefs about booking &ithavel website: convenient, safe using
credit card, expensive, difficult, and enjoyablactein three categories (e.g. 1= very
convenient, 2= convenient, 3= inconvenient). Atsmyesponding variables for the
importance of those beliefsyeasured in three categories (1= unimportant, 2eftapt,
3=very important). Two exceptions were credit dandortance and price importance
which were collapsed into two categories (1= sonawhportant, 2= very important).

A Chi-square test for independence with an alph@.05 between variabldadicated
statistically significant associations between #tgtude ‘desirable’ — booking with a
travel website, and beliefs ‘convenient’, ‘safengscredit card’, ‘expensive’, ‘difficult’,
‘enjoyable’, ‘convenience importance’, ‘enjoymentgortance’, and ‘ease of transactions
importance’. The belief predictors having a strasgociation with the attitude response
variable ‘desirable’ - booking with a travel welesére summarized in Table 5.31.

Table 5.3 1
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Convenient Keep 302.437 <0.001 1150 6
Safe using credit card Keep 144918 <0.001 1151 6
Inexpensive/Expensive Keep 24.3633 <0.001 1149 6
Easy/Difficult Keep 70.9345 <0.001 1147 6
Enjoyable Keep 264.758 <0.001 1148 6
Credit Card Safety Drop 3.867 0.276 1146 3
Importance
Convenience Importance Keep 40.7434 <0.001 1145 6
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Price Importance Drop 0.7805 0.854 1145 3

Enjoyment Importance Keep 32.826 <0.001 1147 6
Ease of Transactions Keep 421254 <0.001 1146 6
Importance

5.3.2 Univariate Logistic Regression Fits

Eight of the predictor variables from the corredatstudy are kept and two discarded.
Next, with attitude variable ‘desirable’ - bookigth a travel website set as the
dependent or response variable and testing thefbednvenient’ as a predictor,
univariate logistic regression was performed usitgvel of significance of 0.05. Other
remaining predictor variables are tested in thismea also. The decision to keep
predictor variables at this stage was made prignhaked on the likelihood test. Results
for all eight variables are summarized in Table25.3

The predictors, ‘ease of transactions importancel @njoyment importance’, are not
useful predictors when considering both the likaditi test and Wald test and hence they
were dropped at this stage of analysis.

Table 5.3 2
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Convenient Keep 249.84 0.0000 -1443.8785
Safe using credit carc  Keep 120.82 0.0000 -1510.4479
Inexpensive/Expensive  Keep 17.91 0.0010 -1558.9879
Easy/Difficult Keep 60.81 0.0000 -1534.8168
Enjoyable Keep 241.35 0.0000 -1446.718
Convenience Keep 23.47 0.0000 -1550.4147
Importance
Enjoyment Importance  Drop 6.94 0.0311 -1560.9091
Ease of Transactions  Drop 6.88 0.0320 -1560.4595
Importance

5.3.3  Model Building

Stepwise ordinal logistic regression was perforteealssess the impact of the remaining
six predictor variables on the attitude ‘desirablbboking with a travel website. The
importance of each variable included in the modes werified through an examination
of the Wald test statistic. Evidence of interagsion the data was tested and no
interaction was found between variables. Five iptets were kept to comprise an
adequate model for predicting the attitude destraltlooking with a travel website. This
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model, seen in Table 5.33, yields the largest likegjihood and largest R-squared value,
which means these predictors accounted for over d¥te variability in the outcome
variable. With categorical variables Stata crekteslicator variable sets as explained in
Appendix L. The procedure is to omit the firstgpoof variables so it acts as a baseline
for other categories to help understand their odtiss. For example, in Table 5.33, the
odds ratio for Convenient_2’ is 2.36, and it is the odds of the “convenient” tods
booking with a travel website being “Desirable -0Rmg with a travel website” divided
by the odds of “very convenient” towards bookinghna travel website being “Desirable
- Booking with a travel website”. The variable fyeonvenient” is the omitted category
used as a baseline. Likewise, the odds ratio3ff far ‘Convenient_3’ is the odds of

the “inconvenient” towards booking with a travelhsée being “Desirable - Booking
with a travel website” divided by the odds of “vexynvenient” towards booking with a
travel website being “Desirable - Booking with aviel website”. Interpreting odds ratios
among categories of such predictor variables imghat when a respondent believes
booking with a website is more ‘convenient’ thesaigreater probability their attitude
would be desirable about booking with a websitbe $ame applies to other belief
variables of ‘safe using credit card’, ‘enjoyablahd the ‘importance of convenience’.

The belief variable ‘difficult’ is reversed in tlipiestionnaire so that 1 = very difficult

and 7 = very easy; thus, the odds ratios are iregerg accordingly and the foregoing
comment on how beliefs affect desirability is ugheHypothesis ki, is supported with
predictor variables for the attitude ‘desirablehsisting of ‘beliefs’ ‘convenient’, ‘safe’,
‘easy’, ‘enjoyable’ and ‘convenience importanc#’is also supported with predictor
variables for the attitude ‘positive’ consisting'béliefs’ ‘convenient’, ‘safe’, ‘easy’, and
‘enjoyable’ as revealed in Appendix H. These tutdiales were deemed most important
in supporting hypothesisiglespecially when one considers the outcome of lmgsid

Hix shown in section 5.9.3.

Table 5.3 3

Model Building for Hypothesis H1b

Ordered logistic regression uniber of obs = 1124
LR chi2(10) = 448.36 Prob >chi2 = 0.0000
Log likelihood = -1308.0296 sdado R2 = 0.1463

Odds Ratio Std. Err. Z

P>|$95% Conf. Interval]

Desirable

_____________ I I _— —_——— —_—— ——————

Convenient_2 2.358838 .3189057 6.35 0.000 1.8997%074519
Convenient_3 5.359373 .9072796 9.92 0.000 3B4607.468141
Safe 2 1.400351 .1858937 2.54 0.011 1.07954816486
Safe 3 2.287803 .3585625 5.28 0.000 1.68271.910467
Easy/Difficult_2 1.796947 .2815473 3.74 0.000.321807 2.442881
Easy/Difficult _3 1.080542 .1518013 0.55 0.5818204641 1.423062
Enjoyable_2 2.536173 .3333304 7.08 0.000 r96 3.281351
Enjoyable_3 5.723521 .9994333 9.99 0.000 4984 8.059329
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Convenience_2 9180914 .1323792 -0.59 0.55320724 1.217924

Importance

Convenience _3 6994149 .1086951 -2.30 0.08157638 .9484599

Importance

_____________ [ R — _— _—— —— ——————
/cutl 5715657 .1762238 2261735 .9869
/cut2 2.124583 .1880352 1.756041 21293
/cut3 3.213266 .2007895 2.819726 3666

5.4 SOCIAL SUPPORT IMPACTS SOCIAL ACCEPTANCE

Hypothesis H1f Consumers who have more social support for onteneet booking will
perceive more social acceptance of online traveking than consumers who have less
social support.

5.4.1 Association (Correlation) Study

The response variable is ‘some of my friends orilfarbuy travel products on the
Internet’ measured in four categor{@s-definitely agree, 2=generally agree, 3=somewhat
agree, 4=disagree).

Predictor variables are ‘my friends or family thinkhould purchase via the Internet’ (1=
agree, 2=neutral, 3= disagree) ang friends or family encourage me to purchase trave
products via the Internet’ (1= agree, 2=neutralji8agree).

A Chi-square test for independence with an alpha@® between variables indicated
statistically significant associations betweenrdegponse and both predictor variables are
summarized in Table 5.41.

Table5.41
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Friends or family encourage  Keep 200.018 <0.001 1179 6
me to purchase
Friends or family think | Keep 119.543 <0.001 1176 6

should purchase
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5.4.2 Univariate Logistic Regression Fits

Both predictor variables from the correlation stadg kept. Next, with social acceptance
- ‘'some of my friends or family buy travel prodsicin the Internet’ set as the dependent
or response variable and testing social supportffiepds or family think | should
purchase via the Internet’ as a predictor, univardiagistic regression was performed
using a level of significance of 0.05. The secpretlictor variable was tested as well.

Both variables are useful predictors and theretbey were retained at this stage of
analysis.

Table 5.4 2
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR chi2 Prob> Log
chi2 likelihood
Friends or family encourage Keep 200.90 0.0000  -1476.2487
me to purchase
Friends or family think | Keep 112.97 0.0000 -1516.2071

should purchase

5.4.3 Model Building

Stepwise ordinal logistic regression was performedassess the impact of the two
predictor variables. Only one predictor was keptia adequate model to predict social
acceptance — ‘some of my friends or family buy étgeroducts on the Internet’. This
model, seen in Table 5.43, yields the largest lioglihood and largest R-squared value.
When both variables, ‘my friends or family thinlshould purchase via the Internet’ and
‘my friends or family encourage me to purchase dlgwoducts via the Internet’ are
considered together as predictors, the significaricariable ‘my friends or family think

| should purchase via the Internet’ is reduced @ta&ally demonstrating that these
predictors are correlated and pointing to the needirop one of them in the final
hypothesis hH, model. Also, when both predictor variables aresidered in another
model as an interaction, the log likelihood is Istig larger —1467.2888 than in the model
below but thep-values in the Wald tests are 0.556 and 0.943Hertivo categories of
‘my friends or family think | should purchase vigetinternet’, and thp-value is 0.393
for the interaction variable. Thus, the introdantiof the interaction term dramatically
affects the odds ratios apevalues of other variables in the model. Oddssaindicate
hypothesis ht is supported with the predictor variable ‘my figlsnor family encourage
me to purchase travel products via the Internet’.

Table 5.4 3

Model Building for Hypothesis H1f

Ordered logistic regression uniber of obs = 1179
Rlchi2(2) = 200.90
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roB>chi2 = 0.0000

Log likelihood = -1476.2487 sdado R2 = 0.0637

Some of my friends | Odds Ratio Std. Err.  P>|z| [95% Conf. Interval]
or family buy

_____________ I I _— —_——— —_—— ——————

My friends or family_2 4.126538 .5229572 11.18 0.0 3.21894  5.290039
encourage me to purchase
My friends or family_3 7.426781 1.196088 12.45 000 5.416441 10.18327
encourage me to purchase

_____________ Fommmee — —_— —_— ————
/cutl | -.3320433 .0947562 -.517762 -.1463246
/cut2 | 1.468659 .1064667 1.259988 1.67733
/cut3 | 3.022479 .1297167 2.768239 3.27672

5.5 SOCIAL ACCEPTANCE AFFECTS ONLINE BOOKING
INTENTION

Hypothesis H1g A consumer’s perceptions of the extent to whighi§icant referents
approve of Internet use for online travel bookint positively affect prediction
intention to use the Internet for travel booking.

5.5.1 Association (Correlation) Study

The response variable is, ‘how likely is it thatiywill book or purchase any travel
product through the Internet within the next sixmis?’ The variable is very positively
skewed and so categories were merged. (1=highdlyliR=likely, 3=somewhat likely,
4= unlikely).

The predictor variable is ‘some of my friends omfly buy travel products on the
Internet’ (1=definitely agree, 2=generally agree, 3=somewgate, 4= disagree).

A Chi-square test for independence with an alpha@® between variablé@sdicated a
statistically significant association between tbgponse and predictor variables (see
Table 5.51).

Table 551
Summary of Pearson Chi-square Test of Independence

Variable Keep/Drop Pearson p-value n df
Some of my friends or family  Keep 133.747 <0.001 1172 9

buy travel products
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5.5.2 Univariate Logistic Regression Fits

Table 5.5 2
There is no need to create Table 5.52 or to conduct this test, accordingly, model
building is the next step.

5.5.3  Model Building

Ordinal logistic regression was performed to asessmpact of the predictor variable as
shown in Table 5.53. HypothesigHs supported with the predictor variable ‘some of
my friends or family buy travel products’ as denoated by the odds ratios.

Table 5.5 3

Model Building for Hypothesis H1g

Ordered logistic regression uniber of obs = 1172
Rlchi2(3) = 94.44
roB>chi2 = 0.0000

Log likelihood =-1349.767 eRdo R2 = 0.0338

Online booking intention | Odds Ratio Std. Err.z  P>|z| [95% Conf. Interval]
_____________ [ S — _— _—— —— ——————
Some of my friends or_2 1.575911 .2535146 2.83 09.01.149741 2.160048
family buy travel products
Some of my friends or _3 2.982762 .5000484 6.5200®. 2.147425 4.143041
family buy travel products
Some of my friends or _4 5.341185 1.057895 8.46 0M.03.62281 7.874623
family buy travel products

_____________ Fommmee — —_— —_— ————
/cutl | .830102 .1311966 5729615 1.087243
/cut2 | 1.753132 .1389964 1.480704 2.02556
/cut3 | 2.624315 .1514581 2.327462 2.921167

5.6 PRIOR EXPERIENCE WITH INTERNET INFLUENCES BELHS

Hypothesis H1h - Consumers who have more prioee&pce with the Internet and
Internet travel will have more positive beliefs abonline travel booking than do
consumers who have less prior experience withriteriet.

5.6.1 Association (Correlation) Study

The response variable is the belief about ‘bookwith a travel website being
convenient’ (1= very convenient, 2=convenient, Bsonvenient). Other studies follow
with beliefs ‘safe using credit card’, ‘inexpensiveasy’, and ‘enjoyable’, as illustrated
in Appendix .
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Predictor variables are associated with the follmaguestions: “Could you access the
Internet with your present computer at home or Wofk=yes, 2=no), “Do you have
access to the Internet from places other than lemerk?” (1=yes, 2=no), “How long
have you been using the Internet?” (1= less thaqoal to 10 years, 2= more than 10
years), “About how much time do you use the Integaeh week for any reason other
than work?” (1=less than 4 hours, 2=5-10 hoursm®re than 11 hours), “How many
leisure trips have you taken in the past year?”l€ss than or equal to 5, 2= more than
6), “How often do you visit a travel website to@asch or book a leisure travel product?”
(2= less than twice a year, 3= once every few ngyrthevery month, 5= at least once a
week), “How much of your leisure travel have yosaarched online in the past 12
months?” (2=less than 25%, 3=25 to less than 56%0% to less than 75%, 5=75% to
less than 100%, 6=all), “How much of your leisuvel have you purchased online in
the past 12 months?” (1=none, 2=less than 25% bu than 0%, 3=25% to less than
50%, 4=50% to less than 75%, 5=75% to less thafol®@&all). Additional predictor
variables were prior experience purchasing spetdiel products online such as
‘cruises or charters’, ‘destination tour/attractiarkets’, ‘vacation packages’, ‘boat
tours’, ‘hotels or accommodation’, ‘wine tours’]l*aclusive resorts’, ‘airline tickets’,
‘car rentals’, ‘scenic rail tours’, ‘long-distantmin tickets’.

A Chi-square test for independence with an alpha@® between variabl@sdicated
statistically significant associations betweenrdsponse and predictor variables is
summarized in Table 5.61.

Table 5.6 1
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Access Internet from home Drop 1.7491 0.417 1138 2
Access internet elsewhere Drop 4.0582 0.131 1129 2
How long using Internet Drop 2.7667 0.251 900 2
How much time use Interne Drop 6.3637 0.174 1141 4
Cruises or Charters Drop 5.6812 0.058 1150 2
Destination tour/ Strong - 22.2613 <0.001 1150 2
attraction tickets Keep
Vacation packages Strong - 20.5326 <0.001 1150 2
Keep
Boat tours Moderate -  7.3372 0.026 1150 2
Keep
Hotels or accommodation Strong - 52.2531 <0.001 1150 2
Keep
Wine tours Drop 5.0558 0.080 1150 2
All-inclusive resorts Drop 5.9089 0.052 1150 2
Airline tickets Strong - 45.0086 <0.001 1150 2
Keep
Car rentals Strong - 28.3406 <0.001 1150 2
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Keep

Scenic rail tours Drop 2.1208 0.346 1150 2
Long-distance train tickets Drop 1.1972 0.550 1150 2
Number of leisure trips Drop 1.210 0.876 1146 4
Frequency visit website Moderate 14.4985 0.025 1137 6
Keep
Travel researched online  Strong - 47.7511 <0.001 1140 8
Keep
Travel purchased online Strong - 91.0628 <0.001 1142 10
Keep

5.6.2 Univariate Logistic Regression Fits

Nine predictor variables from the correlation stadg kept. Next, with ‘beliefs about
booking with a travel website — convenient’ setlesdependent or response variable and
testing each of the nine remaining variables adigtor, univariate logistic regression
was performed using a level of significance of 0.05

Table 5.62 shows the useful predictors, thus thenewept after this stage of analysis.

Table 5.6 2
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Destination tour/ Keep 22.05 0.0000 -1148.0103
attraction tickets
Vacation packages Keep 19.21 0.0000 -1149.4309
Boat tours Drop 2.83 0.0926 -1157.62
Hotels or Keep 38.19 0.0000 -1139.9379
accommodation
Airline tickets Keep 37.57 0.0000 -1140.2501
Car rentals Keep 28.08 0.0000 -1144.9957
Frequency visit Keep 9.94 0.0191 -1139.417
website
Travel researched Keep 48.02 0.0000 -1122.2274
online
Travel purchased Keep 81.05 0.0000 -1111.1073
online
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5.6.3 Model Building

Ordinal logistic regression was performed to astessmpact of the predictor variables,
(see Table 5.63). Evidence of interactions indai was tested and no interaction was
found between variables. Three predictor variablesretained, namely “How much of
your leisure travel have you purchased online éngast 12 months?”, and prior
experience purchasing specific travel productsnenlidestination tour/attraction tickets’
and ‘airline tickets’.

Table 5.6 3
Model Building for Hypothesis H1h
Ordered logistic regression uniber of obs = 1142
Rlchi2(7) = 91.96
roB>chi2 = 0.0000

Log likelihood = -1105.6496 sdado R2 = 0.0399
Convenient belief | Odds Ratio Std. Err.  R>|z| [95% Conf. Interval]
_____________ I I _— —_——— —_—— ——————
Destination tour/
attraction tickets_1 7703476 .1014477 -1.98 0.048951018 .9971998
Airline tickets_1 6917295 .1088812 -2.34 0.019 08B051 .9417142
Travel purchased ~2 6178131 .1402221 -2.12 0.03B59715 .9639407
online
Travel purchased ~3 6223413 .1467944 -2.01 0.043D19692 .98811
online
Travel purchased ~4 .3885707 .0900114 -4.08 0.0m167695 .6118554
online
Travel purchased ~5 3553591 .0837524 -4.39 0.0(#R38993 .5640037
online
Travel purchased ~6 2323604 .0602342 -5.63 0.0Q898 .3862041
online
_____________ [ S — _— _—— —— ——————

/cutl | -1.014697 .1737116 -1.355165 -.6742282

/cut2 | 2768121 .1706348 -.057626 .6112502

Based on odds ratios generated, hypothegisstsupported with predictor variables as
indicated above in Table 5.63 and in the four medeleloped to test other belief
variables in Appendix I.
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5.7 TRAVEL AGENT BELIEFS INFLUENCES ONLINE BOOKING

Hypothesis H1i - Consumers who have more positelefs about travel agents will
have lesser intention to purchase travel onlina tmconsumers who have less positive
beliefs about travel agents.

5.7.1 Association (Correlation) Study

The dependent variabig online booking intention operationalized by tuevey
guestion, ‘how likely is it that you will book oupchase any travel product through the
Internet within the next six months?’ (1=highlydil, 2=likely, 3= unlikely).

Independent variables are beliefs about booking witravel agent, ‘convenient’ (1=very
convenient, 2=2, 3=3, 4=4, 5=5, 6=6, 7= very in@ment), ‘safe using credit card’
(1=very safe, 2=somewhat safe, 3=risky), ‘experigilrevery expensive, 2=expensive,
3=somewhat expensive, 4=neutral, 5= inexpensiddjicult’(1=very difficult, 2=2,

3=3, 4=4, 5=5, 6=6, 7= very easy), ‘enjoyable’ (&mvenjoyable, 2=enjoyable,
3=somewhat enjoyable, 4=neutral, 5= unenjoyable).

A Chi-square test for independence was conductddami alpha of 0.05 between
variables. The belief predictors having a strosgpaiation with online booking intention
are summarized in Table 5.71.

Table 5.7 1
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Convenient Keep 77.2893 <0.001 1153 12
Safe using credit card Keep 15.7054 0.003 1151 4
Inexpensive/Expensive Keep 24.4302 0.002 1148 8
Easy/Difficult Keep 39.1877 <0.001 1140 12
Enjoyable Drop 12.8426 0.117 1146 8

5.7.2 Univariate Logistic Regression Fits

Four of the predictor variables from the correlatsudy are kept for univariate analysis
using a level of significance of 0.05. Resultsdtifour variables are in Table 5.72.

Table 5.7 2
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Convenient Keep 66.77 0.0000 -1123.0574
Safe using credit carc  Drop 5.16 0.0758 -1152.2255
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Inexpensive/Expensive
Easy/Difficult

Keep
Keep

22.17
14.07

0.0002
0.0288

-1140.1399
-1136.098

5.7.3 Model Building

Stepwise ordinal logistic regression was perforteealssess the impact of the remaining
predictor variables. This model can be seen inelaly3. Odds ratios imply that when
belief in the inconvenience of travel agent bookdegomes stronger the probability of
booking online increases, and vice versa. Simyilalstronger belief that booking with
agents is expensive causes the probability of lmgplkkavel online to be greater, and the
opposite is true. Hypothesis;i$ supported with predictor variables beliefs,
‘convenient’ and ‘expensive’ likely to influence lore booking intention.

Table 5.7 3

Model Building for Hypothesis H1i

Ordered logistic regression

unber of obs = 1144
Rlchi2(10) = 84.80
roB>chi2 = 0.0000

sedo R2 = 0.0370

Log likelihood = -1103.6079

Online booking | Odds Ratio Std. Err.  z>|ZP  [95% Conf. Interval]

_____________ Fommmeee —

Convenient Agent_2 6949821 .1470624 -1.72 0.088590439 1.052187
Convenient Agent_3 .56535 1126525 -2.86 0.004825854 .8354665
Convenient Agent_4 4832885 .0947551 -3.71 0.006290919 .7097341
Convenient Agent_5 3222874 .0659659 -5.53 0.00015784  .4813573
Convenient Agent_6 3759087 .0803525 -4.58 0.000472484 5715196
Convenient Agent_7 2366068 .0530696 -6.43 0.00@52443 .3672374
Expensive Agent_2 .96842 2062165 -0.15 0.880 79832 1.470008
Expensive Agent_3 1.339712 .2681934 1.46 0.14904923 1.983404
Expensive Agent_4 1.558646 .3092299 2.24 0.025056b06 2.299444
Expensive Agent_5 1.872257 .3630945 3.23 0.001280R31 2.738056
_____________ [E S — _— - — ————

/cutl | -.238606 .1876412 -.606376 .129164

lcut2 | 673292  .1884401 3039561 1.042628
5.8 PRIOR EXPERIENCE INFLUENCES ONLINE BOOKING

INTENTION

Hypothesis H1j Consumers who have more prior experience withritexet and
Internet travel will have greater intention to pusse travel online than do consumers
who have less prior experience with the Internet.
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5.8.1 Association (Correlation) study

The dependent variable is defined by this survegstion, “How likely is it that you will
book or purchase any travel product through theriat within the next six months?”
(1=highly likely, 2=likely, 3= unlikely).

Predictor variables are associated with the follmaguestions: “Could you access the
Internet with your present computer at home or ®grkDo you have access to the
Internet from places other than home or work?”,iHong have you been using the
Internet?”, “About how much time do you use thestnet each week for any reason
other than work?”, “How many leisure trips have yaken in the past year?”, “How
often do you visit a travel website to researchaok a leisure travel product?”, “How
much of your leisure travel have you researchethenih the past 12 months?*, “How
much of your leisure travel have you purchasedeni the past 12 months?”.
Additional predictor variables were prior experienrchasing specific travel products
online such as ‘cruises or charters’, ‘destinatmm/attraction tickets’, ‘vacation
packages’, ‘boat tours’, *hotels or accommodatiomine tours’, ‘all-inclusive resorts’,
‘airline tickets’, ‘car rentals’, ‘scenic rail tosit, ‘long-distance train tickets’. The same
categories found in Section 5.6.1 are used fordfuidy.

A Chi-square test for independence with an alpha @ indicated statistically
significant associations between the response gedigbor variables. See Table 5.81.

Table 5.8 1
Summary of Pearson Chi-square Test of Independence

Variable Keep/Drop Pearson p-value n df
Access Internet from home Drop 1.1990 0.549 1152 2
Access internet elsewhere Keep 10.6725 0.005 1142 2
How long using Internet Keep 12.3355 0.002 914 2
How much time use Interne Keep 26.4283 <0.001 1154 4
Cruises or Charters Keep 24.2710 <0.001 1162 2
Destination tour/ Keep 83.0406 <0.001 1162 2

attraction tickets
Vacation packages Keep 51.4516 <0.001 1162 2
Boat tours Keep 12.4100 0.002 1162 2
Hotels or accommodation Keep 167.3162 <0.001 1162 2
Wine tours Drop 3.8269 0.148 1162 2
All-inclusive resorts Keep 34.4294 <0.001 1162 2
Airline tickets Keep 149.8317 <0.001 1162 2
Car rentals Keep 104.3931 <0.001 1162 2
Scenic rail tours Keep 9.3069 0.010 1162 2
Long-distance train tickets Keep 20.1219 <0.001 1162 2
Number of leisure trips Keep 26.999 <0.001 1174 4
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Frequency visit website Keep 113.5537 <0.001 1164 6
Travel researched online Keep 195.1190 <0.001 1168 8
Travel purchased online Keep 396.6179 <0.001 1169 10

5.8.2 Univariate Logistic Regression Fits

Seventeen predictor variables from the correlagioly are kept. Next, with ‘online
booking intention’ set as the dependent or respwagable and testing each of the
seventeen remaining variables as a predictor, vatedogistic regression was
performed using a level of significance of 0.0ablE 5.82 shows useful predictors and
therefore they were retained after this stage afyars.

Table 5.8 2
Summary of the Univariate Fits - Ordered Logistic Regression

Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Access internet Keep 10.34 0.0013 -1145.0631
elsewhere
How long using Keep 10.80 0.0010 -909.02287
Internet
How much time use Keep 22.67 0.0000 -1150.8708
Internet
Cruises or Charters Keep 25.75 0.0000 -1156.7137
Destination tour/ Keep 83.03 0.0000 -1128.072
attraction tickets
Vacation packages Keep 51.39 0.0000 -1143.8935
Boat tours Keep 11.97 0.0005 -1163.6054
Hotels or Keep 153.29 0.0000 -1092.9424
accommodation
All-inclusive resorts Keep 32.75 0.0000 -1153.2141
Airline tickets Keep 137.87 0.0000 -1100.6526
Car rentals Keep 103.19 0.0000 -1117.9918
Scenic rail tours Keep 9.15 0.0025 -1165.0126
Long-distance train Keep 22.19 0.0000 -1158.4914
tickets
Number of leisure Keep 25.27 0.0000 -1169.5325
trips
Frequency visit Keep 113.57 0.0000 -1115.747
website
Travel researched Keep 180.29 0.0000 -1084.1797
online
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Travel purchased Keep 394.07 0.0000 -981.3132
online

5.8.3 Model Building

Ordinal logistic regression was performed to asiessnpact of the predictor variables
as summarized in Table 5.83. Evidence of intevastin the data was tested and no
interaction was found between variables. Nine igtedvariables are retained. After
dropping variable ‘how long’ from the model the Lbidselihood was drastically reduced
therefore it is better to have ‘how long’ in the scebeven though the-value is greater
than 0.05. An interpretation of odds ratios implikat the probability of purchasing
online goes up given one has access to the Intéomtplaces other than home. The
probability of online purchasing rises given one had prior experience booking travel
products online such as destination tour/attradickets, hotels, airlines, car rentals, and
long distance train tickets. The probability afg®s up given: a) one has been using the
Internet for over 10 years; b) a respondent sparmate time using the Internet each
week, and ¢) more than six leisure trips have lakeen in the past year. Hypothesis H1
is supported with predictor variables as indicated.

Table 5.8 3
Model Building for Hypothesis H1j
Ordered logistic regression uniber of obs = 905
LR chi2(10) = 211.36
Prob>chi2 = 0.0000

Log likelihood = -798.24388 sdado R2 = 0.1169
Online booking intent | Odds Ratio Std. Err.z  P>|z] [95% Conf. Interval]
_____________ I I _— —_——— —_—— ————
Access internet ~2 1.4931 2538671 2.36 0.018 9946 2.083608
How long _2 7970714 .1105501 -1.64 0.102 .607350846056
How much time ~2 .6690802 .1106377 -2.43 0.015 386882 .9251904
How much time ~3 6866295 .1157825 -2.23 0.026 33887 .9555552
Destination tour_1 585597  .0936697 -3.35 0.001 806R4 .8012233
Hotels_1 .5844946 .1088823 -2.88 0.004 .405709220862
Airlines_1 4263674 .0848113 -4.29 0.000 .288713 296534
Car rentals_1 .61966 1013073 -2.93 0.003 .449778337194
Long-distance train _1 4451325 1715177 -2.10 ©.032091731 .9472678
# leisure trips ~2 520033 .1041964 -3.26 0.001511397 .7701616
_____________ I I _— —_——— —_—— ——————

/cutl | -1.739807 .1900862 -2.112369 -1.367245

lcut2 | -.6616858 .180963 -1.016367 -.3070049
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5.9 ATTITUDES AFFECT ONLINE BOOKING INTENTION

Hypothesis H1k - Consumers who have a more positiadfirmative attitude toward
online travel booking have greater intention toghase travel products online than
consumers who have a less positive attitude towalide travel booking.

5.9.1 Association (Correlation) study

The dependent variable is online booking intendiemelated to the survey question,
‘How likely is it that you will book or purchase atravel product through the Internet
within the next six months?’ (1=highly likely, 2kély, 3= unlikely).

Independent or predictor variables are attitudes@ated with booking through a travel
website, ‘positive’ (1=very positive, 2=positivesmewhat positive, 4= negative),
‘good’ (1=very good, 2=good, 3=somewhat good, 4d)paesirable’ (1=very desirable,
2=desirable, 3=somewhat desirable, 4= undesirablegficial’(1=very useless, 2=2,
3=3, 4=4, 5=5, 6=6, 7=very beneficial).

A Chi-square test for independence with an alpha @5 between variabl@sdicated
statistically significant associations betweenrégponse and predictor variables is
shown in Table 5.91.

Table 5.9 1
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Positive Keep 56.7686 <0.001 1143 6
Good Keep 75.4782 <0.001 1137 6
Desirable Keep 77.9602 <0.001 1143 6
Beneficial Keep 56.0263 <0.001 1135 12

All predictor variables are showing strong assammatvith the response variable and are
subsequently kept for univariate analysis.

5.9.2 Univariate Logistic Regression Fits

Table 5.92 shows useful predictors following uniate analysis with a level of
significance of 0.05 and therefore they were retifor model building.

Table 5.9 2
Summary of the Univariate Fits - Ordered Logistic Regression

Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Positive Keep 53.75 0.0000 -1117.7315
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Good Keep 68.72 0.0000 -1103.5631
Desirable Keep 74.97 0.0000 -1108.8751
Beneficial Keep 53.93 0.0000 -1109.2622

5.9.3 Model Building

Ordinal logistic regression was performed to astessmpact of the predictor variables
as shown in Table 5.93. Evidence of interactionthe data was tested and no interaction
was found between variables. Two predictor vaeglare retained, that is, attitudes
‘positive’ and ‘desirable’. Hypothesis;kis supported with predictor variables as
indicated.

Table 5.9 3

Model Building for Hypothesis H1k

Ordered logistic regression uniber of obs = 1139
Rlchi2(6) = 90.63
roB>chi2 = 0.0000

Log likelihood = -1095.8494 sdado R2 = 0.0397

Online booking intention | Odds Ratio Std. Err.z  P>|z| [95% Conf. Interval]

_____________ Fommmeee —

Attitude - Positive_2 1.657191 .3090251 2.71 0.007.149859 2.388364
Attitude - Positive _3 1.850172 .3728868 3.05 0.002.246406 2.746406
Attitude - Positive _4 2.035 3948651 3.66 0.000.391233 2.976658
Attitude - Desirable_2 1.059371 .1782909 0.34 0.732617139 1.473345
Attitude - Desirable _3 2.011242 .3811825 3.69000. 1.387201 2.91601
Attitude - Desirable _4 2.455406 .4529616 4.87000. 1.7104 3.524917
_____________ Fommme e — —_ —_ ———-

/cutl | 1.006965 .1437764 7251686 1.288762
lcut2 | 1.95028 .1522511 1.651873 2.248686

5.10 FINAL MODELS

As stated earlier, the final model building proces®lves determining which variables
best predict online travel booking intention. Tist model developed, Model 1,
includes retained variables resulting from theste$thypotheses g Hy;, Hyj and He

since thegontribute directly to online travel booking intemt as illustrated in Figure 10.
These variables were exhibited in Tables 5.53,,%88 and 5.93 respectively. In the
final models odds ratios may be interpreted to gahg relative importance of predictors
and their predictive ability.
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5.10.1 Model 1 Analysis and Results

Thus in Model 1, Table 5.10fhe dependent or response variable is online bgokin
intention as related to the survey questidfow likely is it that you will book or
purchase any travel product through the Interngtimihe next six months?”
Categories were merged so that three remain, gilsyhiikely, 2 = likely, and 3 =
somewhat likely.

Furthermore, 13 independent or predictor variahtesas follows:

Some of my friends or family buy travel productstba Internet,

Belief that booking with a travel agent is ‘convemt/inconvenient’,

Belief that booking with a travel agent is ‘expefs|

Having access to the Internet from places other Hmane or work,

Length of time a person has been using the Internet

Number of leisure trips taken in the past year,

The attitude that it is positive to book with aiewebsite

The attitude it is desirable to book with a trawelbsite

Prior experience purchasing five specific travedurcts online such as, ‘destination
tour/attraction tickets’, ‘hotels or accommodatioairline tickets’, ‘car rentals’, ‘long-
distance train tickets’.

At this stage model building was a simple taskesiait variables have already been
merged where necessary, and assessed using auanesest for independence, and
univariate analysis using a level of significan€®®5. One variable was dropped
through an examination of the Wald test statislibis was the variable related to the
guestion, “About how much time do you use the m@éeach week for any reason other
than work?”

The results of Model 1 can be seen in Table 5.101e model as a whole yielded a log
likelihood of -709.05 and an?Rf 16.46%. As Hilbe (2009) indicates the propmrél
odds model assumes equality of slopes among respevels or categories, so that the
odds ratios pertaining to 1 = ‘highly likely’ to bk apply as well to the categories of
2="likely’, and 3= ‘somewhat likely’. A notable edictor of online booking intention
was social acceptance as expressed in the suateyrsnt, “Some of my friends or
family buy travel products on the Internet”. Theeigl influence component of the
theory of reasoned action seems critical in expigiconsumers’ intention to book travel
online. Another important predictor is a ‘positiattitude toward booking online. A
person’s attitudes are strongly influenced by gsowgpwhich he or she belongs so it is
not surprising to see these two variables emerginkey predictors together in this
model. The variable “Internet access other~2” med an odds ratio of 1.589 meaning
that the expected odds of booking travel onlingfily likely’ to book) is almost 1.6
times greater among respondents indicating theyabeess to the Internet asides from
home or work, than respondents who said they ddvanae such access, controlling for
all other factors in the model. Other key variatffiem hypotheses testsdiH,;, Hiy; and
Hix are significant in this final model.
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Table 5.10 1

Model 1
Ordered logistic regression uniber of obs = 856
Rlchi2(27) = 279.47
roB>chi2 = 0.0000

Log likelihood = -709.04845 sdado R2 = 0.1646
Predictor Variables |[Odds Ratio |Std. Em. |z P>|z| [95%Conf. Interval]
Some of my friends _2 1.490089 0.307p72 1.93 (0.053 9232 2.233111
Some of my friends _3 2.635803 0.57p86 4.47 0,000 192404.029633
Some of my friends _4 3.846541 1.003p58 5.16  (.000 2386 6.415587
Belief convenientA_2 0.8059347 0.219%41 -Q.79  0{4285288 1.374585
Belief convenientA_3 0.6573546 0.167291 -1.65 0{0991884 1.082489
Belief convenientA_4 0.6292642 0.155203 -1.88 0{0600328 1.020412
Belief convenientA 5 0.4359062 0.112895 -3.21  0{001 3362 .72417$
Belief convenientA 6 0.5405856 0.159231 -4.09  0{0374803 .9629159
Belief convenientA 7 0.5648519 0.158715 -4.03  0{0426388 .9797359
Belief expensiveA 2 1.0376[6 0.284288 (.13  0|893 .688481.775212
Belief expensiveA 3 1.395284 0.359014 1.29  0]196 .882592.310328
Belief expensiveA_ 4 1.2343p4 0.313146 (.83 0407 .758722.029447
Belief expensiveA 5 1.625916 0.398791 1.98 0]048 1.68532.629501
Internet access other+2 1.589834 0.288948 |(2.55 D.01B392 2.270154
How long using net_2 0.7402478 0.111y29 -1.99 (00466838 .9950671
Number of trips~2 0.6097605 0.130%86 -4.31  0]021 .48874.9277945
Destination tour _1 0.59105p6 0.100093 -3.11  0[0021422 .8237131
Hotels_1 0.6086096 0.122005 -2}48  0.p13 .4108682 15188
Airline tickets_1 0.5602512 0.124p5 -2(62  0.D09 .363038646794
Carrentals_1 0.62810[9 0.108%98 -2.69  0{007 .447578814626
Long-distance train_1 0.367288 0.148985 -2.47  (.0148365 .813363|7
Attitude positveW_2 1.654819 0.396924 PpP.1  0.p36 1.B®B462.646754
Attitude positive W_3 1.968378 0.512919 Pp.6  0.p09 1.1&11 3.280305
Attitude positveW_4 1.934779 0.48258 2|65  0.p08 1.1866 3.154577
Attitude desirableW_2 1.1887p3 0.25725 0.8 0424 .773831.816747
Attitude desirableW_3 1.6572 0.393676 4.13  0{033 1.04032.639868
Attitude desirableW_4 1.7493p2 0.416959 2.35  0[{019 ¥B96 2.791012

fcutl | -.0922823 .352925 -.7840026 .3894

fcut2 | 1.092407 .3544086 3977792 1.787035
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5.10.2 Model 2 Analysis and Results

Model 2 contains variables of involvement, prockradwledge, and motivation that were
described in sections 4.2.8, 4.2.9, and 4.2.1Ceatyely. With online booking intention
(three categories) set as the response variableagidinvolvement, product knowledge,
and motivation variable designated as a prediti®isame process of association study,
univariate analysis and model building was followéBredictor variables were
organized in the following categories: the firsbttknowledge’ variables in the Table
below used five categories 1= very familiar, 2=fianj 3=a little familiar, 4=neutral, 5=a
little unfamiliar. The third knowledge variablefteall seven categories, 1= very
familiar, 2=familiar, 3=a little familiar, 4=neutreb=a little unfamiliar, 6=unfamiliar,
7=very unfamiliar. The first ‘involvement’ variabin the Table used five categories,
3=unimportant, 4=4, 5=5, 6=6, 7=very important.ether ‘involvement’ variables
used five categories, 1=very, 2=2, 3=3, 4=4, 5=ygyosite. Lastly, all motivation
variables used five categories, 1=definitely agPegenerally agree, 3=somewhat agree,
4=neutral, 5=somewhat disagree).

The resulting model is shown in Table 5.102. Tluelehas a whole yielded a log
likelihood of -946.36 and an?f 15.74%. This confirms the importance of these
additional variables even though the model is saj@od a fit as Model 1 given that the
log likelihood is smaller. A key predictor of omé booking intention was ‘information’
motivation as expressed in the survey statememgédBse it gives quick and easy access
to large volumes of information”. Survey respontddrighly motivated in this fashion
could easily account for them being more knowlebttgeabout travel products than their
friends and acquaintances. Another significandioter of online booking intention was
‘product knowledge compared to friends’. Produmbwkledge is obviously a key
predictor since three different product knowledgeables show as significant in this
model. Factor analysis indicates respondents rezed the same concept of product
knowledge in all six product knowledge questiorigedsn the questionnaire. In the
interest of parsimony two of these variables cdddiropped without compromising the
predictive integrity of the model. Involvementalso important, though factor analysis
reveals different aspects of involvement are bewejuated by respondents and so these
variables should be kept.

Table 5.10 2

Model 2

Ordered logistic regression uniber of obs = 1122
LR chi2(42) = 353.59
Prob >chi2 = 0.0000

Log likelihood = -946.3569 eRsgo R2 = 0.1574
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Predictor Variables Odds Ratio | Std. Err. z P>|z| [95% @nf. Interval]
know products_2 1.42188 0.4021235 1.24 0[214 .816387.874709
know products_3 2.2650f4 0.7456288 2.48 0}013 1.1884.318027
know products_4 2.688009 1.160[722 2.29 J.02331.06 6.266027
know products_5 2.4723B8 1.180%43 1.90 0{058 .96D785303152
know products - friends_2 1.73192 0.412319 Pp.31 01028609 2.761786
know products - friends_3 2.294179 0.6850995 Pp.78 QNE36747 4.12239¢
know products - friends_4 3.694405 1.269418 B.80 0.0&B3769 7.244590
know products - friends_5 3.405407 1.332792 B.13 0.a®BB1356 7.33344P
know destinat- agent_2 0.4064232 0.1339048 4{2.73 6D.P130747 .7752201
know destinat- agent_3 0.3848%65 0.1294188 {2.84 D DOE0941 .7439427
know destinat- agent_4 0.7087415 0.2533918 40.96 DIRBEI26 1.428277
know destinat- agent_5 0.5274955 0.1862276 4{1.81 0p.PG40643 1.053726
know destinat- agent_6 0.5477279 0.20531782 41.61 DABE3487 1.141363
know destinat- agent_7 0.56694 0.2517587 41.28 0102374723 1.35372Y
involvt -importantR-_4 1.244616 0.414085 0[66 0.p11 3EB 2.389082
involvt —importantR_5 0.73581 0.2204664 -1.02 O[3m®0038 1.323752
involvt —importantR_6 0.60184 0.1508861 -2.03 B8|(BB82029 .983755%
involvt —importantR_7 0.51343 0.1196775 -2.86 0|(BP51489 .810766
involvt -interest_2 1.455826 0.2809873 1.95 0/052 .886B2 2.125195
involvt -interest_3 1.9108%18 0.4570903 2.71 0/007 16995 3.053824
involvt -interest_4 1.789493 0.5585396 1.86 0/062 .2486 3.299198
involvt -interest_5 1.148814 0.257¢465 062 0.536 .74317 1.783052
involvt -involving_2 1.50213 0.2924143 2]09 0.037 26676 2.199932
involvt -involving_3 1.11519f1 0.25219f2 0448 0.630 9086 1.737185
involvt -involving_4 1.13425p 0.27583p4 0J52 0.604 ZPE83 1.826867
involvt -involving_5 1571721 0.39284p4 181 0.070 29871 2.565238
involvt -fascinating_2 0.72418 0.1505¢663 -1.55 014818121 1.088492
involvt -fascinating_3 0.5193604 0.118872 -4.86 0|CER1 623 .813379p
involvt -fascinating_4 0.72270 0.1793871 -1.31 19Qf.4443666 1.175399
involvt -fascinating_5 0.85495¥8 0.2288B17 -0.59 55@ .5059625 1.444678
conven - less effort_2 1.055353 0.2066437 .28 3).78.89989 1.549058
conven - less effort 3 1.285446 0.2663133 [1.21 0.8554567 1.929311
conven - less effort_4 2.032 0.5804509 [2.48 13)N160856 3.55868Y
conven - less effort 5 2.154 0.5739149 Pp.88 0.0P28b53 3.631829
conven - anytime_2 1.4023F 0.2206[199 2.15 J.032 23130 1.908834
conven - anytime_3 2.0284 0.4911488 2.92 J.003 042 3.260397
conven - anytime_4 1.44012 0.656[126 (.80 0.4224388 3.517592
conven - anytime_5 1.611323 0.864618 .89 0.8830514 4.61238
info - volumes_2 1.645063 0.2470594 3.31 0.0@r3595 2.20809¢
info - volumes_3 1.7708 0.4178B38 2.42 0.0193168 2.812054
info - volumes_4 3.2097p5 1.53854 2.44 0|0P58315 8.187559
info - volumes_5 10.746f 12.534121 2.04 P.0OH92742 105.6934
/cutl | .9325723 .3743291 .1989007 1.666244
/cut2 | 2.044496 .3783624 1.30292 2.786073
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5.10.3 Model 3 Analysis and Results

A stepwise method was used in which variables fkbodels 1 and 2 were selected either
for inclusion or exclusion from Model 3 in a seqtiainfashion based on statistical
criteria. Following the fit of the multivariableodel, the importance of each variable
included in the model was verified through an exeation of the Wald test statistic with

a level of significance of 0.05. Variables that dbt contribute to the model based on
these criteria were removed and a new model wag fie new model was compared to
the old model using the likelihood ratio test. Estimated coefficients from the full
model were compared to the remaining variablesialdbes whose coefficients have
changed noticeably in magnitude were subject teeciospection to assess if one or more
of the excluded variables were important. Thiscpss of deleting, refitting and

verifying continued until only the important varlab were included in Model 3. A
noteworthy variable dropped through an examinaioime Wald test statistic from

Model 1 (Time Internet) is included as a significpredictor in Model 3. This was the
variable related to the question, “About how muatetdo you use the Internet each
week for any reason other than work?” None ofdémographic variables of gender,
age, income, or education were significant in thetivariable model although income
and education were significant in univariate testinth the response variable. Table
5.103 illustrates the results of all the retainadables.

The model as a whole yielded a log likelihood o660 and an Rof 22.22%. This is
clearly the best fitting final model. The log lIke@od is the largest of the three final
models and it explains the greatest amount of ity in the outcome variable.
Hosmer and Lemeshow (2000) indicate that diagnsstitstics and goodness-of fit tests
have not been extended for use with ordinal models.

Two key predictors from Model 2 are retained in Mb8. An important predictor of
online booking intention in Model 3 is ‘informatiomotivation. Another key predictor

of online booking intention is ‘product knowledgeAn additional predictor is social
acceptance, where variable ‘Some of my friendssiows an odds ratio of 3.08.
Furthermore, the odds could be as little as 1.#6sonuch as 5.381 with a 95%
confidence interval. Convenience motivation isgamificant predictor as well as having a
positive attitude toward travel booking with a wiébs
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Table 5.10 3

Model 3
Ordered logistic regression uniber of obs = 841
LR chi2(36) = 369.13 Prob>chi2 = 0.0000
Log likelihood = -646.70306 PdelR2 = 0.2220
Predictor Variables Odds Ratio | Std. Em. |z P>|z| [95% @nf. Interval]
Some of my friends_2 1.317252 0.2887[109 [L.26 0.209285% 2.024101
Some of my friends_3 2.382851 0.5522P84  B.75 J.0002884 3.753089
Some of my friends_4 3.081p4 0.8764[L73 B.96 0.000 Dg®5 5.381234
Destination tour_1 0.66730FF1 0.1193163 -2.26 0.0240333 .947377R
Hotels_1 0.5826331 0.1220475 -2158 0.p10 .386500783@&15
Airline tickets_1 0.4528648 0.0991482 -3162 0.p00 .28 .6955458
info - volumes_2 1.479185 0.2657191 23.18 04029 1.04019203446
info - volumes_3 1.136576 0.3324216 (.44 0662 .640682®16299
info - volumes_4 5.2059%9 3.270445 263 0/009 1.519728.83346
info - volumes_5 1.23E+14 6.07EH20 0L00 1.p00 0o .
Long-distance train_1 0.3711771 0.1564427 -p.35 0.0694872 .8478973
involvt -importantR_4 0.9119874 0.3995499 -(Q.21 0[8FBRR9  2.152324
involvt -importantR_5 0.7596313 0.2885032 -0.72 0j48308459 1.59913
involvt -importantR_6 0.5970821 0.1898895 -1.62 013201306 1.11363
involvt -importantR_7 0.42407712 0.1225824 -3.97 0|aBB6574 7472924
know products_2 2.5583F8 0.7461Y147 3.22 0{001 1.44446531329
know products_3 4.448903 1.34558 4.94 0J000 2.45926048234
know products_4 6.135%9 2.638694 4.22 0J000 2.6411D4.25368
know products_5 4906514 2.428835 3.21 0]|001 1.8595B694604
conven - anytime_2 1.156083 0.2120f37 0.79 0.429 BRBY9 1.656069
conven - anytime_3 2.235479 0.6169p36  2.92 0.004 16153.839513
conven - anytime_4 0.9858(012 0.5329p35 -pP.03 Q.97%3380 2.844123
conven - anytime_5 2.8985p8 1.751958 .76 0.078 .885518476971
Attitude positveW_2 1.498511 0.3605825 1.68 0093 OB3® 2.401497
Attitude positveW_3 1.988891 0.5047609 .71 0{007 9420 3.27067€
Attitude positveW_4 1.7568 0.4144557 2|39 0.p17 13806 2.789547
Belief convenientA_2 0.6672882 0.1911064 -1.41 Ol1B®6386 1.169744
Belief convenientA_3 0.6222962 0.1665248 -1.77 Ol0BB3338  1.05142
Belief convenientA 4 0.438166 0.1156215 -3.13 0j002A2324 .7349374
Belief convenientA 5 0.3642798 0.1010474 -3.64 010aa5»5 .6274071
Belief convenientA 6 0.47671b6 0.1441961 -2.45 0l0B85P53 .862441
Belief convenientA_7 0.5241969 0.1557032 -2.17 0j|0328802 .9382714
Time Internet_2 0.6833531 0.1290117 -3.02 0{044 .472003893396
Time Internet_3 0.8130282 0.1554328 -1.08 0{279 .558952882596
How long using net_2 0.8292258 0.1316{06 -[1.18 J.2685893 1.131804
Number of trips_2 0.6256372 0.142688 -4.06 0J040 .40R12(®782606
/cutl | -.2540939 .4864935 -1.207604 .6994159
/cut2 | 1.03672 .4865252 .0831483  1.990292
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The probability of group membership in each catggan be easily determined using the
parameter estimates together with the cut pointsbgloying a post-estimation predict
command in Stata. Table 5.104 shows the probgbilibooking online (intention) when
involvement is ‘unimportant’ - category 3. Caldidas imply that the probability a
respondent would be ‘highly likely’ to book onligéven their involvement with

travelling and travel planning is unimportant terhis about 35.6%. The probability a
respondent would be ‘somewhat likely’ to book oalgiiven that their involvement with
travelling and travel planning is unimportant terhis about 44.5%.

Table 5.10 4
Group Membership - involvement is 'unimportant'

Variable | Obs Mean StdvD Min Max
_____________ Fommmeem — ——— ——_——
Highly likely | 71 .3558734 .28B6 .0067716 .9408474
Likely | 71 .1990489 .098298Q@174165 .3116957

Somewhat likely | 71 4450777 .30880%M69987 .9758119

In contrast, Table 5.105 shows the probability @bking online (intention) when
involvement is ‘very important’ (category 7) toespondent. Calculations imply that the
probability a respondent would be *highly likelg book online given their involvement
with travelling and travel planning is very impartdo them is about 63.8%. The
probability a respondent would be ‘somewhat likétybook online given that their
involvement with travelling and travel planningvisry important to them is about 18.4%.

Table 5.10 5
Group Membership - involvement is 'very important'

Variable | Obs Mean StdvD Min Max
_____________ Fommmeee — —— —_—-
Highly likely | 498 .6383429 .2z@5 3.14e-15 .9882993
Likely | 498 .1780513 .09237®l28e-15 .3119304
Somewhat likely | 498 .1836058 .202192032458 1

We can interpret any other probability of group rbenship in each category of
predictors in a similar way. For instance, TabhEOS shows the probability of booking
online (intention) when product knowledge is ‘véayniliar’ - category 1. These results
imply that the probability a respondent would brglity likely’ to book online given they
are very familiar with travel products, destinasand travelling in general, is about
81.3%. The probability a respondent would be k& book online given they are very
familiar with travel products, destinations andrsal#ing in general, is about 11.01%.
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Table 5.10 6
Group Membership - product knowledge is 'very familiar'

Variable | Obs Mean StdvD Min Max
_____________ [ S — _— _—— ——
Highly likely | 128 .8134754 .Bx®1 .0872361 .9882993
Likely | 128 .1101715 .0890908084549 .3119293

Somewhat likely | 128 .0763531 .11192B032458 .7421255

The probability of booking online (intention) whartravel product such as ‘Destination
Tour/Attraction tickets’ were previously purchasechtegory 1, can also be determined
(see Table 5.107). Results imply that the proldgtal respondent would be ‘highly

likely’ to book online given they purchased ‘Destilon Tour/Attraction tickets’ is about
70.62557 %. The probability a respondent woultsbenewhat likely’ to book online
given that they purchased Destination Tour/Attactickets previously is about 12.80%.
Calculations imply that the probability of bookingline (intention) is less when the
travel product ‘Destination Tour/Attraction ticketgas not purchased (category 0) in the
past. The probability that a respondent wouldHaghly likely’ to book online given

they did not purchase Destination Tour/Attractimiets is about 46%. The probability a
respondent would be ‘somewhat likely’ to book oalgfiven that they did not purchase
Destination Tour/Attraction tickets is about is ab83%.

Table 5.10 7
Group Membership - 'Destination Tour/Attraction tickets'

Variable | Obs Mean StdvDe Min Max
_____________ Fommmeee — —— —_—-
Highly likely | 316 .7062557 .26 .0668898 .9882993
Likely | 316 .1657184 .0937896084549 .3119494

Somewhat likely | 316 .128026 .13471(®32458 .7932556

Calculations using the parameter estimates togetitieithe cut points imply that a
consumer who has taken fewer than five leisurs inghe past year has a reduced
probability, 52.12%, of being ‘highly likely’ to lwk online compared to a consumer who
took more than six leisure trips, 71.36%. The piwlity increases from 71.36% to
75.4% when a consumer has been using the Intemngett (how long using Internet).

The probability increases again to 78.8% when¢hgth of time each week using the
Internet is larger and to 98% probability when ¢histomer has previously purchased
long-distance train tickets. This predictive dlilbf the Model is valuable to travel
website operators.
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Model 3 includes the following 14 socio and psyalagdpic predictors: social acceptance
- having some friends and family who buy traveldarcts on the Internet, a belief that
booking with a travel agent is inconvenient, aitade that booking with a travel website
is positive, the number of leisure trips taken iyear, the amount of time spent each
week on the Internet, information motivation — theernet provides quick and easy
access to large volumes of information, convenienogvation — the Internet being
available anytime and anywhere, being involved wiglvel and travel planning and
considering it important, using the Internet fdoager period of time, and feeling
knowledgeable about travel products, destinatioasteavelling in general. Prior
experience predictors were booking travel prodootse, specifically, destination
tour/attraction tickets, hotels or accommodati@dine tickets, and long-distance train
tickets.

5.11 DEMOGRAPHIC DIMENSIONS

Patterns of relationship between demographic veasadind research variables are always
of interest to marketers. Consequently, relatiggshetween age, education level,
household income and gender were examined intinity &s well. The following are the
relevant hypotheses tested.

H2a Age is negatively related to intention to bar@kvel through the Internet.

H2b Level of education is positively related tceintion to book travel through the
Internet.

H2c Level of household income is positively relatedntention to book travel through
the Internet.

H2d Gender and purchase behavior are independeaicbfother.

5.11.1 Age and Online Booking Intention

H2a Age is negatively related to intention to béwkel through the Internet.

The relationship between age and online travel imgpiktention was investigated using
Spearman’s Rank Order Correlation. Age is negtissociated with intention to book
travel through Internet but this association isligdge, rho = -0.0286, n = 1142. The
hypothesis of independence cannot be rejectecegsuvhlue = 0.3350 > 0.05. To check
if rho is significantly less than zero, we dividep-value by 2. So for a one tail test (left
tail) thep-value = 0.1675. This means there is no significeagative relationship
between age and intention to book travel onlineer&fore, hypothesiszhlis not
supported.

Categories of online booking intention were mergedhat three remain, 1 = highly

likely, 2 = likely, and 3 = somewhat likely. A Kskal-Wallis test revealed there was a
statistically significant difference in online bang intention levels across different age
categories: under 18, n = 1: 18 to 25, n = 13740286, n = 294: 36 to 45, n = 302: 46 to
55, n = 270: 56 to 65, n = 119: 66 to 70, n = Mer&0, n = 8)y*(7, n = 1142) = 15.591,
p=0.029. The oldest age level recorded a highelianescore (Md = 3) than any other
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age level category, indicating a ‘somewhat likehgent to book online. A negative
relationship between age and booking intention avdicipated. Spearman’s correlation
confirms such a relationship even though it isstatistically significant. Table 5.111
shows all other median scores.

Table 5111 Age

How likely is it that you will BOOK OR PURCHASE any travel product through the Internet within the next

six months?

In which one of the following categories does your current age fall? N Median
under 18 1 1.00
18 to 25 137 2.00
2610 35 294 1.00
36 to 45 302 1.00
46 to 55 270 1.00
56 to 65 119 1.00
66 to 70 11 2.00
over 70 8 3.00
Total 1142 1.00

Figure K5.111 in Appendix K plots the mean scoresrine travel booking intention,
and age graphically using all eight categoriesgef aln the levels of online travel
booking intention a score of 1 means ‘highly likedlnd higher scores mean less likely.
A sigmoidal or S-shaped relationship is clearlydewt with females who represented the
largest number of survey respondents. This pattédtinfluence the data that
Spearman’s correlation uses in its calculatiorterition to book travel online decreases
beyond the age of 65 for both males and females.

5.11.2 Level of Education and Online Booking Iriteim

H2b Level of education is positively related tceintion to book travel through the
Internet.

The relationship between education and online bapkitention was studied using
Spearman’s correlation. Education level is negéifiassociated with intention to book
travel through the Internet, rho = -0.1703, n =14 he hypothesis of independence is
rejected since thp-value = 0.0000 < 0.05. Since the Spearman'ssh@.1703, it is
significantly less than zero as thealue for a left tail test will be less than th@®level
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of significance. This means there is a signifia@gative relationship between level of
education and intention to book travel online. Hyyesis Hy, is not supported.

Categories of online booking intention were coligso that three remain, 1 = highly
likely, 2 = likely, and 3 = somewhat likely. A Kskal-Wallis test revealed there was a
statistically significant difference in online bang intention levels across different
education categories (some grammar school, n efipteted grammar school, n = 3:
some high school, n = 22: completed high schoel 105: some trade school, college, or
university, n = 266: completed trade school, cdley university degree, n = 545:
graduate studies or masters degree, n = 147: padigte studies or advanced PhD
degree, n = 50)? (7, n = 1140) = 40.522 = 0.000. The education level groups who
have completed trade school, college, universitytdgher level qualifications recorded
a lower median score (Md = 1) than any other edoicd¢vel category, indicating

‘highly likely’ intent to book online. This seens contradict Spearman’s test results of
hypothesis k.

Figure K5.112 in Appendix K plots the mean scoresrine travel booking intention, as
well as education graphically using eight catedewgls of education. A positive
relationship is seen where booking intention insesawith rising education levels. This
supports the Kruskal-Wallis test results.

5.11.3 Household Income and Online Booking Intamti

H2c Level of household income is positively relatedntention to book travel through
the Internet.

Spearman’s correlation was employed to evaluateefaionship between household
income and online travel booking intention. Houddhncome is negatively associated
with intention to book travel online, rho = -0.1340= 1138. The hypothesis of
independence is rejected as fhrealue = 0.0000 < 0.05. Because Spearman's rho is
0.1340, it is significantly less than zero asphelue for a left tail test will be less than
0.05. This means there is a significant negatationship between level of household
income and intention to book travel through theldnét. Hypothesis His not
supported.

Categories of online booking intention were coligso that three remain, 1 = highly
likely, 2 = likely, and 3 = somewhat likely. Theuskal-Wallis test conducted with the
demographic of income and online booking intentewvealed a statistically significant
difference in online booking intention levels a@dkfferent income groups (under
$25,000, n = 50: $25,000 to $49,999, n = 165: ¥BDO $74,999, n = 227: $75,000 to
$99,999, n = 183: $100,000 to $149,999, n = 2280%I00 or more, n = 141: prefer not
to answer, n = 150)%?(6, n = 1138) = 44.627= 0.000. The income group under
$25,000 recorded a higher median score (Md = 3) émy other income group,
indicating a ‘somewhat likely’ intent to book ordinwhereas, the higher income groups
recorded a median score (Md = 1) indicating ‘higitgly’ intent. Mid-level income
groups ($25,000 - $74,999) had a median score (Kgdshowing a ‘likely’ intent to
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book online. These results were anticipated bey Hre not confirmed in hypothesis test
H... Even though Kruskal-Wallis suggests there itassically significant difference in
online booking intention levels across differerddme groups, Spearman’s Rank
Correlation shows there is a significant negativeposite relationship between level
of household income and intention to book travebtigh the Internet so that hypothesis
H,c was not supported.

Figure K5.113 in Appendix K plots the mean scoresrine travel booking intention, as
well as the seven categories of income. A curedinrelationship is clearly evident.
Online travel booking intention becomes more likelth increasing annual household
income until the income category of $100,000 to%249, and then the likelihood intent
to book online reverses sharply. This could eastiglain the conflicting results of
Spearman’s and the Kruskal-Wallis test.

5.11.4 Gender and Online Booking Intention

H2d Gender and purchase behavior are independeaicbfother.

The relationship between gender and online travekimg intention was investigated
using Spearman’s Rank Order Correlation. Gendepanchase behavior are
independent of each other, rho is 0.0366, n = 113 hypothesis # is not

rejected since thp-value = 0.2185 > 0.05.

Categories of online booking intention were colkghso that three remain, 1 = highly
likely, 2 = likely, and 3 = somewhat likely. A Kskal-Wallis test was conducted with
the demographic of gender and online booking inderdnd it revealed no statistically
significant difference in online booking intentitevels across gender, thus confirming
the Spearman’s correlation analysis.

5.12 DEMOGRAPHIC ANALYSIS

The results of Spearman’s Rank Order Correlatigrothesis tests & Hop, and Hc are
rather puzzling when these results are comparddKviiskal-Wallis tests for most
demographic variables. However, there may be redde explanations for this that the
charts in Appendix K imply.

It is natural to assume consumers who book trav@h® are younger and have a higher
education and income. However, there appear ttelrgraphic parameters within
which marketers should focus their efforts. Higimeome people may not book online
as often as marketers believe. Wealthy peoplefaeytheir time is too valuable to
spend hunting around the Internet for travel deat$ so they call a travel agent and are
willing to pay them for their effort. Figure K5.235kuggests marketers should target
people in a family income range no higher than leetw$100,000 to $149,999. It could
be that above this range people call a travel aggimce income and education are
correlated, there could be an education levelrggdibove which marketers should not
target also. In this study Spearman’s correlabetween education level and income is
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positive, rho = 0.1263, n = 1148value = 0.0000 < 0.05. Figure K5.115 in Appeniix
plots education level and mean number of leisups taken in the past year. The
number of trips forms a plateau at an intermeddigcation level - some trade school,
college or university, and at the post-graduatdistulevel, the mean number of leisure
trips decreases. Highly educated people couldhe$tarved and have less leisure time;
as a result, they take fewer vacations and theyatsmywant an agent to arrange their trip
rather than spending time online. Figure K5.11dgests online travel marketers should
target both male and female consumers up to thefa@fe. Non-bookers tend to be those
aged 65 plus years and have a less ‘wired’ lifestf#erhaps older respondents are less
likely to book online as the Internet is overwhelmio them so they rather call a travel
agent.

Given final Model 3 significant predictors, 'Timetérnet', combined with 'How long

using net', one could argue that travel websiteaipes should target consumers having a
'wired' lifestyle where they spend a lot of timetba Web, have been using the Internet
for a long time, and have had a lot of experienith it Managers should focus on these
customers and profile these individuals as theyessmt key segments that could drive
sales volume and increase conversion rates.

Lastly, the questionnaire operationalized travebsite usage with a single item asking,
"How often do you visit a travel website to reséanc book a leisure travel product?"
This is a similar volume segmentation variable @direed in a study by Goldsmith and
Litvin (1999) where they investigated travel agensgge. Such volume segmentation
may be meaningful in travel website usage espgamien used in combination with key
psychographic and demographic variables. Figurd¥bgraphs education level and the
mean number of times a respondent visited a tragbkite to research or book a travel
product. There appears to be a gender differentte dnigher education levels. Figure
K5.117 graphs age and mean number of times viaiteavel website. Above the age
range of 56-65 there is also a gender differeneceaan number of website visits.

6 CONCLUSIONS AND RECOMMENDATIONS

6.1 SUMMARY AND DISCUSSION OF RESULTS

The main point of this research as stated in sedtid was to identify the determinants
involved in a consumer’s decision process as tley @and book leisure travel products
online. This research started with identifying thany factors that affect consumers’ use
of human and online aids as they make leisure ltrgganing decisions. The research
then focused on the decision process that reliembne aids and how these differ

among market segments. The study provides tourianketers with some understanding
of leisure travelers and the factors guiding theet planning and purchasing process,
thereby helping marketers design suitable travdlsites, online tools, travel agency
services and marketing strategies. This is expdctadvance understanding and make a
new contribution to the topic of E-Commerce.
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The Conceptual Framework used and hypotheses tmstembnsistent with the aim of
assessing determinants of online leisure travelrphg decision processes, and which
factors are most strongly associated with onlinekbtg intention. The Framework helps
one evaluate how a consumer purchases a travalgradth the assistance of an online
aid, guidance of an offline aid, or with the asansie of both an online and offline aid.
The central process this research documents isbect of various factors on the
consumers’ choice of online aids for travel pur@sasConsequently, a portion of the
Framework was used to test the main hypothesesaimgrirom research questions.

The key research questions and hypotheses testled research were derived from
theoretical frameworks, primarily, the theory cigsened action and innovation adoption
theory. Hypotheses shown in Figure 10 revolvedrddeliefs, attitudes, social support,
social acceptance, prior experience and how thetsgrdinants emerged to affect online
travel booking intention. Key variables from thégg@otheses were tested through
ordinal logistic regression in Model 1.

Complementary questions and hypotheses were: Ejghdicant differences that may
exist in terms of age, gender, education, or famitpme of those consumers who intend
to purchase leisure travel online, 2) motivatioahibd purchasing travel products with
online aids, 3) gratifications a consumer derivesifthe online purchase of leisure travel
products , 4) how the gratifications and motivasigiffer among market segments of
those who purchase online, 5) the level of prottncwledge and involvement of
consumers who purchase online, 6) how ODAs migitt gonsumers’ trust and
influence consumers in their leisure travel plagrdecision process. Model 2 consisting
of the variables knowledge, involvement and motoraaind how they impact online
booking intention was developed using logistic esgion.

6.1.1 Determinants

Chi-square test of independence, univariate arsalysil stepwise logistic regression
techniques were applied to develop a predictiveghoantaining 14 socio and
psychographic variables featured in Model 3. Thixlel contains key variables from
Model 1 and Model 2 and was deemed the best fifiired model. Variables affecting
online travel booking intention include: social eptance for travel booking, prior
experience booking specific travel products oniimeuding destination tour/attraction
tickets, hotels or accommodations, airline tickktsg-distance train tickets, beliefs that
booking with a travel agent is inconvenient, aitade that booking with a travel website
is positive, information motivation, conveniencetiation, involvement with travel,
being knowledgeable about travel products, destinatand travelling in general, the
number of leisure trips taken in a year, how long bas used the Internet, and the
amount of time spent each week on the Internet.

6.1.2 Decision Making Process

Consumers feeling overwhelmed by information onlthernet (Dabholkar, 1996),
having perceptions of complexity in an online eamiment, or perceiving risk with
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online transactions, are less likely to book trguwelducts online. Furthermore, when
consumers lack knowledge (Brucks, 1985; Park & igg4981) about travel and need a
human contact (Bobbitt & Dabholkar, 2001; Dabho|K&96) they consult an offline aid
or travel agent. Even though some consumers thite is a financial incentive to book
online the incentive is not sufficient to overcothese concerns. These consumers lack
trust in the Internet and their own ability (Jaaiekn & Puhakainen, 2004) and would
rather put trust in a travel agent to guide thaivel purchases. Offline bookers are not
motivated by the convenience or wealth of inforimaton the Web; in fact, they find this
information daunting, risky and confusing (Bei, @& Widdows, 2004).

On the other hand, when consumers have affirm&i@iéngs and attitudes about the
online medium and using technology in general (Befl, Lohse & Johnson, 1999;
Morrison, Jing, O’Leary & Cai, 2001; Stafford & Gen, 2004, Bobbitt & Dabholkar,
2001; Dabholkar, 1996) and have positive perceptabout the financial benefits of
booking online, they are more likely to be onlireokers. This is especially the case if
they are aware of other people who booked onlinkifaihey have been using the
Internet for longer periods of time. Online infation sources from other consumers are
regarded as critical with experience products sgctravel products (Bei, Chen &
Widdows, 2004). Findings from the Web User Surbgyhe Georgia Technology
University (1998) also reveal that online purchgsircreases incrementally with online
experience. This research proposes that consuwaerdooked travel products such as
destination tour/attraction tickets, hotels or aonomdations, airline tickets, long-distance
train tickets demonstrate a greater intention tokitcavel products online. It could be
there is a hierarchical structure of vacation piagrand purchasing where travelers book
the travel products listed above before bookingotravel products. One conclusion of
Beldona’s (2003) work is that early in the plannprgcess travelers reduce uncertainty
by taking care of core elements of travel suchrassportation and accommodations. In
addition, according to Hyde (2008), once accommioddtas been booked, the vacation
itinerary is relatively predetermined and fixed.ofdover, we could presume that once
consumers have become comfortable purchasing ahi@yeare more receptive to buying
other travel products online.

Online bookers are motivated, travel is importanthem and so they take a great interest
in travel, becoming involved with it, and gatheriagge volumes of information over the
Internet and elsewhere (Payne, Bettman & John€98;IFodness and Murray, 1999).
They also develop ways of reducing risk by seagifan information to the point where
they feel confident in their knowledge of traveld@ivison, Jing, O’Leary & Cai, 2001)

and feel more familiar about travel than theirrfide and acquaintances. Thus, increased
knowledge equates to greater confidence (Morridmg, O’Leary & Cai, 2001) and

these are characteristics of those who are eadgtats of technology. Information
search could be viewed as an alternative to expazieHoffman and Novak (1996)
determined that a consumer’s confidence in hisgbéity to perform is related to how
easy it is to shop using the Internet. Furthermiofermation is sought after to aid in
decision making and the convenience of the Intamates information search and online
booking enjoyable and a positive experience. Teagaegard the Internet as easy to use

102



and useful (Bei, Chen & Widdows, 2004; Dabholk&98@) and they feel empowered by
online information and the ability to book travellioe.

Survey respondents’ attitude of desirability towandine travel booking is shaped by
their beliefs that online travel booking is safenggsheir credit card, easy, enjoyable, and
they highly regard the importance of its convenenmmterestingly though, survey
respondents indicated the prime reason for switcfriom online booking intention to
booking through a travel agent is credit card comee They probably believe it is safer
to use a credit card when booking with an agent thevebsite. A desirable attitude
coupled with a positive one are the key variabdasling to online travel booking
intention. Respondents believe it is more expenaind inconvenient booking with an
agent than a website. Also, it is more enjoyable @asier booking with a website.

6.2 CONCLUSIONS AND MANAGERIAL IMPLICATIONS

A new age for humanity and business is dawninger&lare signs all around us that point
to this new ordering of things and the Internetagainly evidence of this. The Internet
comes at a critical junction in human history anchinnot be ignored. The Internet
brings with it the opportunity to apply novel forrasintelligence such as Al

applications, ODAs or online intelligent tools. érhew age is accompanied by an
emerging consciousness where different paradigmgraband they necessitate
innovative business practices and models. Magsmization, customer relationship
management, information gathering, collaboratiothwisiness partners through sharing
of information, database mining and predictive gtied are just some of the ways in
which business appropriately responds to the enasrabifts the world is experiencing.
The Internet is a powerful force that could be based to benefit virtually every
business. How it impacts a business is dependetiteoactions of business managers. If
an organization recognizes these shifts and thédatns they bring, the organization
can change its business practices to suit the newlethese shifts are ignored, the
business landscape will not reserve a place footbanization, but for its rivals. In
reference to the role of the Internet and relagetiniologies and the appropriate
organizational response to avoid becoming margied|iLi (2007) writes, “New
structures, processes and inter-organizationdioakas well as new ways of thinking
and working need to be implemented in their orgaions” (p.130).

This study holds important strategic implications the travel industry, and the
following are offered to travel website operatonsl &ravel agents so they will prosper in
the new marketplace. The first set of implicatidesl with consumers’ beliefs and
attitudes. Websites should note the perceptiolisenonsumers have that booking with
a travel website is positive. Understanding wtaatipular attributes of online shopping
make people feel this way is important. One capleculate that online bookers have not
had negative experiences with credit card safetyintance. They will feel assured
about doing transactions online when online merthiudicate how these risks are
mitigated. It could be that online bookers regé savings in time and money as a
positive benefit. Yet, these savings are not abvaglized by using a website, so the
online retailer should consider how to convey takdb that savings will result.
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Furthermore, because these consumers expect toisevand money, the online retailer
should meet those consumer needs if it wants isfgabnsumers. However, website
operators should recognize that a financial ineens not enough to attract certain
consumers. Many online bookers are more motiviayetthe rich information available

on the Web and the convenience of accessing i&s@ bookers find the use of travel
agents inconvenient and probably inefficient. @#lconsumers often want the
assistance and interaction only a human could geovirravel agencies are best advised
to make their services convenient, efficient ang yersonable.

Travel agencies should be aware that consumemvidle services provided by this
offline channel have been reduced and so consuemetsoking for additional services
to be provided in order to become loyal to theerages. Law, Leung, & Wong (2004)
report it is unclear whether travelers considerdtagencies less valuable given the
presence of online travel websites. Consumerawege of how the Internet can
empower and engage them and they are not williggvi® this up even if travel agents
offer them good personal service. Travel agentddcoe trained on the usage of
intelligent online tools and combine the assistahese tools provide with the unique
aspects of advice that comes from a human touahghuntelligence). Agents could
think about inimitable aspects of human knowledgge|ligence and reasoning that
cannot be currently provided by online intelligémdls. Combining these methods in
novel and powerful ways will exceed the expectaiohconsumers. Planning long haul
or complex trips seems to be the strength of tragehcies (Law, Leung & Wong, 2004)
and so consumers desiring these vacations shoulteliargets of agencies. Given the
greater involvement and knowledge of consumersnedlto purchase online, travel
agents should enhance the quality and value adeéhaces they provide.

Managers must be aware of the demographic and ptldictors of future online
purchase intention. Demographic variables of ine@md education could be useful
bases for segmentation. Online travel marketesslditarget both male and female
consumers up to the age of 65, those with a famdgme no higher than the range of
$100,000 to $149,999, and those generally haviglenieducation levels. The research
findings of Goldsmith and Litvin (1999) using trdagencies were that populations,
segmented by usage, are different in both thentifi@ble psychographic and
demographic characteristics. There could be guamalels with travel website usage
also. Other predictors of online travel bookinglsas involvement, knowledge,
information and convenience motivation could assiine marketers in segmentation.
Besides, targeting consumers who have been omirgekt, those taking the most
number of leisure trips in a year, and spendingribst amount of time each week on the
Internet would be profitable.

Since it seems prior experience booking specifiedl products such as tour/attraction
tickets, hotels or accommodations, airline tickatg] long-distance train tickets
improves intention to book travel online, hosptiaind travel businesses are best to
advertise on the websites of these types of compamd collaborate with them in
mutually beneficial ways.
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Promoting hospitality and travel businesses thraagial networking websites in such a
way that consumers could see whether their friamdisfamily have purchased travel
products on the Internet will likely yield good udts. This seems justifiable given the
dynamics of social acceptance and the support féamiaypothesis k. It would also be
beneficial to identify consumers who feel more fiiamiabout travel than their friends
and acquaintances.

Online transactions seem to be preferred by consumaking short haul or
uncomplicated trips. Targeting these consumeasgisod strategy for online travel
merchants.

Davis, Bagozzi and Warsaw (1989) report that peeskusefulness has a direct influence
on behavioral intention. Perceived usefulnessease-of-use are important (Dabholkar,
1996) and therefore marketers should take theseconsideration in the design of user-
friendly websites. Figures K5.111, K5.114, andK%. in this study suggest there are
differences in the way men and women research aak tnline travel products,
particularly in older and younger age groups. Hyd2008) research indicated females
are more exhaustive and elaborative in externatmétion search. It could be that men
and women differ in their method of information pessing (Kim, Lehto and Morrison,
2007). Females tend to research more and theyemeinvolved (Hyde, 2008). There
are differences between genders in preferencesofors according to website
ColorMatters.comittp://www.colormatters.com/khouw.htjnl Travel websites should
consider crafting gender-sensitive website contaigrs and design with easy to select
options such as clicking a female or male symbar,gust as clicking on a flag icon
allows the selection of different languages on webs Marketers should also consider
the fact that online information is accumulatedwather information searched by
consumers (Bei, Chen and Widdows, 2004), thusttoadil information sources cannot
be neglected. Some consumers may use the Inteoretfrequently than average
Internet users due to the easy and free acceks dfiternet.

Attitudes, which are essentially a person’s mesiiale of readiness (Zimbardo and
Ebbesen, 1970) have been used to predict and exy@aiavior in many research studies
(Fishbein, 1967; Davis, Bagozzi, & Warshaw, 198&fimow & Sheeran, 2004; Lord,
2004). Consumer attitudes change when people learn byrigpkstening or reading
(Fishbein, 1962). Instructions, rules or commutitces can be used to change behavior.
Marketers can become sensitive to the varied resasioderlying the attitude in question.
Attitudes are formed and maintained because ofsyEgdnformation or for social
acceptance by others, for example. Giving newmédion could help influence
attitudes (Fishbein, 1962) as well as providing sewrces of reinforcement.
Nevertheless, consumers should be seen as mora théinnal, information-processor
because they are sometimes irrational or incomgiste

Businesses such as travel websites should congldgther their customers have
unfavorable attitudes toward using Internet tecbgwl If customers have unfavorable
attitudes, a business should attempt to understéiatl the causes are and then work
toward changing those attitudes. For instanamutd be some customers perceive the
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Internet to be overwhelming with the abundancenfifrmation and so a business should
inform customers of the measures it has takenlfmrhanage the information and
customize it in an intuitive and user-friendly mann

Marketers can use direct reinforcement to changawer. Reinforcement can take
place in the form of rewards. For instance, travebsite IgoUgo issueg30O Points™
redeemable for online gift certificates and fredtfgrer miles to travelers who share
their trip stories and pictures. This user-geregtabntent helps the company build a
library of honest opinions, tips, and travel expedes. Their travel community has
contributed hundreds of thousands of reviews amdgshof everything from cheap meals
to luxury hotels in 5,500 destinations worldwide.

The next set of implications deal with consumerstirrations and gratifications starting
with information motivation. The function of thetérnet as an information source does
not replace the traditional offline sources, budsadaluable information. Marketers of
experience products should value the important¢bkeofnternet and provide more
impartial information for consumers (Bei, Chen &dffows, 2004). One way to do this
might be to create a discussion room for consumeeegchange experiences and to invite
neutral input (Armstrong & Hagel, 1996). Custorntmicustomer (C2C) know-how
exchanges are being recognized as having the mdtentreate customer value that
could result in positive outcomes for organizatisush as enhanced loyalty intentions.

Given the knowledge of how travelers seek out asevarious information sources such
as customer reviews, wiki sites, and ratings, eetravebsite operator could enhance its
credibility in a number of ways. It can make aabie customer reviews and ratings,
acquire an industry seal of accreditation or apakoand provide the ability to customize
the information offered. Other ways to provide mxorformation for consumers might be
to create a discussion room, blog or web log theitifates neutral input and the
exchange of experiences. Any one of these hgsdfeamtial to be a powerful feature that
could radically change information flows and exdls Li (2007) points out, for
instance, that blogs might even challenge the dange of established media.

To appeal to consumers who have high informatiotivation, websites should
accommodate interactivity with features such askeg searches and multimedia
shows. In contrast, consumers with high sociafandtion motivation would benefit
from other website features such as feedback, cartsmnaformation exchanges, online
discussion forums, chat rooms, a sense of pseudioromity among customers, and so
forth. To alleviate customers’ concerns aboutdaational privacy, a company should
provide anonymous guest access to information datsband make confidentiality
policies clearly evident on the website.

Researchers have found positive relationships lestyerceptions of convenience and
the use of Internet banking (Gerrard and CunningtZ8@3). The convenience
motivation seems relevant in this study of leiduaeelers also. Those more likely to
book travel online were respondents who find therhret offers convenience.
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Online businesses could attempt to know in advémegratifications consumers expect
to receive and match these with gratifications pled. When gratifications obtained
either meet or exceed gratifications sought, sattgin with their website should result.
The Internet’s ability to provide hedonic benefith as entertainment, and social
interaction should be fully exploited by travel wébs. Some of the gratifications
discovered by researchers (Cowles and Kiecker, ;208Guire, 1974; Korgaonkar and
Wolin, 1999; Eighmey and McCord, 1998; Ko, Cho &feds, 2004) include:
surveillance (knowledge or information); escaperfimoredom or problems;
communication utility (social interaction); fillingme, passing time, or habit; diversion,
entertainment, or excitement; and advice, decisiaking, or guidance. Meeting these
gratifications in part or in full via Internet shaipg experiences will help satisfy a
consumer.

Lassar, Manolis & Lassar (2004) tested whethermeteusers’ web usage intensity and
opinion leadership influenced online banking admpt&nd found they do. Consumers
who have opinions and therefore knowledge abowinaaih are likely to be early

adopters of technology and users of innovative petedand services. Identifying

opinion leaders in the travel domain by searchimogigh blogs, chat rooms, etc. may be a
good strategy for travel web operators.

6.2.1 Recent Developments and Best Practices

In spite of the benefits offered by online intedlig tools, e.g. improved decision quality,
increased consumer satisfaction, engendering cagrstnost (Murray & Haubl, 2008),
they have not yet been widely adopted in the mpt&e¢. Murray and Haubl (2009)

offer explanations for this assertion and makestigeiment that better RAs could be
designed today since the technology and knowleelgeired to do so exists. These tools
could be made more accessible and usable. Theysdidest practices of personalization
technologies, without interrogating consumers, lmaseen at Amazon.com, Netflix.com,
and Pandora.com. However, one of the best RAs rditetAdvisor.com, which uses

an interrogation approach, is not as usable amiitide since it presumes a certain level
of expertise among users in the products featureld as cars, and televisions, etc.
(Murray and Haubl, 2009). Ironically though, commrs who are knowledgeable are less
likely to use an RA. Furthermore, the manner inclwhRAs typically interface with

users is unnatural and uncomfortable for many cmess state Murray and Haubl. For
example, RAs are not often programmed to consitecontext of consumers’ enquiries
or the emotional and social intelligence that comsis appreciate. An RA that
specialized in restaurant recommendations woulddsé engineered to incorporate GPS
information, local maps, time of day, knowledgdaxid preferences and access to a
user's calendar to suggest the top choices ofurestts given these appropriate contexts
(Murray and Haubl, 2009). Murray & Haubl point dhat Acura's in-car navigation
system uses a basic type of such a contextualkjtsenRA.

Portable devices such as smartphones, persontlldigsistants (PDAS), etc. are

growing in popularity worldwide. A smartphone iglevice that enables one to make
telephone calls, but also has features that yoltfilgd on a PDA or a computer. These
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devices most often incorporate access to the Wgh,duality cameras, and enabling
applications such as online computational photdgrag-or travelers, having such a
portable communications device is ideal. Consetlyghe latest in augmented reality
(AR) capabilities are available for these devidesugh iphone apps, for instance. On a
continuum that spans from the real environmentpara virtual environment, AR falls

in between the real and virtual environments (Mifgr& Kishino, 1994).

The smartphone’s camera viewfinder provides the inseraction with the environment
giving the traveler data about their surroundimgsrby landmarks, and other points of
interest by overlaying information on the real-tiog@mera view of a smartphone. For
example, when a user points their smartphone taeatscene, the image on the phone's
screen becomes layered with things such as restaeraews of restaurants shown on
the street, or directions to the nearest subwgy sittce the device recognizes its location
by combining GPS technology, the smartphone'snatezompass and the camera
viewfinder.

Numerous AR applications built for smartphonescamgently on the market using
Google's Android operating system. A special beavepp such as Wikitude World
Browser runs on Android phones and iPhones. Wdkitorg has thousands of entries for
frequently visited tourist locations in London, Baand other major cities, points of
interest (POI) and location-specific, hyperlinkeddia content which can be viewed on
the Wikitude World Browser. Furthermore, compariies Sony are developing systems
that a person can wear like sunglasses that wabbraplish the same thing (Cascio, 2009).
These devices will change sightseeing and touritigities of tourists. Pointing the
device on a building can tell you what you are laglkat so that the device acts as a
guidebook. As a result, companies such as LorelygPare collaborating with AR
technology developers. Cities, guidebooks, tounmanies and resorts are creating their
own databases of information that will work with ARowsers so that tourist-friendly
information about sights, restaurants, shops,aeecuploaded to the portable device (Yu,
2010).

One would expect that simple actions of users, sisghointing a mobile device or
wearing specialized eyeglasses, is what will beired to enable users to manually
interact with smart devices, computers or robdis ihe future (Masliah,1999Qrascic,
Grodski, et al., 1993).

Advanced tools, mobile software, databases, an@pgygs for travelers are currently
available from Lightning Laboratories, RTP, Goo@leggles, and Mobilizy.com. With
this very promising emerging AR technology we capeet that travelers will become
more and more comfortable using technology and\fkeb, and the products will become
more user-friendly. Consequently, one could pretiiat the inclination to depend on
and use the Internet will grow, hence online trdaking will benefit. Travel marketers
could position themselves in the marketplace bgrfating with such technologies and
striking alliances with firms that are deploying ARoducts.
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Murray and H&aubl, (2009) discovered that peoplentbeing interrogated by a computer
through simply responding to a series of questimrnsvould rather interact in a social
fashion similar to a human-to-human interactionakiig computers more
anthropomorphic is currently being done throughargathat change expressions and
whose appearance can be altered by users. Exaaofjiles can be seen at Yahoo's
messenger service and through online poker sisasiFullTiltPoker.com. Komiak,
Wang, & Benbasat (2005) establish that computerevand Avatar technologies should
be used to increase interface richness and fdeilitast formation between users and
virtual salespersons.

As Qui and Benbasat (2009) note, anthropomorphiairgcommendation agent would
mean adding humanlike characteristics such asl faqgmessions, speech, body gestures,
human emotion and social intelligence. As theypout, leading commercial producers
and Web-based services that facilitate the dedigminated characters include
Oddcast.com and Haptek.com. The 3D character Grethother facial animation
engines such as Reallusion.com, are growing inlpdpuas well (Qui and Benbasat,
2009). Qui and Benbasat’'s experiments indicateusiag human embodiment and voice
output in a decision aid significantly influencesets’ perceptions of social presence,
which impacts positively on users’ trusting beljgisrceptions of enjoyment and their
intentions to use the intelligent aid. Social pre=e in their research is a construct that
refers to the feeling of ‘being with another humatheir study showed the importance
of integrating social presence with traditional TAMNstructs to facilitate users’
adoption of online recommendation agents. KumdrBenbasat (2006) through an
innovative research design and experimental metbggipshow that recommendation
and consumer reviews improve social presence aspet¥eb shopping.

Murray and Haubl (2009) suggest RAs should be desigo they reduce the initial
effort required to use them. Perceived usefulesdluenced by the amount of effort
users must expend to use the technology (Davi®)198ontent filtering is one way of
providing better advice than collaborative filteriand it could reduce the effort required
by users (Russo, 2002). Search effort is alsocelin a study conducted by Aksoy,
Bloom, Lurie, & Coolil (Aksoy, Bloom, Lurie, & Coqil006). Perceived cognitive effort
of users is reduced when explanations of the deceid’s actions or functions are given
(Wang and Benbasat, 2009).

There is evidence that some progress on othersfisrteing made as well. One such
example is Lee, Chang & Wang’s (2009) experimeotasvith an ontological
recommendation multi-agent that provides a perszatdhtravel route for Tainan City
tourists. The Tainan City travel ontology is prigaed by human experts and the
intelligent agent benefits from ant colony optintiaa and a fuzzy inference mechanism.
These approaches exploit a human understandabbdjmeareadable format, the ability
to reason, and contextually relevant travel totorimation that produces a personalized
tour plotted on a Google map for travelers. Thgeexnent provided some good results
such that the authors plan to expand the domawiamy to other cities.
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In another example, researchers test the similegatyween an electronic agent and a
consumer in terms of the weights given to attribudka product and the decision
strategy used. They found that consumer usagedfenic agent recommendations is
very much determined by perceived similarity ontihe dimensions listed above.
Therefore, agents should think like the consumey tre trying to assist, and when this
occurs, the choice quality is higher and the seaffdit is reduced (Aksoy et al. 2006).
Other researchers investigated how the similafityeoceived decision process and
decision outcome affects users’ evaluations ofgleciaids. The specific decision aid
characteristics of interest were their usefulnessteustworthiness. The approach used
by the researchers fit tli@omputers are Social Actof(Reeves & Nass, 1996) paradigm,
which states that users of interactive technoldgid#acts (e.g., computers) perceive the
artifacts as social actors and regard their intemas with them as social and
interpersonal. Al-Natour, Benbasat & Cenfetelbposed that users would perceive
decision aids in the way they perceive human datisiakers. Their findings revealed
that only perceived decision process similarity haggnificant positive effect on
perceived usefulness and trust (Al-Natour, Benb&daéenfetelli, 2008).

User-generated content (human recommendationg)eerdto-peer information can be
quite influential in the consumer buying proce$éey could become even more
influential as they grow into large and valuablpastories of information. Blogs based
on peer-production sometimes contain so much irdtion that users cannot retrieve
information effectively (Li & Chen, 2009). Consemily, Li and Chen propose a blog
recommendation mechanism that is human-orientedexttdally sensitive. In addition,
a crucial element of their recommendation systestudtes trustworthiness. Their
mechanism is considered to be an improvement owdy aggregators such as
Technorati, which provides a search engine platforassist users, while Blogpulse and
Daypop utilize common keyword-based search engimaar to Google. Li and Chen’s
approach can be seen at the Taiwanese bloggirgnsy®¥retchhttp://www.wretch.cc/

Some RAs, even though effective in helping conssm@nage information and choice,
may not be readily adopted when RAs are regardembbgumers as "double agents”
(Murray and Haubl, 2006). "Double agents" becdheg are designed to influence
consumers in a way that benefits sellers whildaisame time aiding consumers to make
better decisions. A prime example of this is GMigo Choice Advisor which may
influence a consumer to purchase a GM product avieyota. In contrast, electronic
decision aids such as Epocrates Ihttp://www.epocrates.com/companyghow no bias

in its recommendations. Their website states tmepany “develops clinical information
and decision support tools that enable healthcarfegsionals to find answers more
quickly and confidently at the point of care.”

When appropriate explanations are provided to us®ist in the recommendation agent
is enhanced (Wang and Benbasat, 2007). In areeatlidy, Wang and Benbasat (2005)
tested the validity of trust in RAs using an ineggd Trust-TAM framework to reveal
that higher consumer trust in an electronic agesilts in a greater likelihood of
adoption. Additionally in the 2005 study, consusnergarded online recommendation
agents as having human characteristics of benes@l@nd integrity, for example. Gefen
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et al. (2003) assert that trust is expected toaipexs an antecedent of consumers’
intentions to adopt online recommendation ageRtgthermore, when the similarities
and differences between virtual and human salespemsere assessed, overall,
customers trusted virtual salespersons more tre@nttbman counterparts (Komiak,
Wang & Benbasat, 2005).

Godek & Murray (2008) experiment with consumerdlingness to pay for advice, and
find, that when consumers process information natly (as opposed to experientially),
they are willing to pay for advice.

Murray, Haubl & Johnson (2009) propose a model destrating how increased loyalty
to a firm can be obtained through personalizatioih® customer interface and making
this apparent to customers. Expedia’s abilityeimember a traveler’'s home airport,
destination, and travel preferences is such an pbeam

The product advising function is shifting from humsdo software-based product
recommendation agents. As these and online decsits grow in sophistication their
importance is being recognized by companies akkb@y, which acquired

Shopping.com in 2005 as reportedrime EconomisfJune 4, 2005, p.11). Increased
capabilities of high-end online tools used on trawebsites such as Kayak.com, and non-
travel sites e.g. BizRate.com, could impact a lessrconsiderably. Leaders in travel E-
Commerce would be well advised to closely moni®mredlopments in online software
entities, incorporate them and continually updagsrt to remain competitive.

6.3 RESEARCH LIMITATIONS

As with all research endeavors, this study halniisations. Survey respondents
expressed their intention to purchase travel orblimethese do not necessarily reflect
enduring behavioral patterns of subjects.

The survey instrument was administered on theriterSubjects were referred to the
website which included the survey and appropriag&ictions. Every respondent saw
the same questionnaire and had the same instradbayuide them. Although the survey
was pretested it is difficult to determine if paipiants fully understood the questions
asked. In addition, consumers without much Inteexperience most likely did not
complete the survey.

Respondents were referred to the online surveyabipws British Columbia businesses
that expressed an interest in the research indudine Prestige Hotels & Resorts,
Budget Car Rentals, The Kettle Valley Steam Railvidhe Fintry Queen boat charters,
and DiscoverThelslands.com. Even though 1198 cet@glsurveys were produced they
represent the client base of these businessefarefdre the results may not be
generalized to the Canadian or U.S. populationdi##ahally, an incentive for

completing the online study was provided so thatesyic bias could result.
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Lassar, Manolis & Lassar’s (2005) model supportedAM perspective when applied
to online banking adoption just as Yoh’s (1999) SEMddel verified the usefulness of
TAM for understanding online clothing purchasef©ie TAM perspective is confirmed in
this study as it relates to online travel bookifgpanotwithstanding the fact that external
variables of motivation, product knowledge, andoirnement were needed to improve
the predictive model. Even though several stuslesv the relevance of the TAM
viewpoint there may be better theoretical perspestfor explaining travel buyers’
behavior.

Any research attempting to explain travel purchas®avior is difficult since the travel
sector is multi-faceted, knowledge intensive, aoiscamers’ relationship with travel is
complex and subjective. Additionally, travel pratiivary widely with respect to their
cost, complication, transaction transparency teuaarers, and hedonic benefit. This
variance is expected to influence a consumer’sii@roent, their experience with a
travel product and these will in due course immendine booking intention.

In this study offline aids were restricted to treagents but other offline aids exist such
as travel brochures, tourism offices, guideboaiesdl magazines, etc. and it is possible
some of these are more influential than travel egen

Online consumer behavior is still rather immatund the Web is changing rapidly,
therefore, the relevancy of this research in tingiterm may be limited.

In spite of its limitations, this study is believexprovide valuable insights in
understanding the online leisure travel decisiatess and buyer behavior.

6.4 RECOMMENDATIONS FOR FUTURE RESEARCH

There still appears to be a gulf between the vesmfrwhat artificial intelligence can
accomplish and the capability of current technolaggd in building intelligent agents.
Computers are not as yet very good with knowledagenisive tasks such as complex
travel planning at which experienced travel agemt®l. However, advancements in Al
and computerization, the increasing power of remgpsystems, and the development of
the semantic web can be expected to improve daalmisnformation, the ways in
which they are queried, and allow the conversiodaté or information into knowledge.
ODAs will eventually be able to discover what infa@tion is being requested by a
consumer, determine where to find that informatarthe World Wide Web or
elsewhere, extract the information from a netwdrkssorted information sources
(Knoblock, 2003), report its findings clearly amda meaningful way so that a human
can understand it and recognize what informatiog bealacking.

ODAs will be ultimately engineered to have reasgrabilities (Ardissono, 2003) and
decision processes that are quite human-like. dong from Poole, Mackworth &
Goebel's (1998) conception of an infobot as a blaawk, a future ODA will contain
inputs of prior knowledge such as information sesrand how to access them, past
experience about where information is obtainediafadmation about the preferences

112



and profile of users. In addition, ODAs will bergn goals about what information it
needs to find (Knoblock et al., 2008), ways to asseadeoffs between the volume, cost
and quality of information, and observations abhehat information is at a current
website, what links are available and the Intetradfic load on various connections.
Further research studies could examine how theigalbsing and where the
technological or other bottlenecks exist.

The output of an ODA is information presented &vélers in a user-friendly way.
Consequently, aside from similar outputs to theltapisted above, an ODA will need to
be able to explain how it derived an answer or stiye information was unavailable,
draw conclusions about a lack of knowledge, deteensbnflicting knowledge, recognize
disjunctive knowledge, use default reasoning aldwdre to obtain different information,
learn about what information the user is interegtednd volunteer information that
users don’'t know exists. In addition, acquisitafrcustomers’ demands should adapt to
the customer (Bergmann and Cunningham, 2002).h&uresearch into how humans
will interface with this advancing technology coglbve beneficial.

This researcher believes future collaborative, eainfiltering processes and
recommendation agents will provide increasinglyhgsiicated insights into the
collective mindset of different customer groupsitufe research into how this mindset
develops could prove interesting and provide tierrifarketing opportunities. Marketers
could use these insights by assessing the exder@nee structure of customers who
prefer certain goods and services so they couléietcommend related products in
other categories that meet specific attributesrefepence structures deemed important
by the customer. For example, men who enjoy ttestaechnological innovations in
personal care items such as electric shaverskalyg to be interested in high quality
men’s cosmetics, as well as hair products thabuganic ingredients or contain other
healthful elements. A vendor that sells both cattieg of products would benefit by
interfacing the knowledge of preference structaeguired from customers who
purchased electric shavers in order to recommeptbppate hair products. It is
expected that vendors such as AOL and Apple wéhéwally move in this direction. For
instance, the website aol.com currently is conguio expect that readers interested in
certain political stories are more inclined to redder articles based on particular
lifestyles that are correlated with the naturehaf political content. At AOL Electronics
Shopping, where numerous electronic items are &dedr presumably readers interested
in digital cameras would likely be interested dlscell phones. A natural evolution may
be that readers of a political story at aol.com k&l guided to information on certain
electronic products at AOL Electronics Shopping.

Another example of how this could evolve is illaséd through Apple’s itunes website.
When a customer buys a song (tune) at itunes.dwmyebsite currently provides a list
of songs that other customers purchased, thusetdéng the mindset of a customer
buying the song with the mindset of customers wiawipusly bought other songs.
Similarly, for a purchase within the new categofynovies, the website provides a list of
movies other customers bought. The next step ¢éxgés for itunes to show the songs
and movies previous customers bought when a custonys a song. Likewise, itunes
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could show a list of movies and songs when a custdimys a movie. This evolutionary
step in collaborative filtering and recommendatgents has the potential to create
marketing opportunities and is worthy of furthesearch into new potential determinants
of online purchases.

With travel products we may see more sophisticatehe information so that customers
who prefer to stay in a type of accommodation bdlrecommended to go on specific
kinds of tours, or attend certain concerts. Aldirrely, an ODA could recognize a
consumer is traveling to Australia with young chéld. Once the ODA calculates the
lengthy flight time and having been given prior ihedge of the need to keep children
preoccupied during long trips, it may suggest wayshich a parent could entertain their
children. The ODA may also narrow the search émoanmodations to hotels that are
kid-friendly and suggest entertainment venuesftdratlies would enjoy. An ODA that is
capable of reasoning in these ways will be acting human-like manner. Future
research that illustrates these reasoning capabibf ODAs will be fascinating.

Opinion leadership and innovation characteristiesenfound to influence online banking
adoption by Lassar, Manolis & Lassar (2004). Asseswhether the same applies to
online travel booking intention or adoption mawath pursuing. Also, evaluating
whether demographic dimensions such as househoddnie, age, and education help
identify innovators or online travel bookers. Qmeuld expect that the young, well-
educated and wealthy consumers would be innovatatsnore likely to be online
bookers.

Hyde (2008) states pre-vacation decision-makiregtlsee step process consisting of a
search for travel and destination information, mglka plan for the vacation and then
booking of selected elements of the vacation. feutesearch could consider this process
so that searching and planning are viewed as depatnases. As Hyde pointed out,
many antecedent factors of tourist information cleare well researched, but antecedent
factors which lead to vacation planning are notl wiebwn. Furthermore, Hyde's
hypothesis testing was supported through the ustrwitural equation modeling
software. Future research could incorporate thase phases into the Conceptual
Framework developed in this study instead of the aativities of researching and
booking. Online planning intention as it relates’AM and innovation adoption theory
could be included in a future study.

Questions will always remain about how diversedextnfluence the decision-making
process of humans. This writer believes furtheeaech will make known numerous
elements of this process enabling machines to eethla process and assist humans.
But, ultimately, even though future developmentaimnd complementary technologies
such as robotics will enable machine intelligenceé artificial beings to experience
increasing measures of sentience, they will nevakenpossible the true understanding
and experience of sapience since that ability msigmed exclusively to humans.
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Appendix A:

Figure Al. Advanced Search Feature of Icruise.com We

o MYicruise

a0 personal cheice-cr

the cruise pﬂrt; * PRICE TRA4CHKER *CUSTOMIZED SPECIALS *»COMPARE COSTS

return home ship info- records cruise
info - news- tools

Pick Destination

Month =

Length - I

Any Price

dlease pick from the criteria below - need helg

I Large j I Unsure j Unsure j
Ship Size: Ships Age: Customer Capacity:

You can additionally choose one or all from the belw categories, then click "Search Now

CABIN FACILITIES SHIP FACILITIES ENTERTAINMENT
r Air Conditioned Fully I Computer Rooms r Backgammon
I_ Bath Tub I_ Conference Center Card Room

I- CD Player I- Fax I- Casino

I_ Closet I_ Fresh Water Swimming Pool I_ Dance Lessons
I- Electric Current (110) I- Garage I- Darts

r Electric Current (110/220) I Handicapped Accomodations r Disco

I- Electric Current (220) I- Heated Swimming Pool I- Night Club
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Family Cabins

Hair dryer in every cabin
Mini Bar

Radio (2-4 channels)
Safe

Satellite TV

Telephone in every cabin

o I e e e e A |

VCR

FOOD SERVICES

24 Hour Cafeteria

Juice Bar
I- Pizza Parlor
I_ Wine Cellar
SERVICES

24 Hour Room Service
Bank

Barber Shop

Beauty Salon

Closing Stock Quotations
Concierge

Dry Cleaning

Shore Excursions

A e e w w B

Tuxedo Rental & Tailor

Helipad

Hospital

Hot Tub

Kennel

Laundry

Library

Newsstand

Sauna & Steam Rooms
Solarium Spa and Pool

Stabilizers

Swimming Pool (Indoor)

Swimming Pool (Outdoor)

o o s s s e B R R R R R |

Teen Center
RELIGIOUS

Chapel
Clergy

Religious Services

i

Synagogue
SHOPS

Boutique
Drug Store

Duty Free Shops

i R R

Photo Shop

i I e B B

Piano Bar

Poker Room
Rendezvous Lounge
Show Lounge

Video Game Room

Video Library

CHILDREN

i R R

24 Hour Child Care
Babysitting
Children's Activities

Children's Supervised Pool

SPORTS / HEALTH

e e e e s e e e s s B B

Aerobics
Basketball
Croquet Court
Exercise Classes
Fitness Center
Golf Range
Horse Racing
Jogging Track
Ping-Pong
Shuffle Board Courts
Snorkeling

Trap Shooting
Volleyball

Wind Surfing
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Note that icruise.com used this form with checklsoxetil around 2006 but does not
currently use it. Other companies that used simoh@ckboxes in the past have also
abandoned their use which suggests databases dperate properly with checkboxes
and queries or searches through data.
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Appendix B:

OPERATIONAL DEFINITIONS OF TERMS

Artificial Intelligence -- "the science and engini@g of making intelligent machines”
(McCarthy, Minsky, Rochester and Shannon, 1955).

Attitudes — learned predispositions to responditolgect or class of objects in a
favourable or unfavourable way (Fishbein, 1967).

Beliefs — hypotheses concerning the nature of thbgeets and the types of actions that
should be taken with respect to them (Fishbein7).96

Collaborative filtering -- or social recommendatiderives recommendations using the
behavior and preferences of others, especiallyetid® have displayed similar tastes
and interests as a particular user (Goldberg, Nscl@ki and Terry, 1992).

Information filtering -- is a process used to derrecommendations for a particular user
from knowledge of that user’s past behavior (Sahdf@99).

Interactivity — the process by which a customegsds and desires are uncovered, met,
modified, and satisfied by the providing firm (Hai&n & Novak, 1996).

Online decision aid (ODA), or online aid — travethgites, consolidator such as Orbitz,
online travel agency, travel search engines su¢tagak, and others on the IDS.

Offline aid — a travel agent.
Recommendation agent (RA) -- the shopbots thategatifiormation on a consumer’s
personal preferences in a specific product categodythen base product

recommendations on this information (Haubl, Murrayd Trifts, 2003).

Shopbot -- a price comparison service, shoppingpegison, or price engine that allows
consumers to see lists of prices or features fecifip products.

Trust -- the mutual confidence that no party teeachange will exploit its informational
advantage (Sabel, 1993).
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Appendix C:
Email Letter to Shopping Mall Managers

Ms. Fay Laing
Lougheed Town Centre
flaing@lougheedtowncentre.com

Dear Ms. Laing:

Thank you for your interest in my research work #repersonal interviews | need to
conduct over the next couple of weeks.

As | indicated on the telephone, | am a doctoradiesnt enrolled in the Doctor of
Business Administration degree Program offeredtlypioy Newcastle University of the
UK (http://www.ncl.ac.ukf & Grenoble Ecole de Management of France

( http://www.grenoble-em.com

My research involves innovation and improvementsamel website booking engines,
and determining the profile of consumers who acéiried to use sophisticated online
interactive decision aids. Specifically, | would &sking consumers questions such as:
how they organize their vacation, how they seaoclahd select the destination(s) of
their choice, how they would like a travel websitganized or structured so they could
select the vacation(s) of their choice, and thercpived value & benefits of using an
online interactive decision tool.

Consumers would be encouraged to spend time watinterviewer through a vacation
for two giveaways so that | will not be disturbiagsoliciting patrons of the mall to drop
by my table.

I know as a marketer of the Lougheed Town Centreare interested in providing a
good shopping experience for your patrons. Ab@u&mes of respondents will be used
for a random draw of the vacation for two. If | aiot 22 respondents from the Town
Centre then your patrons have a one in three chainganing a vacation for two with a
retail value of $3,000. I'm sure that if the seézttvinner were to be a patron of yours
they would agree that their experience at the @em#s a terrific and worthwhile one.

Once | complete the personal interviews in Vancotivis summer, | will accept an
invitation to visit the Swiss Federal InstituteTachnology in Lausanne, Switzerland and
meet with a research scientist in the Human Compnteraction Group of the database
laboratory. In early August | then meet my prim#rgsis advisor, Dr. Michel Polski, in
Grenoble, France to update him and obtain furtbetagnce for future research.

I look forward to hearing from you next week arahi available for any questions you
may have at the coordinates below.

Thank you.
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Regards,
Michael Conyette, BA, MBA

Telephone 604-444-0700
Email michael.conyette@grenoble-em.com

OR
homeair@telus.net
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Appendix D:
FOCUS GROUP 2005

1) “Do you use the internet for shopping? Quoteldsetime you experienced an online
shopping experience. Did you prefer it or not toaalshopping or not? Why?”

2) How can a website enhance your online shoppipgreence? Do travelebsites
engageyou? If you enjoy the online experience will ymecome more involved with
the experience, and will you continue to use thelbsite, and will you develop favorable
attitudes toward the online company?

3. Will you as a customer choose an online channeldlnaebsite) versus offline (travel
agent) because you believe it tager transactional cost® It is believed that a
customer would buy a product electronically if thpgyrceive the transaction cost of the
channel to be competitive.

4. How woulduncensored competitor price informationaffect your decision making?
Showed respondents cross-vendor comparisons vétaithof a third party intermediary
such as a shopbot (shopping robot) Allbookstores.co

5. How muchinfluence on your consumer decision-makinglo a travel agent’s
recommendations have on you? Do travel agents davasiderable amount of
influence? Do agents attempt to push the holiddylseir parent company rather than
give impartial advice to consumers? How might tedifferent with a travel website?
Showed respondents the hot rates on DiscoverTheisi@om, which are displayed first
and with a yellow background.

6. Areknowledgeableconsumers more likely to search for new infornratiefore
making a decision? Are less knowledgeable consaimere likely to rely on attributes
such as brand name, price or opinions of others?

7. Areonline behaviors of consumers subtly differenin nature from offline
(traditional) consumers due to specific unique abtaristics and interplay of technology
and culture? What differentiates them? For mstado some Internet users have a
primary goal of simplifying their lives and savitighe?

8. Areonline consumers loyato travel websites?

9.Do you feel consumers evaluate and choose amomgeagents based on whether the
online agent is consideredore informative or diagnostic?

10. Are theredistinctive styles of information searchamong online travel buyers?

11. How do yowcompare the control consumers haven traditional mass media such as
television with the level of information control thielectronic communication channels?
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12.Means-end chain links “How much_involvementio you have in making leisure
travel decisions?” “How does your level of invehaent affect your travel planning
decisions?” “How knowledgeabbre you about travel planning?” “Do you make ttave
plans by yourself?” “Do you consult others beforaking plans?”

13.Motivation What is your main purpose in using the Internet?

Also, respondents were asked to identify which (Mit&s) motives they felt described
them. A list of these motives can be seen in AdpeR. Other motives included
shopping enthusiasm and need for cognition (SchamdtSpreng 1996).

14. Learning and Tacit Knowledge Have you found that information you learned or
discovered while booking travel for business puesosas used on leisure travel
decisions at a later date?

15. Segmentation

Respondents were shown four descriptions of trasefgppendix F and were asked to
indicate which one described them.
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Appendix E:

INTERVIEW QUESTION FORMAT AND SYNTHESIS OF INTERVIE W
RESPONSES

Format of Semi-structured Questions Asked

How do you as a consumer organize your vacation?

How do you search for and select the vacation nlgsbins or island(s) of your

choice?

What type of vacation(s) do you would like?

How do you organize such a vacation(s)?

What preferences & needs do you have (as a trjveleacation(s)?

How would you like a travel website organized oustured so you could

select the vacation(s) of your choice?

What features, tools or abilities do you like itravel website?

What are your expectations of a website called @iscThelslands.com that

caters to travelers to island destinations worlé®id

9. What does the website evoke for you as a travietex; does it inspire you?

10.How can DiscoverThelslands.com distinguish itselff other online travel
companies?

11.What likelihood is there that you will utilize a &-bot’ or online intelligent
decision aid (assess propensity to use)?

12.What perceived value & benefits are there to yousifig an online
interactive decision tool?

13. Are there anticipated effects of interactive dexisaids on how you make
travel planning decisions? (consumer decision-ngkin

14.Would an online decision tool make you solicit ebgiée more often? (effects
of online decision tools on customer loyalty)

15. Does the use of an online decision aid make younfieee satisfied in your
online travel booking? (impact of online decisiodsaon customer
satisfaction)

16. Discover market segments that are most amenabiging interactive

decision aids

N

ogkw

© N

Responses to key questions 1 & 4

How you organize a vacation; organize a specifeatian?
Respondents could be placed in the following caiegpthose who say:
1) | organize a vacation essentially around a btydgelget-oriented

2) | organize a vacation essentially around timelakle off work; time-oriented
3) | organize a vacation essentially around a dastin: destination-oriented



4) | organize a vacation essentially around arviigtiactivity-oriented or relaxation
5) | organize a vacation essentially around a sppecideal; on the spur of the moment
6) | organize a vacation essentially around mydfragent's recommendations

Responses to key question 6
How would you like a travel website organized oustured?
Respondents could be placed in the following caiegpthose who say:

1) Destination guide based
2) Deal based

3) Activity based

4) Plan own package/trip
5) By price ranges

Responses to key questions 12 & 13

Perceived Value/Benefit of ODA & Effect on TravdaRning Decision

Respondents could be placed in the following categpthose who say:

1) The ODA will save time & money; convenient, raras hassle

2) | have the ability to customize my trip; persiored travel, design my own package
3) ODA is accessible, convenient, helpful 24 hauday, 7 days a week as compared to
travel agent

4) 1 will allow the ODA to influence me, give medds
5) ODA intrigues me, makes me curious, sounds yremdl so | will use it
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Appendix F:

FOCUS GROUP 2005 — MOTIVATIONS

Put your name under the term that best describesiy@ traveler
Choose one of the four below:

Explorer—They plan own itineraries and make owrrestions although may use a
travel agent. Tend to be very sociable & enjogiiatting with people.

Drifter- They are backpackers. Will seldom be fdum a traditional hotel. Will stay at
youth hotels with friends or camp out. Tend to mith lower-socioeconomic native
groups. Commonly found riding third-class railoms. Most tend to be young.

Organized Mass Tourist- Have little or no influermseer their travel experience other
than to purchase one package or another. Commranigl in a group, view the
destination through the windows of a tour bus, i@mdain in pre-selected hotels.
Shopping in a local market often provides theityardntact with the native population.

Individual Mass Tourist- Similar to the previougegory but have somewhat more
control over their itinerary. They may rent anatd visit attractions, for instance.

Rate from 1 to 10 the following statements that desibe motivations in travel
planning or using the Web where 1 means that's nahe and 10 means that is me.

1. Shopping enthusiasm-- enjoyment you feel fortéis& of collecting and processing
information about a product Ratin

2. Need for cognition-- is the tendency for indivéds to engage in and enjoy thinking
Rating

3. Hedonic needs including amusement, fun, enjoynegrtertainment
Rating

4. Functional needs including information, effiaggnand convenience.
Rating

5. Use of Internet as a source of information éarhing and research
Rating
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6. Social escapism motivation, inRat

7) transaction-based security and privacy concerns, Rating
8) information motivation, Rating

9) interactive control motivation, Rating

10) socialization motivation, Rati

11) nontransactional privacy concerns, Rating

12) economic motivation Rating

13) need to categorize. need to organize thearesy of information and experiences
they encounter in a meaningful yet manageable vayrder to accomplish this, they
establish categories or mental partitions thatatloem to process large quantities of
information. Rating

14) the need for stimulation where a person seaksty and difference.
Rating

15) the utilitarian need, which sees the consuraer groblem solver.
Rating

16) the need for tension reduction. This motivelaxs why consumers are attracted to
recreational products and services to manage te@asio stress.
Rating

17) the need for reinforcement. People act irmg@mays because they were rewarded
for behaving that way in similar situations in {hesst.
Rating

18) the need for affiliation. Affiliation is thesed to develop mutually helpful and
satisfying relationships with others.
Rating
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Appendix G:
Survey Questionnaire

Survey_with Letter sections (2).pdf - Adobe Reader
File Edit view Document Tools Window Help

L= R e e

1. How many LEISURE/PERSONAL trips have you taken in the past year?

O Mone O 1 O 2-5 O &9 O 10-27 O 284

2. Could you access the Internet with your present computer at home or work?
O Yes O No.

3. Do you have access to the Internet from places other than home or workf? (ie
library, Internet cafe, college/university)

Ons Orm

4. How long have you been using the Internet?

() wLess than six mantns (7) setween 4 and & years
(D) six months to less than 1 year () setween & and 8 years
() metween 1 and 2 years () Between & and 10 years
() setween 2 and 4 years () More than 10 years

5. About how much time do you use the Internet for any reason other than work
each week?

() pon't use () 11-20 nours

() 2 nowrs or tess () 21-30 nours

O 3-4 nowrs O More than 30 nours

O 5-10 nours

6. Approximately how many hours do you spend RESEARCHING or planning a
vacation using the Internet?

O Less than 1/2 hour O 3-5 hours

O 142 to L hout O £-10 hours

() 1-2 hours () More than 10 haurs

Bsen] @@ (@ C ®  &wndons...| Eeestro... | @ nourlosds | @ pssertes.., |[Fisurvey .. Elappende.. | @[ ceecn Cesion 2 [os% § & @ PR SO TBEBIE o
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urvey_with Letter sections (2).pdf - Adobe Ry
File Edit View Document Tools Window Help

Bsen| @@ @« @ @ wndonstie. | EresTroreL ... | B Diseristion 1. [T survey_wit.. &) sppendees.d.., | @[ SeerchDeskion L

7. Indicate all types of LEISURE/PERSONAL travel products you have RESEARCHED
online, and/or PURCHASED online (using the Internet). If you did neither, then
check that box only. This is an important question so please take your time

answering it.
Didn't RESEARCH OR PURCHASE
RESEARCHED ONLINE PURCHASED ONLINE
with Internat

Cruises ar Charters

O
O

Destination
tourfattraction tickets
Vacation packzges

EBoat tours

Hotels or sccommedation
Wine tours

Al-inclusive resorts
Airfine tickets

Car rentale

Scanic rall tours

Long-distance train
tickets (CN Rail)

o o
o o Y
e

8. How often do you visit a travel website to RESEARCH or BOOK a
LEISURE/PERSONAL travel product?

(O never (O every monin

O once or twice a year O at lezst once a week

O once every few months

9. How much of your LEISURE/PERSONAL travel have you RESEARCHED online
(using the Internet) in the past 12 months.

() ormane (0) 50% 1o tess than 75%

O Lees than 25%, bt mors than 0 O 75% to 1838 than 100%

() 25% to less than 50% Can

&

9% i & @ PFESYO AR

128

-

E:



Survey_) Letter

sl @@ 3 - @

this.

10. Which of the following types of Web sites have you used to research your
LEISURE/PERSONAL travel in the past 12 months? Select all that apply.

D General search engine (e.g., Google, Yahoot)
D Group travel sites (e.9., Groople.com, TrpHUb,com)
D nNone of these

D Opague/discount Lravel site where you pay befare knowing
full datails of your trip (s.g., Priceline, Hotwire)

D Tourism Office/ convention bureas Web site (2.4,
HelloBC.com, VegasFreadom.com}

D Travel guide site {2.q., Fodors.com, MyTravelGulde.com)

[ vrave szies ana speciaie site (e.g., Traveizon,
SmarterTravel)

Other Website {please spacify}

[ ravei searchiprice comparison site (e.g., Sidestep,
InsideTrip, Farecast)

D Trawel supplier Web site Travel supplier Web site (2.0,
Marriott.com, AirCanada.com, Budget.com, Prestigelnn.com)

[ Traveier community site {e.q., Tripadvisor,com,
TGOUGO.com)

D Traval-related Web log, or "blog” (8.g., HoboTraveler.com,
eravelblog.org) or Travel farums

D Web partal travel site (2.q,, Yahoo! Travel, MSH Travel
Cantral)

[ web-based traves agency (e.0., Expedia, Travelocity)

11. Which of the following offline resources have you used to research your
LEISURE/PERSONAL travel in the past 12 months? Select all that apply.

D Calling or visiting & travel agency office (e.0., an American
Express or Carison Wagenlit travet agent)

D Travel supplier call centar {e.q., toil-free number for Hiltan,
Westlet)

D Convention & Visitor Buraaus, Tourism Offices
[ print ass or 7 commerciais
D Advice from friends or family

Other offiine source {piease specify)

D Trawel magazine o newspaper article (e.g., Conde Nast
Traveler, Sunday Mewspaper Travel Ssction)

D Trawe! TV program [e.g., Great Hotels on the Travel
Channel, Rick Steves’ Europe)

I:‘ Guidebock (e.g., Lonely Planet guide, Frommers guide,
Travel Best Bels)

D MNone of these

@théwl—lﬁ‘e‘..l.@BEEﬂ'm...|.@Dssa:-hjb;ml..|l. survey_wit.. ] Appendies.d.. | B[ Geach Deskion £ [o8% fi @ B PESNS 2@l
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2. Section B. Booking Online- Travel Websites vs Offline- Travel Agents (3
que...

Questions on this page require you to distingulsh between PURCHASING ONLINE with travel websites, and OFFLINE with travel agents
or another offling resource.

1. How much of your LEISURE travel have you PURCHASED online (using the
Internet) in the past 12 months

O OfNone O 50% o less than 75%

O Less than 25%, but moere than 0 O 75% bo lags then 100%
O 25% to less than 50% O Al

2. If you have purchased online, which Web sites have you used to purchase
LEISURE/PERSONAL travel in the past 12 months? Select all that apply

D Travel supplier Web site (€.g., Marriott.com, D web portal travel site (2.0, Yanoo! Travel, MSN Travel
AirCanada.com, Budget.com, Prestigelnn.com) Central)
D Web-based travel agency {e.g., Expediz, Travalocity) D Trave! search/price comparison site (e.g,, SideStep,

InsideTrip, Farecast)
[ ooaquerdiscount travel sice where you pay before knewing

1ull dataile of your trip (2.0, Pricaline, Hotwire) I:‘ Gther online resource

3. If you have purchased offline, which resources have you used to purchase
LEISURE/PERSONAL travel in the past 12 months? Select all that apply.

D Offline traval agent calljvisit (2.9., call to 2 Carlson D I have not personally purchased my own
‘Wagonlit trave! 2gent) LEISURE/PERSONAL travel in the past 12 months
D Trave! supplier callfvisit {2.g., toll-free number for Hiltan, D Hone of these

‘Westlat, Busget Rent-z-car}

Other offline resaurce (please specify)
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Please fill out the following form. You cannot save data typed into this form.
Please print your completed form if you would like a copy for your records.

3. Section C. vel agents & travel websites LEISURE (after 8 question:

1. Select by clicking on the drop-down list (arrowhead) which number best describes
your feelings about booking with a TRAVEL AGENT as compared with a TRAVEL
WEBSITE. Rate both TRAVEL AGENTS and TRAVEL WEBSITES. This is an important
question so please take your time answering it.
GUIDE FOR ANSWERING
Convenient 1 2 3 4 5 6, 7
Inconvenient
Safe using creditcard___ 1 2 3 4 5 6. 7___ Risky
using credit card
Expensive 1 2 3 4 5 6 7 Not
Expensive
Difficult, 1 2 3 4 5 6. 7___ Easy
Enjoyable, 1 2 3 4 5 6 7 Not
Enjoyable
Positive, 1 2 3 4 5 6. 7
Negative
Empowering 1 2 3 4 5 6, 7
Disempowering
Good 1 2 3 4 5 [ 7 Bad
Desirable 1 2 3 4 5 6, 7
Undesirable
Useless. 1 2 3 4 5 6 7
Beneficial
Reliable 1 2 3 4 5 [ 7
Unreliable
Inefficient, 1 2 3 4 5 6 7
Efficient
Certain 1 2 3 4 5 6 7
Uncertain

Booking with a TRAVEL AGENT is: Booking with a TRAVEL WEBSITE is-
Convenient [ == ﬁl
Safe using cradit card == I ==
Expensive == =i
Difficult == I =il

#istart| @ @™ 5} [~ & & windows Live.ul k] BEST MODEL | k] Dissertation J| 7 survey wit.. ] Appendices.d... Search Deskiop L2 98% | @& |,J. Eowo @ik
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2. Please describe in the space below what types of travel decisions you would most
likely make with the assistance of a TRAVEL AGENT.

|

-]
3. Please describe in the space below what types of travel decisions you would most
likely make with the assistance of a TRAVEL WEBSITE.

=

H
4. When purchasing LEISURE/PERSONAL travel products in general, how important
are the following?

very i fant | SOmeWAat Raukiid BN S B
unimpartant T ro T unimaartant I Impoctant  [mPOTIENt  Vary impactan

Becuracy of Data @) @) 0 O

Srand

Convesience

Eredit card cafety
Eaza of Tranzactions
Enjoyment

Good service

Lovalty Programs
Frice

Social Communication
Travel Deals

Website Quality «

OOOOOO000000
COO00O0O0000
OOOCOOOOOC0O0
COO0C00000000
0]0[0]0[6/0/6]0/6]06]0)
0000000000
COO00O0O0000

5. Indicate which best represents your feelings about travel.

Definitely  Generally  Somewsst . Somewhat Genersty  Definitely
hgree hgree hgree Disagree  Disagree  Disagree

In general, 1 am smang the last in my O O

circle of friends to vistt @ new vacation

spot

My friends or farmily think § shoskd
purchase via the Intarnet

I gathes information about vacation
travel from many madia sources
Lliks ta shop for deals and bargains
My friends or family encourage me to
purchase travel products via the
Intemet

Same of my friends or family bay
travel praducts on the Internet

O 0OOoO0
O 0000
O OO0
O 0000

@)
O
@]
@)
O

O 0O0O0
O 00O

W] @@ G - @ @uvindowsive. | Beestiooe | Ejpssetaton ). [T survey_wit. Bl amendcsd. | @i ten £ s ) & [, @ PP SN0 T B
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6. Rate how likely or unlikely you are to act in the following ways. Please make a
selection even if you don't currently research or book travel products over the
Internet for LEISURE/PERSONAL use.

Highty Likaly  Likely Somewhat g  Somewhat katy Highly
Likaly Uniikely Unlikely

When it comes ta online BOOKING, hew

Mm@ @ O OF G O8O
or family 3y you should do?

How likely is 1t that you will RESEARCH

I ————— 0 Q@ QD QO 0O O
within the next six menths?

How likely is |t that you will BOOK DR

s imsleboai SN OEEH ORI O BN O8N ¢ EE R 0 8 0)
the Internet within the next six

mentns?

7. Please indicate how familiar you are with travel products, destinations & traveling
in general. This shows how much knowledge you have about travel.

A little A lietle ary
Wery familiar  Familiar Neutral Unfamiliar

familizr unfamitiar unfamiliar
How much de you feel you know about O
travel progucts?
Compared to your friends and
acquaintances, how much do you fesl
you know 2bout travel praducts?
Compared to a travel agent, how much
do you feel you know about travel
products?
How much de you feel you know sbout
travel destinations?
Compared to your friends and
acquaintances, how much da you feal
¥ou know about travel destinations?
Compared to a travel agent, hew much
do you feel you know about travel
destinations?

00
@)
Q0o
O

O OO0 O
O 00 O
O OO0 O
O 00 O
o o O
O 00 O
O 00 O

M & m @ @ @mmm|@js&smm| @Dsse(mmnlll | Survey_wit... ] Appendices.d.., | search Desktop e 9897, ' & |§).»ﬁg@gﬂa%!

133



g Survey_with Letter sections (2).pdf - Adobe Reader

File Edit View Document Tools Window Help
ﬁ\@-@*ls_fﬁ & ® [ -im e -

Please fill out the following form. You cannot save data typed into this form,
Please print your completed form if you would like @ copy for your records.

8. Select by clicking en the drop-down list (arrowhead) which number best describes

your invelvement with travelling and vacation planning. This is an important question

so please take your time answering it.

GUIDE FOR ANSWERING

Unimportant 1 2 3 4 5 (-] 7_____ Important

Valuable, 1 2 3 4 5 6, 7___ Worthless

Interesting 1 2 3 4 5 6 7____ Boring

Exciting 1 2 3 4 5 6 7 Unexciting

Unappealing 1 2 3 4 5 6. 7____ Appealing

Involving 1 2 3 4 5 6 7 Uninvelving

Fascinating 1 2 3 4 5 6 7 Mundane

Needed by me, 1 2 3 4 5 6 7 Not needed

Irrelevant to me___ 1 2 3 4 5 [ 7 Relevant

Means nothing 1 2 3 4 5. 6 7 Means a lot
Traveling and travel planning for me is:

Unimportant W

Valuable W

Interesting W

Exciting W

Unappealing W

Invelving |7;|v

Fascinating ’I_—;lll

Heeses ==

Irrelevant m

Means nothing to ma “_33

Qstart g @ @ E 0 GW\nduws LW’E...l @EESTMODEL I @Dissenaﬁon dkzs urvey wit. @Append\ces.dml E Search Deskiop p=) 98% ' & |'J. F@&Q%E
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1. Indicate to what sxtent you agree or disagres with the following reasons for
using the Internet.

Cefnisely  Cneisly  Somewhst Samewhal  Caverally  Safinitaly
Agran Bgras Agran Disagies  Clstgras  Dmsgnen

1 o et whait | wart for less st

(B[]

| can e b anyiime, anyshes

hegist, Infematiis staines fam He
W is st

75 maprass mysall frawsy

IE's comvuniant te cxe

To munl pucsie with sy nbarets
Bmcaiae it give guice 850 many B oaka
e large volumes of efarsation

| wasaar what sthur picels sald
Gyarat, | laarn & lat fram usleg the
Intarral

Sa L ean lksrn sBout things fecpaning
= the werld

Mmcaune |t makes aoguring (nfamatiae
apense

2. Select by clicking on the drop-down list {arrowhead ) which number best describes
your feelings about RESEARCHING travel with a travel agent, as compared to
RESEARCHING travel online. Rate both AGENT & ONLIMNE. This is an important
guestion so please take your time answering it.

O O Q00 0000 OO0
O O 00 OCO0 OO0
00000000 000
OO0 0000 000 &
eleliocloeolole!
O 00 Q000 000
O 0R0 00000

QO
]

GUIDE FOR ANSWERING

Good,

Efficient

Undesirable_

Beneficial

Empowaring

Disempowaring
Megative
Convenient
Inconvenient
Enjoyable ' Unenjoyable
Certain Prone to

errors
Easy
Unreliable

NESEARCHING travel with the Indernes bx:
: ==
Ecient r v].‘]
urdesirabls 2 | ==

L“’“I g@@ @ w meddws-Li‘o‘E-..l @BESTM(DELI @Dﬁsﬁ(b‘hpnlll'gsuwey‘_wm__ @Appendcasdl Szarch Desktop L
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Benaficial == m
e —=iE =iz
=kl ==
Canvenient W |'=33
Enjoyabie "_HEI "_33
s —=r =
unrelizbie I == [ ==

3. Please indicate to what extent you agree or disagree with each of the following
statements.

¥

Newtral
Disagree  Disagree  Disagrae

3
=
o
3
3
L1
o
3
o
w

Bacause traval agents are expensive 1
usa the Intamat to hook travel
products,

It's difficult to find the travel
Infarmation T want online.

1t's more conveniant to research traval
offline by visiting & travel agent,

T do not trust the Intemet for accurate
or updated traval Information,

T am more knowladgzbla than travel
agents so 1 research and book things
on the Internst myself,

Traval agants are biased towards
selling travel products they make mora
commission on.

T am concerned about disclosing
personal Infarmation to travel
companies online,

Travel agents are professisnal
counsellors and offer valuable services
and advice.

@)

Travel agents are unresponsive to my
neads.

Travel Blogs and Forums are valuable
ko me.

Travel agents offer 2 human touch that
1 prefer to interact with than a website.

Bisart] @ @ @ (- @ QWMUVE-..l.@BESTMm...|.@Dsse:-ﬁﬁml..|.'!E&srvev__w'lt.. ) spperdics.d... | B

CCC © © O CCQO O
Q00 @ © O Ot o O
OO0 O O O QOO O

OO g O oo
0O O O O QOO
OO0 O O O OO0
OO0 O O O OO0

Search [k

£ % | & |-
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Please fill out the following form. You cannot save data typed into this form.
Please print your completed form if you wauld like a copy for your records.

4, With travel products you may have purchased in the past for LEISURE/PERSONAL
use, assuming your INTENTION was to BOOK a travel product ONLINE, state your
agreement to any statement below that explains why you decided to PURCHASE it
through a TRAVEL AGENT INSTEAD. Select all that apply.

Definitely Generally Somewhat Neutral Semewhat  Generally Definitely
Agree Agree Agree Disagree Dizagree Disagree
Frustrating experience online
Information overload on website
Credit card concerns

Key information not available online

Travel website was too slow

Travel product difficult to assess on
website

I didn't feel I knew enough about the
travel product to bock it online after all
It took too long to find what I wanted
online

Travel website was too confusing

I had difficulty accessing the Internst
I didn't have enough experience with
the Internet

Travel website couldn’t accommodate
my travel optien or preference
Website was not responsive in helping
me

I decided to redeem loyalty points

OO OO 000 OO O0O0O0OO
OO O O 000 OO 000000
OO O O 000 OO O00OOO
OO OO 000 OO 000000
OO OO 000 OO OO0OOO
OO0 OO 000 OO 000000
OO0 O O 000 OO 000000

Mot applicable

Other (please specify)
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Find -

5. Section DE. Demographics (last few questions)

1. What is/was your occupation? Please answer even if you are currently
unemployed or retired. Select one answer.

(7)1 20 et mave an sezupstion () pmeative (sumi-shicad prasiion workart
O ExmeutivaMansgamant O Profasssenal

O Caarkeat O Prepriutor/managar

O Craftsmn Ternman {skilad srodustion marsar) O salus

() Faem wurver (T} sait-mmprerpun (auserime in Cumar bes e
) Hememaker () servic werkarorivatn hosserald werker

(@ (D) srusamt
() sy

Gkt [praase specify)

2. Gender
() reain () Fasaen

3. Which category best describes the total combined annual income of all members of
your household? Please use Canadian ar US dollar equivalencies. Salect one answer.

70 unser 338,000 () sron,s00 e $14%,999
() 523,000 1= 520,999 (2 5190, 000 ¢ mare
{7 530,000 10 570,598 () pratar not 1 anewer

() 72,000 b0 s0n,090

4. In which ona of the following categories does your current age fall?
() wnder 18 (D) asness
[@ELIET (asmes
[@ETT S [@ETTEN
[@ETE () v 12

5. Which one of the following categories best corresponds with your last completed
year in schoal?

(7 Suma grammar schoul (-8 gradu) (7)) e trads schel, callgs, ot ssvmrsity
£ Completad grammar schos () Compinted trasa schon, cabega er univarsity degres
() s migh schood (13 praa) () Graduate studhes or dugres (Rasters]

() Completad bigh acheci (7)) pesit grocustn studing o= advanced Segren (PHE)

Gt [phase specify)
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Please fill out the following form. You cannot save data typed into this form,
Flease print your completed form if you would like a copy for your records.

6. Indicate how many children under 18 years of age are in your household.
(Otherwise leave blank)

O oF O>s or Os Os O 7
7. Indicate who or which business referred you to the survey.

o Prestige Hotels & Resorts O DiscoverThelslands.com

O Budget Car & Truck Rental O A friend

o Great Estates of the Okanagan O Travel Forum or Blog

O Kettle Valley Steam Railway O Neither of these

O Caribbean aAirlines

8. May we contact you in a few weeks to do a second short survey and provide you
another incentive for doing so?

O Yes, 1 am willing to do another survey in a few weeks O No, I am not willing to do ancther survey in a few weeks

9. If you answered yes to the previous question, please create a code here that you
will remember.

Thank you for doing our survey!
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Appendix H:
BELIEFS AFFECTING ATTITUDES

HypothesidH1b - Consumers who have more positive beliefs abouneritiavel booking
will have more positive attitude toward online tehbooking than consumers who have
less positive beliefs about online travel booking.

The response variable is attitude (positive - bogkvith a travel website) and consists of
five categories (1=very positive, 2=2, 3=3, 4=4 regative).

Predictor variables are beliefs about booking &ithavel website: convenient, safe using
credit card, expensive, difficult, and enjoyablactein three categories (e.g. 1= very
convenient, 2= convenient, 3= inconvenient). Atsmyesponding variables for the
importance of those beliefsyeasured in three categories (1= unimportant, 2eftapt,
3=very important). Two exceptions were credit dandortance and price importance
which were collapsed into two categories (1= sonawhportant, 2= very important).

Association (Correlation) Study

A Chi-square test for independence with an alph@.05 between variabldadicated
statistically significant associations between HiBtude ‘positive’ — booking with a
travel website, and beliefs ‘convenient’, ‘safengscredit card’, ‘expensive’, ‘difficult’,
‘enjoyable’, ‘convenience importance’, ‘enjoymentgortance’, and ‘ease of transactions
importance’. The belief predictors having a strasgociation with the attitude response
variable ‘positive’ - booking with a travel webstdee shown below in Table H5.31.

Table H5.31
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Convenient Keep 262.6257 <0.001 1146 8
Safe using credit card Keep 149.0259 <0.001 1150 8
Inexpensive/Expensive Keep 27.5769 0.001 1147 8
Easy/Difficult Keep 78.3073 <0.001 1144 8
Enjoyable Keep  496.0237 <0.001 1145 8
Credit Card Safety Drop 2.5742 0.631 1142 4
Importance
Convenience Importance Keep 424545 <0.001 1141 8
Price Importance Keep 9.7779 0.044 1141 4
Enjoyment Importance Keep 29.8155 <0.001 1143 8
Ease of Transactions Keep 31.5888 <0.001 1142 8
Importance
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Univariate Logistic Regression Fits

Nine of the predictor variables from the correlatgiudy are kept. Next, with attitude
variable ‘positive’ - booking with a travel websget as the dependent or response
variable and testing the belief ‘convenient’ agedptor, univariate logistic regression
was performed using a level of significance of 0.0%is was followed by other
predictor variables. Results for all variables gtrewn below in Table H5.32.

Table H5.32
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Convenient Keep 204.58 0.0000 -1705.5619
Safe using credit carc ~ Keep 122.15 0.0000 -1753.6302
Inexpensive/Expensive  Keep 13.48 0.0012 -1802.6904
Easy/Difficult Keep 53.36 0.0000 -1777.2822
Enjoyable Keep 424.63 0.0000 -1594.4518
Convenience Keep 22.88 0.0000 -1788.9158
Importance
Price Importance Keep 7.64 0.0057 -1796.4156
Enjoyment Importance  Keep 12.82 0.0016 -1796.7772
Ease of Transactions  Drop 3.62 0.1640 -1799.5073
Importance

Stepwise ordinal logistic regression was perforteealssess the impact of the remaining
predictor variables on the attitude ‘positive’ -oxang with a travel website, Table H5.33.

Table H5.33
Model Building for Hypothesis H1b Attitude — ‘Pasg’
Ordered logistic regression unitber of obs = 1132
LR chi2(8) = 565.71 Prob >chi2 = 0.0000
Log likelihood = -1501.5576 sdado R2 = 0.1585

Positive | Odds Ratio Std. Err.  z ZP>|[95% Conf. Interval]
_____________ I S _— —_— —_— ————
Convenient_2 1.866812 .2435025 4.79 0.000 1.4945.410623
Convenient_3 3.735198 .617498 7.97 0.000 2.3814.164558
Safe_2 1.533184 .1983406 3.30 0.001 1.18981875651
Safe _3 2.327664 .3551532 5.54 0.000 1.726(RL639034
Easy 2 1.445528 .2199793 2.42 0.015 1.07273247878
Easy_3 1.149143 .1563248 1.02 0.307 .880197200265
Enjoyable_2 4746349 .640219 11.55 0.000 3.64378.18266
Enjoyable _3 16.44911 2.997045 15.37 0.000 QEBY 23.50889
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3345191
1.928186
3.182398
4.960069

.1381707
.151859

1693292
.2020097

0637095 .6053288
1.630548 2.225824
2.850519 3.514277
4.564137 5.356

Attitude — good/bad

The next response variable is attitude (good - mgpwith a travel website) and consists
of five categories (1=very good, 2=2, 3=3, 4=4, &ybad) after merging two of them.

Predictor variables are beliefs about booking &ithavel website: convenient, safe using
credit card, expensive, difficult, and enjoyablactein three categories (e.g. 1= very
convenient, 2= convenient, 3= inconvenient). Atsmyesponding variables for the
importance of those beliefsyeasured in three categories (1= unimportant, 2eftapt,
3=very important). Two exceptions were credit dandortance and price importance
which were collapsed into two categories (1= sonawhportant, 2= very important).

Association (Correlation) Study

A Chi-square test for independence with an alph@.05 between variabldadicated
statistically significant associations between #titude ‘good’ — booking with a travel
website, and beliefs ‘convenient’, ‘safe using drechrd’, ‘expensive’, ‘difficult’,
‘enjoyable’, ‘convenience importance’, ‘enjoymentgortance’, and ‘ease of transactions
importance’. The belief predictors having a strasgociation with the attitude response
variable ‘good’- booking with a travel website atemmarized in Table H5.34.

Table H5.34
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Convenient Keep 298.3628 <0.001 1143 8
Safe using credit card Keep 129.7511 <0.001 1147 8
Inexpensive/Expensive Keep 48.8729 <0.001 1145 8
Easy/Difficult Keep 80.1105 <0.001 1141 8
Enjoyable Keep 335.6311 <0.001 1142 8
Credit Card Safety Drop 3.9872 0.408 1139 4
Importance
Convenience Importance Keep 53.2858 <0.001 1138 8
Price Importance Drop 4.9184 0.296 1138 4
Enjoyment Importance Keep 47.4215 <0.001 1140 8
Ease of Transactions Keep 34.6676 <0.001 1139 8

Importance
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Univariate Logistic Regression Fits

Eight of the predictor variables from the corredatstudy are kept and two discarded.
Next, with attitude variable ‘good’- booking withteavel website set as the dependent or
response variable and testing the belief ‘convehéna predictor, univariate logistic
regression was performed using a level of signiiesof 0.05. Other remaining

predictor variables are tested in this manner alsee decision to keep predictor
variables at this stage was made primarily basath@tikelihood test. Results for all
eight variables are summarized in Table H5.35.

Table H5.35
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Convenient Keep 233.46 0.0000 -1634.8394
Safe using credit carc ~ Keep 109.20 0.0000 -1705.0296
Inexpensive/Expensive  Keep 24.50 0.0000 -1745.0507
Easy/Difficult Keep 49.75 0.0000 -1721.7504
Enjoyable Keep 295.88 0.0000 -1603.9245
Convenience Keep 28.55 0.0000 -1731.6966
Importance
Enjoyment Importance  Keep 11.67 0.0029 -1743.0867
Ease of Transactions  Drop 8.86 0.0119 -1742.7046
Importance

Stepwise ordinal logistic regression was perforteealssess the impact of the remaining
predictor variables on the attitude ‘good’- bookimigh a travel website. Results can be
seen in Table H5.36.

Table H5.36
Model Building for Hypothesis H1b Attitude — ‘Good’
Ordered logistic regression uniber of obs = 1118
Rlchi2(12) = 478.95
roB>chi2 = 0.0000
Log likelihood = -1469.3176 seRido R2 = 0.1401
Good | Odds Rat®id. Err. z  P>|z| [95% Conf. Intejval
_____________ [ S — _— _—— —— ——————
Convenient_2 2.043689 .2767778 5.28 0.000 1.585724664977
Convenient_3 4705846 .783405 9.30 0.000 3JF3®5 6.521408

Safe using credit card_2  1.438733 .1887847 2.70060 1.112472 1.860679
Safe using creditcard_3  2.064681 .3192478 4.69D000. 1.524886 2.795558
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Inexpensive/Expensive_2 .9882923 .1309807 -0.09290 .7622083 1.281437
Inexpensive/Expensive_3 .6793486 .1001856 -2.6Q090 .508819 .9070306

Easy/Difficult_2 1.536757 .2366914 2.79 0.003.136326 2.078296
Easy/Difficult_3 1.31352 .1852904 1.93 0.053 96237 1.731851
Enjoyable_2 3.177255 4224955 8.69 0.000 2.94824.123259
Enjoyable_3 7.850186 1.36028 11.89 0.000 %889 11.02494

Convenience Importance_2 .9771756 .136729 -0.18690. .7427971 1.285509
Convenience Importance_7.7072728 .1067719 -2.2220 .5261229 .9507947

_____________ S — — — —————
/cutl 364862 .183663 .0048881 .7248358
/cut2 2.081075 .19198 1.698919 2.463231
/cut3 3.174738 .207533 2.767981 3.581496
/cutd 4.602541 .231508 4.148793 5.056289

Attitude — beneficial/useless

The response variable is attitude (beneficial Koogpwith a travel website) and consists
of seven categories (1=very useless, 2=2, 3=3,3=8, 6=6, 7=very beneficial).

Predictor variables are beliefs about booking aithavel website: convenient, safe using
credit card, expensive, difficult, and enjoyablectein three categories (e.g. 1= very
convenient, 2= convenient, 3= inconvenient). Alsmresponding variables for the
importance of those beliefsyeasured in three categories (1= unimportant, 2eftapt,
3=very important). Two exceptions were credit dangortance and price importance
which were collapsed into two categories (1= sonawhportant, 2= very important).

Association (Correlation) Study

A Chi-square test for independence with an alph@.05 between variabldaadicated
statistically significant associations between #tigtude ‘beneficial’ — booking with a
travel website, and beliefs ‘convenient’, ‘safengscredit card’, ‘expensive’, ‘difficult’,
‘enjoyable’, ‘convenience importance’, ‘enjoymentgortance’, and ‘ease of transactions
importance’. The belief predictors having a strasgociation with the attitude response
variable ‘beneficial’- booking with a travel websiare summarized in Table H5.37.

Table H5.37

Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Convenient Keep 949820 <0.001 1141 12
Safe using credit card Keep 40.4666 <0.001 1145 12
Inexpensive/Expensive Keep 61.7023 <0.001 1142 12
Easy/Difficult Keep 270.2497 <0.001 1140 12
Enjoyable Keep 135.6006 <0.001 1140 12
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Credit Card Safety Drop 2.4717 0.872 1137 6

Importance
Convenience Importance Keep 60.8227 <0.001 1136 12
Price Importance Drop 7.5331 0.274 1137 6
Enjoyment Importance Keep  35.3703 <0.001 1138 12
Ease of Transactions Keep 415926 <0.001 1137 12
Importance

Univariate Logistic Regression Fits

Eight of the predictor variables from the corredatstudy are kept and two discarded.
Next, with attitude variable ‘beneficial’- bookinvgth a travel website set as the
dependent or response variable and testing thefbainvenient’ as a predictor,
univariate logistic regression was performed usimgvel of significance of 0.05. Other
remaining predictor variables are tested in thismea also. The decision to keep
predictor variables at this stage was made prignbeked on the likelihood test. Results
for all eight variables are summarized in Table385.

Table H5.38
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Convenient Keep 16.44 0.0003 -2170.8466
Safe using credit carc  Keep 11.70 0.0029 -2181.1747
Inexpensive/Expensive  Keep 34.86 0.0000 -2162.6437
Easy/Difficult Keep 201.06 0.0000 -2076.3011
Enjoyable Keep 5.36 0.0687 -2174.321
Convenience Keep 6.46 0.0395 -2167.0166
Importance
Enjoyment Importance  Drop 2.01 0.3665 -2171.7913
Ease of Transactions  Drop 2.55 0.2793 -2172.2536
Importance

Stepwise ordinal logistic regression was perforteealssess the impact of the remaining
predictor variables on the attitude ‘beneficialbaking with a travel website. Results
can be seen in Table H5.39.
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Table H5.39

Model Building for Hypothesis H1b Attitude — ‘Bengél’

Ordered logistic regression

Rlchi2(11) =
roB>chi2 =

Log likelihood = -2009.5463

uniber of obs =
276.86
0.0000
seRdo R2 =

Beneficial
_____________ I I _—

| Odds Ratfstd. Err.

Convenient_2
Convenient_3

1.638537 .4434699 1.82 0.068

1126
0.0644

z P>z [95% Conf. Intdfva

9640@.785056

3.557587 1.795486 2.51 0.012323D03 9.566436

Inexpensive/Expensive_2 5247668 .1399369 -201@16 .3111579 .8850177
Inexpensive/Expensive_3 .2067025 .1045958 -3Q02 .076669 .5572774
Easy/Difficult_2 3.98246 1.062156 5.18 0.00@.361178 6.716981
Easy/Difficult_3 14.0834 6.841301 5.44 0.006.435241 36.49187
Enjoyable_2 .8138984 .1021418 -1.64 0.106364247 1.040863
Enjoyable_3 .6681905 .1034881 -2.60 0.009 32809 .9051755
var4 5860448 .0516401 -6.06 0.00@930898 .6965232
var9 1.251329 .1105478 2.54 0.01105238 1.487888
varl2 1.315552 .1152618 3.1300P 1.107976 1.562018
_____________ [ S — _— _—— —— ——————
/cutl -1.45756 .1613309 -1.773763 -1.141357
/cut2 -.3797661 .1527618 -.6791736 -.0803585
Icut3 2152851 .1551147 -.0887342 .5193044
Icutd 9358769 .1600316 6222208 1.249533
[cut5 1.666558 .1646564 1.343838 1.989279
/cut6 2.661197 .1719393 2.324202 2.998192

Lastly, a backward stepwise selection method waetiaken using a model with all
attitude predictors, ‘positive’, ‘good’, ‘desirabkend ‘beneficial’. Those attitude
predictors having the highest p-value were excludaa the model one at a time. As
the attitude variable ‘good’ was dropped, the piealand odds ratios of the attitude
variable ‘beneficial’ deteriorated but p-valuesatiitudes ‘positive’ and ‘desirable’
improved. Also, when the attitude variable ‘beoiedi was dropped, the p-values of
attitudes ‘positive’ and ‘desirable’ improved. ®hiwo predictor variables are retained,
that is, attitudes ‘positive’ and ‘desirable’.
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Appendix I:
PRIOR EXPERIENCE WITH INTERNET INFLUENCES BELIEFS

Hypothesis H1h - Consumers who have more prioee&pce with the Internet and
Internet travel will have more positive beliefs abonline travel booking than do
consumers who have less prior experience withriteriet.

The response variable is the belief about bookiitly avtravel website being ‘safe using
credit card’ (1= very safe, 2= safe, 3= risky).isTis followed by the beliefs
‘inexpensive’, ‘easy’, and ‘enjoyable’ all measutiadhree categories similarly named as
the variable ‘safe using credit card’.

Predictor variables are associated with the follmaguestions: “Could you access the
Internet with your present computer at home or ®grkDo you have access to the
Internet from places other than home or work?”,iHong have you been using the
Internet?”, “About how much time do you use thestnet each week for any reason
other than work?”, “How many leisure trips have yaken in the past year?”, “How
often do you visit a travel website to researchaok a leisure travel product?”, “How
much of your leisure travel have you researchethemh the past 12 months?“, “How
much of your leisure travel have you purchasedenin the past 12 months?”.
Additional predictor variables were prior experiempurchasing specific travel products
online such as ‘cruises or charters’, ‘destinatmm/attraction tickets’, ‘vacation
packages’, ‘boat tours’, ‘hotels or accommodatiomine tours’, ‘all-inclusive resorts’,
‘airline tickets’, ‘car rentals’, ‘scenic rail tosit, ‘long-distance train tickets’. The
categories used for these variables were adopted $ection 5.6.1.

Association (Correlation) Study — belief ‘safe usig credit card’

A Chi-square test for independence was used toatelistatistically significant
associations between the response, ‘safe using ceed’ and predictor variables.

Table 15.61
Summary of Pearson chi-square test of independence
Variable Keep/Drop Pearson p-value n df
Access Internet from home Drop 3.6227 0.163 1134 2
Access internet elsewhere Drop 4.3494 0.114 1125 2
How long using Internet Keep 6.4486 0.040 896 2
How much time use Interne Keep 12.8663 0.012 1137 4
Cruises or Charters Drop 5.6318 0.060 1146 2
Destination tour/ Keep 11.1078 0.004 1146 2
attraction tickets
Vacation packages Keep 8.3920 0.015 1146 2
Boat tours Drop 5.3998 0.067 1146 2
Hotels or accommodation Keep 35.4735 <0.001 1146 2
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Wine tours Keep 8.2400 0.016 1146 2
All-inclusive resorts Drop 4.8127 0.090 1146 2
Airline tickets Keep 34.2698 <0.001 1146 2
Car rentals Keep 28.6822 <0.001 1146 2
Scenic rail tours Drop 4.3086 0.116 1146 2
Long-distance train tickets Drop 2.5992 0.273 1146 2
Number of leisure trips Drop 0.8187 0.936 1142 4
Frequency visit website Drop 7.8839 0.247 1133 6
Travel researched online Keep 31.6670 <0.001 1136 8
Travel purchased online Keep 60.2540 <0.001 1138 10

Univariate Logistic Regression Fits - belief ‘safeising credit card’

Ten predictor variables from the correlation stady kept. Next, with beliefs about
booking with a travel website — ‘safe using creditd’ set as the dependent or response
variable and testing each of the ten remainingabdes as a predictor, univariate logistic
regression was performed.

Table 15.62 shows useful predictors and therefbey twere retained after this stage of
analysis.

Table 15.62
Summary of the Univariate Fits - ordered logiségnession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
How long using Keep 5.68 0.0171 -961.7809
Internet
How much time use Keep 10.25 0.0059 -1226.2716
Internet
Destination tour/ Keep 10.62 0.0011 -1235.6796
attraction tickets
Vacation packages Keep 8.29 0.0040 -1236.8454
Hotels or Keep 32.26 0.0000 -1224.8608
accommodation
Wine tours Keep 8.19 0.0042 -1236.8969
Airline tickets Keep 28.39 0.0000 -1226.7937
Car rentals Keep 27.04 0.0000 -1227.473
Travel researched Keep 26.11 0.0000 -1216.8417
online
Travel purchased Keep 49.19 0.0000 -1206.6833
online
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Model Building - belief ‘safe using credit card’

Four predictors is a reasonably good fit (Log-Likebd and significance of the
predictors) and the variable ‘how long using Inegrseems to be an important predictor
so it is retained.

Table 15.63

Model Building for Hypothesis H1h — Prior experiengith the Internet Influencing safe
using credit card belief.

Ordered logistic regression uniber of obs = 896

Rlchi2(4) = 42.40

roB>chi2 = 0.0000
Log likelihood = -943.4247 sdido R2 = 0.0220
Safe credit card | Odds Ratio Std. Err.  Pz|z| [95% Conf. Interval]
_____________ [ S — _— _—— —— ——————
How long_2 .7850186 .0987395 -1.92 0.054 .613502004486
Hotels_1 .6862114 .1143543 -2.26 0.024 .495004 12983
Wine tours_1 4996733 .161206 -2.15 0.032 .265502803795
Airline tickets_1 5926335 .1067725 -2.90 0.004 6312 .8436143
_____________ [ S — _— _—— —— ——————
/cutl | -1.217761 .1572006 1.525869 -.9096538
lcut2 | 3359963 .1515624 .0389393 .6330532

Association (Correlation) Study — belief ‘inexpensie’

A Chi-square test for independence was used toatelistatistically significant
associations between the response, belief ‘inexperend predictor variables.

Table 15.64
Summary of Pearson chi-square test of independence
Variable Keep/Drop Pearson p-value n df
Access Internet from home Drop 1.0319 0.597 1128 2
Access internet elsewhere Keep 8.5162 0.014 1119 2
How long using Internet Drop 4.9830 0.083 891 2
How much time use Interne Drop 2.6701 0.614 1132 4
Cruises or Charters Drop 0.2215 0.895 1140 2
Destination tour/ Keep 8.1087 0.017 1140 2
attraction tickets
Vacation packages Drop 2.5119 0.285 1140 2
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Boat tours Drop 2.3686 0.306 1140 2

Hotels or accommodation Keep 15.2372 <0.001 1140 2
Wine tours Drop 0.7362 0.692 1140 2
All-inclusive resorts Drop 2.0212 0.364 1140 2
Airline tickets Keep 19.5138 <0.001 1140 2

Car rentals Drop 5.8308 0.054 1140 2
Scenic rail tours Drop 0.0476 0.976 1140 2
Long-distance train tickets Drop 1.8097 0.405 1140 2
Number of leisure trips Drop 1.7727 0.777 1136 4
Frequency visit website Keep @ 17.4828 0.008 1127 6
Travel researched online Keep 40.9466 <0.001 1130 8

Travel purchased online Keep 37.0085 <0.001 1132 10

Univariate Logistic Regression Fits - belief ‘inexpnsive’

Seven predictor variables from the correlation gtaie kept. Next, with beliefs about
booking with a travel website —'inexpensive’ settas dependent or response variable
and testing each of the seven remaining varialdesmedictor, univariate logistic
regression was performed.

Table 15.65 shows useful predictors and therefbesy twere retained after this stage of
analysis.

Table 15.65
Summary of the Univariate Fits - ordered logiségnession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Access internet Drop 0.51 0.4746 -1225.6487
elsewhere
Destination tour/ Keep 8.12 0.0044 -1244.4644
attraction tickets
Hotels or Keep 15.07 0.0001 -1240.9914
accommodation
Airline tickets Keep 19.16 0.0000 -1238.9447
Frequency visit Keep 12.07 0.0071 -1228.0425
website
Travel researched Keep 31.22 0.0000 -1221.9678
online
Travel purchased Keep 27.55 0.0000 -1226.1194
online
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Model Building - belief ‘inexpensive’

Multicollinearity was noted between variables ‘Fuieqcy visit website’ and ‘Travel
purchased online’; dropping the latter variable iayed the model.

Table 15.66

Model Building for Hypothesis H1h — Prior experiengith the Internet influencing
‘inexpensive’ belief.

Ordered logistic regression uniber of obs = 1133

Rlchi2(4) = 27.30

roB>chi2 = 0.0000
Log likelihood = -1227.2755 sdado R2 = 0.0110
Inexpensive | Odds Ratio Std. Err.  z |zP> [95% Conf. Interval]
_____________ [ S — _— _—— —— ——————
Frequency visit ~3 1.38555 .2005471 2.25 0.024 043321 1.840038
Frequency visit ~4 1.359583 .2093083 2.00 0.046.003456 1.838436
Frequency visit ~5 1.545911 .2685481 2.51 0.012.099811 2.172957
Airline tickets_1 1.69724 .2261647 3.97 0.000 30¥125 2.203787
_____________ [ S — _— _—— —— ——————
[cutl | -.1053767 .142105 3838974 .173144
lcut2 | 1.486408 .1493712 1.193646 1.77917

Association (Correlation) Study — belief ‘easy’

A Chi-square test for independence was used toatelistatistically significant
associations between the response, belief ‘easlypaedictor variables.

Table 15.67
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Access Internet from home Drop 0.6892 0.709 1123 2
Access internet elsewhere Drop 0.6656 0.717 1114 2
How long using Internet Drop 2.1150 0.347 887 2
How much time use Interne Keep 12.7097 0.013 1127 4
Cruises or Charters Keep 7.6072 0.022 1135 2
Destination tour/ Keep 16.2061 <0.001 1135 2
attraction tickets
Vacation packages Drop 3.6555 0.161 1135 2
Boat tours Drop 2.5299 0.282 1135 2
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Hotels or accommodation Keep 23.4832 <0.001 1135 2
Wine tours Drop 2.3590 0.370 1135 2
All-inclusive resorts Keep 9.9802 0.007 1135 2
Airline tickets Keep 16.0371 <0.001 1135 2

Car rentals Keep 15.6268 <0.001 1135 2
Scenic rail tours Keep 6.4642 0.039 1135 2
Long-distance train tickets Drop 3.2989 0.192 1135 2
Number of leisure trips Drop 6.3886 0.172 1131 4
Frequency visit website Drop 8.3688 0.212 1122 6
Travel researched online Keep 21.0769 0.007 1125 8

Travel purchased online Keep 34.3030 <0.001 1127 10

Univariate Logistic Regression Fits - belief ‘easy’

Ten predictor variables from the correlation stady kept. Next, with beliefs about
booking with a travel website — ‘easy’ set as thpahdent or response variable and
testing each of the ten remaining variables a®digtor, univariate logistic regression
was performed.

Table 15.68 shows useful predictors and therefbesy twere retained after this stage of
analysis.

Table 15.68
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
How much time use Keep 9.69 0.0079 -1196.3652
Internet
Cruises or Charters Drop 0.39 0.5303 -1209.3672
Destination tour/ Keep 4.84 0.0278 -1207.1446
attraction tickets
Hotels or Keep 4.81 0.0283 -1207.159
accommodation
All-inclusive resorts Drop 1.01 0.3159 -1209.0613
Airline tickets Drop 1.56 0.2114 -1208.7831
Car rentals Drop 3.85 0.0497 -1207.6383
Scenic rail tours Drop 0.48 0.4878 -1209.3235
Travel researched Drop 4.01 0.4049 -1197.7144
online
Travel purchased Drop 5.71 0.3353 -1197.795
online
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Model Building - belief ‘easy’

Table 15.69

Model Building for Hypothesis H1h — Prior experiengith the Internet influencing easy
belief.

Ordered logistic regression uniber of obs = 1127
Rlchi2(3) = 14.10
roB>chi2 = 0.0028
Log likelihood = -1194.1611 sdado R2 = 0.0059
Belief Easy | Odds Ratio Std. Err.  R>|z| [95% Conf. Interval]
_____________ I I _— —_——— —_—— ——————
How much time ~2 1.325789 .1767326 2.12 0.034 20964 1.721642
How much time ~3 1.47904 .2013476 2.88 0.004 2668 1.931334
Destination tour/_1 1.282676 .1524856 2.09 0.036014074 1.61923
_____________ [ S — _— _—— —— ——————
/cutl | -.7623358 .1018193 -.9618979 -.5627736
lcut2 | 4675978 .0999191 2717599 .6634357

Association (Correlation) Study — belief ‘enjoyablé

A Chi-square test for independence was used toatelistatistically significant
associations between the response, belief ‘enjeyabt predictor variables.

Table 15.70
Summary of Pearson Chi-square Test of Independence
Variable Keep/Drop Pearson p-value n df
Access Internet from home Drop 0.6706 0.715 1111 2
Access internet elsewhere Drop 4.8956 0.086 1102 2
How long using Internet Drop 1.5105 0.470 881 2
How much time use Interne Drop 2.3810 0.666 1115 4
Cruises or Charters Drop 2.7295 0.255 1123 2
Destination tour/ Drop 3.1373 0.208 1123 2
attraction tickets
Vacation packages Keep 6.30 0.043 1123 2
Boat tours Drop 0.5825 0.747 1123 2
Hotels or accommodation Keep 16.1705 <0.001 1123 2
Wine tours Drop 1.0855 0.581 1123 2
All-inclusive resorts Keep 8.9748 0.011 1123 2
Airline tickets Keep 26.0936 <0.001 1123 2
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Car rentals Keep 9.6826 0.008 1123 2
Scenic rail tours Drop 2.0691 0.355 1123 2
Long-distance train tickets Drop 1.3655 0.505 1123 2
Number of leisure trips Drop 3.7238 0.445 1119 4
Frequency visit website Keep @ 13.7667 0.032 1110 6
Travel researched online Keep 24.2625 0.002 1113 8
Travel purchased online Keep 31.4539 <0.001 1115 10

Univariate Logistic Regression Fits - belief ‘enjogble’

Eight predictor variables from the correlation stagle kept. Next, with beliefs about
booking with a travel website — ‘enjoyable’ setlas dependent or response variable and
testing each of the eight remaining variables piedictor, univariate logistic regression
was performed.

Table 15.71 shows useful predictors and therefbey twere retained after this stage of
analysis.

Table 15.71
Summary of the Univariate Fits - Ordered LogistegRession
Variable Keep/Drop LR Prob > Log likelihood
chi2 chi2
Vacation packages Keep 5.37 0.0205 -1178.5834
Hotels or Keep 14.77 0.0001 -1173.8832
accommodation
All-inclusive resorts Keep 7.18 0.0074 -1177.6794
Airline tickets Keep 21.73 0.0000 -1170.401
Car rentals Keep 9.39 0.0022 -1176.5737
Frequency visit Keep 10.21 0.0168 -1161.3228
website
Travel researched Keep 16.56 0.0024 -1161.5569
online
Travel purchased Keep 22.42 0.0004 -1161.2873
online
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Model Building - belief ‘enjoyable’

Multicollinearity was observed between the preditdlotels or accommodation’, ‘All-
inclusive resorts’ and ‘Airline tickets’, hence tlater two variables were deleted.

Table 15.72

Model building for hypothesis H1h — Prior experieneith the Internet influencing
enjoyable belief.

Ordered logistic regression uniber of obs = 1115
Rlchi2(6) =  26.80
roB>chi2 = 0.0002
Log likelihood = -1159.0975 sdado R2 = 0.0114
Belief — enjoyable | Odds Ratio Std. Err.  R>|z] [95% Conf. Interval]
_____________ [ S — _— _—— —— ——————
Hotels _1 7443757 .1049119 -2.09 0.036 .564708812057
Travel purchased ~2 .7016001 .1586827 -1.57 0.14503718 1.09297
Travel purchased ~3 5774566 .1362736 -2.33 0.02636176 .9170518
Travel purchased ~4 5045625 .1157563 -2.98 0.00®18348 .7910373
Travel purchased ~5 .6006314 .1351376 -2.27 0.0Z864506 .9335166
Travel purchased ~6 5129395 .1246054 -2.75 0.00%186316 .8257404
_____________ [ S — _— _—— —— ——————
/cutl | -1.075659 .1742271 -1.417138 -.7341799
/cut2 | 7347173 1722526 3971085 1.072326
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Appendix J:

FACTOR ANALYSIS

Involvement Variables

Total Variance Explained

Rotation Sums of
Initial Eigenvalues Extraction Sums of Squared Loadings Squared Loadings®
Component | Total | % of Variance | Cumulative % Total % of Variance | Cumulative % Total
1 5.005 50.049 50.049 5.005 50.049 50.049 4.666)
2 1.477 14.770 64.819 1.477 14.770 64.819 2.870
3 .728 7.279 72.098
4 .699 6.987 79.085
5 .524 5.245 84.329
6 431 4.308 88.637
7 418 4.176 92.814
8 .328 3.280 96.093
9 .233 2.334 98.427
10 157 1.573 100.000

Extraction Method: Principal Component Analysis.

a. When components are correlated, sums of squared loadings cannot be added to obtain a total variance.

Component Correlation Matrix

Compo

nent 1 2

1 1.000 -.356
2 -.356 1.000

Extraction Method: Principal

Component Analysis.

Rotation Method: Oblimin with

Kaiser Normalization.
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Scree Plot

5

N
1

Eigenvalue
9

Component Number

2—
1—
0—
T T T T
1 2 3 4
Pattern Matrix 2
Component
1 2
Interesting - Traveling and 914
travel planning for me is:
Exciting - Traveling and travel .907
planning for me is:
Valuable - Traveling and .869
travel planning for me is:
Fascinating - Traveling and 767
travel planning for me is:
Involving - Traveling and .723
travel planning for me is:
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Needed - Traveling and travel

planning for me is:

Unimportant - Traveling and

travel planning for me is:

Irrelevant - Traveling and

travel planning for me is:

Means nothing to me -
Traveling and travel planning

for me is:

Unappealing - Traveling and

travel planning for me is:

.586

-.347

.780

742

.723]

.575

Extraction Method: Principal Component Analysis.

Rotation Method: Oblimin with Kaiser Normalization.

a. Rotation converged in 5 iterations.

KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy.

Bartlett's Test of Sphericity

df
Sig.

Approx. Chi-Square

.886
6284.424

45

.000

Product Knowledge Variables

Total Variance Explained

Initial Eigenvalues Extraction Sums of Squared Loadings

Component | Total % of Variance Cumulative % Total % of Variance | Cumulative %
1 4.320 71.995 71.995 4.320 71.995 71.995
2 .637 10.617 82.612

3 468 7.792 90.404

4 272 4.534 94.938

5 175 2.921 97.859

6 128 2.141 100.000
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Total Variance Explained

Initial Eigenvalues

Extraction Sums of Squared Loadings

Component | Total % of Variance Cumulative % Total % of Variance | Cumulative %
1 4.320 71.995 71.995 4.320 71.995 71.995
2 .637 10.617 82.612
3 468 7.792 90.404
4 272 4.534 94.938
5 175 2.921 97.859
6 128 2.141 100.000
Extraction Method: Principal Component Analysis.
Scree Plot

5+
4
S &
©
>
c
o
2
w 27
1
o
T T T
1 2 3 4
Component Number
Component Matrix *
Component
1
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Compared to your friends and
acquaintances, how much do
you feel you know about

travel destinations?

Compared to a travel agent,
how much do you feel you

know about travel products?

Compared to a travel agent,
how much do you feel you
know about travel

destinations?

Compared to your friends and
acquaintances, how much do
you feel you know about

travel products?

How much do you feel you
know about travel

destinations?

How much do you feel you

know about travel products?

.873

.865

.863

.846

.839

.803

Extraction Method: Principal Component

Analysis.

a. 1 components extracted.

Rotated Component

Matrix 2

a. Only one component
was extracted. The
solution cannot be

rotated.

KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy.

.824|
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Bartlett's Test of Sphericity

df

Sig.

Approx. Chi-Square

5648.306

15

.000

Motivation Variables

Total Variance Explained

Rotation Sums of

Initial Eigenvalues Extraction Sums of Squared Loadings Squared Loadings®
Component] Total % of Variance | Cumulative % Total % of Variance | Cumulative % Total
1 4.569 41.533 41.533 4.569 41.533 41.533 4.299
2 1.598 14.529 56.062 1.598 14.529 56.062 2.540
3 1.075 9.772 65.834 1.075 9.772 65.834 1.240
4 .651 5.920 71.754
5 .641 5.823 77.578
6 .538 4.894 82.471
7 .508 4.620 87.091
8 424 3.854 90.945
9 374 3.399 94.344
10 .318 2.887 97.231
11 .305 2.769 100.000

Extraction Method: Principal Component Analysis.

a. When components are correlated, sums of squared loadings cannot be added to obtain a total variance.

Component Correlation Matrix

Component 1 2 3

1 1.000 .319 .109
2 319 1.000 -.042
3 .109 -.042 1.000
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Scree Plot

5
4—
S 3
©
>
c
[
=l
W 27
1
0—
T T T T T T T T T T T
1 2 3 4 5 6 7 8 9 10 11
Component Number
Pattern Matrix 2
Component
1 2 3
Because it gives quick and .871
easy access to large volumes
of information
Overall, I learn a lot from .806
using the Internet
It's convenient to use .786
Overall, information obtained .769
from the Web is useful
| can use it anytime, .685 379
anywhere
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Because it makes acquiring .640

information inexpensive

So | can learn about things .537 .336 -.375

happening in the world

To meet people with my .915

interests
To express myself freely 721
| wonder what other people .656
said

| can get what | want for less .723]

effort

Extraction Method: Principal Component Analysis.

Rotation Method: Oblimin with Kaiser Normalization.

a. Rotation converged in 9 iterations.

KMO and Bartlett's Test

Kaiser-Meyer-Olkin Measure of Sampling Adequacy. .872
Bartlett's Test of Sphericity ~ Approx. Chi-Square 4890.496
df 55
Sig. .000
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Appendix K:
DEMOGRAPHIC ANALYSIS CHARTS

FigureK5.111

Age and Mean Scores of Online Travel Booking Iritant

3.5H Gender

— male
— female

3

N
)
1

six months?

N

1.57

Mean How likely is it that you will BOOK OR PURCHASE
any travel product through the Internet within the next

1

T T T T T T T T
under 1818 to 25 26 to 35 36 to 45 46 to 55 56 to 65 66 to 70 over 70

In which one of the following categories does your
current age fall?
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FigureK5.112

Gender
— male
— female

|_post graduate studies or
advanced degree (PhD)

|_graduate studies or degree
masters)

|_completed trade school, college,
or university degree
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FigureK5.113

Income and Mean Scores of Online Travel Bookingrtion
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FigureK5.114

Age and Mean Scores of Online Travel Researchitemntion

3.5H Gender

— male
— female

w
1

N
[
1

months?

i

product through the Internet within the next six
q

Mean How likely is it that you will RESEARCH any travel

T T T T T T T T
under 1818 to 25 26 to 35 36 to 45 46 to 55 56 to 65 66 to 70 over 70

In which one of the following categories does your
current age fall?

167



Gender
— male
— female

|_post graduate studies or
advanced degree (PhD)

|_graduate studies or degree
(masters)

|_completed trade school,
college, or university degree

|_.some trade school, college, or
university

~completed high school

~some high school (9-12 grade)

-completed grammar school

l_some grammar school (1-8
grade)

5 o b & 5 L
o o -
édeak ysed ayj ul uaye} nok aney
sdu TYNOSH3d/3UNSITT Auew moH uesy

Education Level and Mean Number Leisure Trips Takdpast Year

FigureK5.115

168




Gender
— male
— female

|_post graduate studies or
advanced degree (PhD)

|_graduate studies or degree
(masters)

|_completed trade school,
college, or university degree

|_some trade school, college, or
university

~completed high school -

~some high school (9-12 grade)

L]

~completed grammar school

|_some grammar school (1-8
grade)

Education Level and Mean Number of Times Visitingravel Website

FigureK5.116

L | ® b &

™ N
¢1onpoud [aAes) TYNOSHIAd/FANSITT

€ Y004 10 HOYVISIY 0} ajIsqam
|9Aea) e JISIA NOA Op U)o MOH Ued\

169




FigureK5.117
Age and Mean Number of Times Visiting a Travel Wths
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Appendix L:
LOGISTIC REGRESSION METHOD

Association (correlation) study

For a chi-square test of independence with an ayple05 between variables we assume the
null hypothesis is true, that there is independdrate/een the predictor and response
variable. If thep-value is less than thelevel of significance, the value of the test statiis

in the rejection area. Similarly, if thpevalue is greater than or equalotpthe value of the

test statistic is not in the rejection regi@hi-square tests were repeated for all predictor
variables against the response variable and numéables show the summarized results.

Univariate Logistic Regression Fits

Logistic regression applies maximum likelihood mstiion after transforming the
dependent into a logit variable thereby estimatiregodds of a certain event occurring.
Maximum likelihood estimation is the procedure éstimating coefficients, where the
statistical procedure starts with arbitrary valagsoefficients and determines the
direction and size of change in the coefficientd thill maximize the likelihood of
obtaining the observed frequencies. Residualtharetested and another determination
of the size and direction of change in coefficiaatsiade, and this continues until the
coefficients change very little and convergenae&hed. The Wald statistic, on the
other hand, follows ML and tests the significantendividual independent variables
using its coefficient and the corresponding stath@aror.

Univariate logistic regression fits were perfornfedall variables kept after the
correlation study. (Missing data is not a largeiéssAlso, if missing values are present in
the data, Stata will take care of them and deletent) The likelihood estimation used is
an iterative process for calculating estimateqaindf3;, the unknown parameters, and
this special computational process is programmtxtive logistic regression software of
Stata. The likelihood function expresses the fdodiba of the observed data as a
function of the unknown parameters. The maximkalilhood estimators of these
parameters are chosen to be those values that maxims function. Therefore, the
resulting estimators are those that agree mostlgiegth the observed data.

Two hypotheses are of interest, the null hypothedisch is that all the coefficients in
the regression equation take the value zero, andltarnate hypothesis that the model
currently under consideration is accurate. Obsgrthie exact data we actually derive
under each of these hypotheses assesses the (itplmahikelihood. The result is nearly
always a small number, and to make it easier talleamwe take its natural logarithm (i.e.
its log base), giving us a log likelihood. Probabilities alevays less than one, so log
likelihoods are always negative.

After estimating the coefficients we assess theia@ance of the variables in the model.

The statistical hypothesis is used to determinethndrghe independent variable in the
model is significantly related to the outcome vialéa The guiding principle in testing
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for the significance of the coefficients is the saas that used in linear regression except
we compare observed values of the response vat@bpledicted values obtained from
models with and without the variable in questidmlogistic regression a comparison of
observed to predicted values is based on the ketiHbod function.

L(B) = Inl(B)] = £ i=s{ v In[rt ()] + (1- WIn[L- T (x))]}

The vector of parameterfq( 1) is an arbitrary value @. To find the value o that
maximizes LB) we differentiate LB) with respect t@, andB; and set the resulting
expressions equal to zero. For a dichotomous méocariable the value of the outcome
variable given x is y F(Xx) + €, ande assumes one of two possible values. If y = 1 then
= 1-1(x) with a probabilityr(x), and if y = 0 therg = -1(x) with probability 171Xx).
Consequentlye has a mean zero and variance equalxy[1- r(x)] and therefore it
follows a binomial distribution with probability ggn by the conditional mear(x).

This contrasts with linear regression where the@ute variable may be expressed as 'y =
E(Y|x) + €. Hereg is the error and expresses an observation’s dewiitbm the
conditional mean but in linear regression the agdiom is that follows a normal
distribution with mean zero and some variance ihabnstant across levels of the
independent variable. The conditional distributidrthe outcome variable, given x, will
be normal with mean E(X), and a variance that is constant.

In logistic regression, the comparison of obsenweegredicted values using the likelihood
function is based on the following expression:

D = -2In (likelihood of the fitted model)
(likelihood of the saturated modgl)

The quantity inside the large brackets in the esgiom is called the likelihood ratio.
Using minus twice its log is needed to obtain antjisawhose distribution is known and
can therefore be used for hypothesis testing pegposhis test is the likelihood ratio
test. The test statistic D in the equation iseththe deviance and it plays the same role
that the residual sum of squares does in lineaessgn. Using the log likelihood
function above, the expression becomes what is st@low, wherém = " (x). In
general, we use the symbolto denote the maximum likelihood estimate of the
respective quantity.

D =-20 X i yi In(rily;) + (1-y) In(L-"re/1-y:) ]
For the purposes of determining the significancaroindependent variable we compare
the value of D with and without the independentalae in the equation. The change in
D due to the inclusion of the independent variabline model is obtained as

G = D (model without the variable) — D (model witte variable)
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This statistic plays a similar role in logistic regsion as the numerator of the partial F
test in linear regression. Because the likelihobthe saturated model is common to
both values of D being differenced to compute Gait be expressed as

G= -2Ir[(|ike|ihood without the variable)
(likelihood with the variabl]a)

Under the hypothesis th@t is equal to zero, the statistic G follows a chirase
distribution with one degree of freedom in the cafsa single independent variable (and
one category of it) under the null hypothesis. §when the-value associated with this
test is less than 0.05, we reject the null hypaoshisitf3; = 0, as it is not consistent with
the data, and we conclude the independent vargaitibutes significantly in explaining
variation in the response variable. The independamable is deemed a useful fit.

Another statistical equivalency test that is somest used is the Wald test which is
obtained by comparing the maximum likelihood esteraf the slope parametd; to an
estimate of its standard error. In this case ¢iselting ratio, under the hypothesis tRat

= 0, will follow a standard normal distribution, ete z denotes a random variable
following this distribution. This test, reports stoer & Lemeshow (2000), is not usually
recommended over the likelihood ratio test. Tkelihood test is primarily used to test
the significance of predictor variables in a modehe Wald statistic plays a dominant
role when fitting a multivariable model and is fishown in section 5.3.3.

The statistical software Stata was used in thestagiegression calculations as it is
reported to be easier to work with than SPSS, aiwhd@hnick and Fidell (2001) indicate
SPSS only analyzes two-category outcomes. A Statanand is used to fit ordered
logit models of an ordinal dependent variable anitidependent variables. The ordinal
logistic regression model is an extension of bidagystic regression. An ordinal
variable is a variable that is categorical and mede Categorical variables take on a
finite number of values each denoting membershg sabclass or level. For instance,
an attitude variable in this survey has orderetatians of the concept “desirability” in a
7-point semantic differential scale ranging in dabses from 7 - “undesirable” to 1 -
“desirable”. Likewise, a belief variable variesrin 7 - “inconvenient” to 1 -
“convenient”, and other questions contain categaoiglevels of “importance” from
“very important” to “very unimportant”. The prog@mnal odds model assumes that the
model coefficients for each level or response grak or close to being equal. In Stata,
the ordinal logistic regression model is expressed

77.(X)
1-71,(x)

InWj')=ln( J:ai +(—,81X1—,52X2—...,8pxp)

Another Stata command was used to expand termainorg categorical variables into
indicator (also called dummy) variable sets by ttngenew variables, and Stata executes
the command with the expanded terms. An indicat@ummy variable is a special type
of two-valued categorical variable that containkiga O, denoting false, and 1, denoting
true. The information contained in any k-valuetkgarical variable can be equally well
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represented by k indicator variables. Insteadhefwariable recording values
representing very important, important, somewhgttartant, you can have three
indicator variables indicating the truth or falsemef “result is very important”, “result is
important”, “result is somewhat important”.

Even though Stata creates k indicator variablesxpkined above, there is a procedure
of omitting the first group or the most prevaleneas this eases in interpretation and it
is usually a good baseline. For example, in aslogregression test where the belief of
‘convenience’ has three categories after sevemyoases are collapsed into three, 1 =
very convenient, 2 = convenient, 3 = inconvenieithworresponding frequencies 626,
302, and 237 respectively, the interpretation wdaddound in making statements like
“compared with very convenient, responses of corgrand inconvenient...”.
Therefore, the prescription for categorical vagahk: 1) convert each k-valued
categorical variable to k indicator variables, B)plone of the k indicator variables;
usually the most popular category, 3) fit the mantethe remaining k —1 indicator
variables.

A Stata command yields the interpretation of patemestimates as odds ratios. That is,
the parameter estimates are exponentiated to madds ratios. Finally, another Stata
command prevents the display of an iteration log.

Model Building

At the completion of the univariate analyses, wederariables for the multivariable
analysis in the model building strategy to expli@ predictors for the response variable.
A stepwise method is used in which variables alecssd either for inclusion or
exclusion from the model in a sequential fashioseblzon statistical criteria. The
approach allows for examination of a collectionmaddels, which might not otherwise
have been examined. Following the fit of the nwaltiable model, the importance of
each variable included in the model should be Metithrough an examination of the
Wald test statistic for each variable, and a comparof each estimated coefficient with
the coefficient from the model containing only thatiable. Variables that do not
contribute to the model based on these criteriaear®ved and a new model should be
fit. The new model is compared to the old, lang@del using the likelihood ratio test.
The estimated coefficients from the full model esenpared to the remaining variables.
Our concern is about the variable whose coeffisidéiatve changed noticeably in
magnitude. This indicates that one or more oftk&uded variables were important.
This process of deleting, refitting and verifyingntinues until only the important
variables are included in the model.

One researcher, Joseph Hilbe (2009) reports thegjeacal x categorical interactions are
possible but can be very difficult to interpret esiplly when there are more than 3 levels
for each predictor. The number of interactionsagras M x N grows. It is also typical
that the cells of many discrete covariates like fagexample will have substantial
differences in values making meaningful interadiproblematic. As a result, due care
will be taken when interpreting the statisticalulés since variables are categorical.
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The process outlined above was used firstly toHes$typotheses shown in Figure 10 and
the results are illustrated in individual modelsdach hypothesis. In the final model
building stage Models 1, 2 and 3 are developedcantpbared to determine the best
fitting model for predicting online booking inteati, which is the ultimate goal of this
research study.

Final Model Building

The final model building process involves determgnwhich variables best predict
online travel booking intention. The first modeveloped, Model 1, will use the
variables from each relevant hypothesis test thiatributes directly to online travel
booking intention shown earlier in Figure 10. Téeariables come from hypotheses
Hig Haii, Hij and H«. Model 2 contains variables of product knowledgeolvement and
motivation that are not shown in Figure 10 butlkarewn to influence online booking
intention as revealed by qualitative research hraligh the literature review. The
development of Model 2 follows the same statistpralcedure outlined above, starting
with an association study followed by univariatalgsis and ending with stepwise
logistic regression multivariable model buildinglodel 3 utilizes the most statistically
significant variables from Models 1 and 2. Thesthmodels will be compared to find the
one that best explains determinants affecting thliecone variable, online travel booking
intention. Thus, a total of three final models gt using logistic regression. All three
models, exhibited in Section 5.10, use relevanabées or determinants that contribute
to online booking intention.
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